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Abstract: In this paper, the two-echelon multi-period multi-product location—-inventory problem
with partial facility closing and reopening is studied. For each product and period, plants serve
warehouses, which serve consolidation hubs, which service customers with independent, normally
distributed demands. The schedule of construction, temporary partial closing, and reopening of
modular capacities of facilities, the continuous-review inventory control policies at warehouses, the
allocation of customer demands to hubs, and the allocation of hubs to warehouses are determined.
The service levels for stockout at warehouses during lead time and the violation of warehouse and
hub capacities are explicitly considered. The proposed mixed-integer non-linear program minimizes
the weighted summation of the number of different facilities and logistical costs, so that the number of
different facilities can be controlled. Since the proposed model is np-hard, the multi-start construction
and tabu search improvement heuristic (MS-CTSIH) with two improvement strategies and the
modified MS-CTSIH incorporating both strategies are proposed. The experiment shows that the
two improvement strategies appear non-dominated, and the modified MS-CTSIH yields the best
results. The comparison of the modified MS-CTSIH and a commercial solver on a small instance
shows the efficiency and effectiveness of the modified MS-CTSIH. The sensitivity analyses of problem

parameters are performed on a large instance.

Keywords: location-inventory problem; multi-period facility location problem; multi-product;
modular capacitated facility location problem; tabu search

1. Introduction

Efficient distribution network design and logistics management strategies can help
enterprises improve their market competitiveness, save costs, conserve energy, and reduce
emissions. The main tradeoff in the design is to choose between several smaller-sized
facilities or a few larger-sized facilities to serve customer demands [1]. To serve customers
in urban areas, warehouse facilities have a considerable impact on the effectiveness of urban
freight distribution systems. Freights, which are transported by various transportation
modes and vehicles, are consolidated at warehouses on trucks, which in turn deliver
products to final customers in urban areas. The shortcomings of warehouses in single-
echelon distribution systems result from their positions typically far from final customers
and the constrained urban traffic network. Note that an echelon refers to a facility type [2].
To resolve such shortcomings of single-echelon systems, consolidation hub facilities are
added between warehouse facilities and final customers. The hubs are employed to
consolidate freight delivered from warehouses on bigger trucks and load consolidated
freight into smaller trucks for product distribution to final customers in cities [3,4]. The
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resulted two-echelon distribution system for city logistics [5] essentially yields the increase
in costs due to additional operations at hubs, which can be counterbalanced by freight
consolidation, reduction in empty truck trips, the economy of scale in transportation,
enhancement of mobility and sustainability, and improvement of urban quality of life [3-5].

This paper addresses the two-echelon multi-period multi-product location-inventory
problem in which plants are fixed but warehouses and hubs can be opened at potential sites.
As shown in Figure 1, plants ship products to warehouses, which consolidate shipments
and transport selected items to hubs, which deliver orders to individual customers. A set of
modular capacity levels can be used at each of the two echelons, and the modular capacities
can be temporarily closed and subsequently reopened over time. The permanent closing of
modular capacities is not allowed. Demands of individual customers are assumed to be
mutually statistically independent (of each other and over time) and normally distributed.
Continuous-review policies are used at warehouses and service levels can be selected
relative to stockouts during lead times and facility capacity violations. An application
of this problem is a temperature-controlled freight distribution system, where products
are classified into three product types, ambient, chilled, and frozen foods, with different
temperature requirements at warehouses, hubs, and transportation. An example is a cold
chain and non-cold chain distribution system by a logistics company.

Plants ‘Warehouses Hubs Customers
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Figure 1. Graphical illustration of the distribution network in a time period.

A mixed-integer non-linear program is formulated. A multi-start construction and
tabu search improvement heuristic (MS-CTSIH) with two improvement strategies (i.e., MS-
CTSIH (strategy 1) and MS-CTSIH (strategy 2)) and the modified MS-CTSIH are proposed.
A sensitivity analysis relates the weight of the total number of located facilities to objective
function and the number of located facilities in a comparison of MS-CTSIH (strategy 1),
MS-CTSIH (strategy 2), and the modified MS-CTSIH in order to determine the best heuristic.
The quality of the best heuristic solution and its run time are compared, respectively, with
the optimal solution prescribed by a commercial solver, GAMS/BARON, and its run time
on a small instance. The best heuristic solution on the small instance is used to portray
its feasibility and the solution characteristics. Lastly, sensitivity analyses relating certain
problem parameters such as service level and demand, standard deviation to objective
function, and number of located facilities are presented.

The remainder of this paper is organized as follows. A literature review of related
studies is provided in Section 2. The problem description, notations, and proposed math-
ematical model are presented in Section 3. Section 4 describes the proposed multi-start
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construction and tabu search improvement heuristic. The experimental design for the com-
putational analysis and the discussion of experimental results are described in Section 5.
Finally, conclusions and suggestions for future research are given in Section 6.

2. Literature Review

In the single-echelon facility location problem, the optimal number and locations of
only one facility type such as warehouse are determined, whereas in the two-echelon facility
location problem, the optimal number and locations of two facility types such as warehouse
and consolidation hub are determined. The facility capacity and its installation costs are
non-linearly related due to its economy of scale, given that the share of common resources
in the installation can help reduce the costs. As such, the capacity sizing is considered a
variable. When the available capacity sizes of a facility are a pre-defined set of discrete
values, the modular capacitated facility location problem results [6,7]. Optimal facility
locations based on current parameters such as customer demands and unit operating costs
may be suboptimal in the long term because these parameters can change over the planning
horizon. It is expected that newly located facilities can operate for a long period until
changes in parameters cause these facilities to be too costly when compared with a new set
of located facilities [8]. As such, one should incorporate the dynamism of decisions into the
modular capacitated facility location problem, yielding dynamic (or multi-period) facility
location problems [9]. Shulman [7] proposed an algorithm to determine a time schedule and
discrete capacity sizes of facilities over the planning horizon. Dias et al. [10] proposed an
efficient primal-dual heuristic for a dynamic location problem with opening, closure, and re-
opening of facilities over the planning horizon. Jena et al. [11,12] consider four adjustments
of capacities of existing facilities over the planning horizon, given seasonal/permanent
demand shifts: (i) opening or closing facilities in certain periods; (ii) increasing or de-
creasing the capacities of existing facilities; (iii) temporarily closing facilities, reopening
these at later periods; or (iv) relocating capacities among different facilities. Jena et al. [13]
extend this work by considering multiple product types, round-up capacity constraints,
and multiple modular capacity levels. Jena et al. [14] developed Lagrangian heuristics
based on sub-gradient and bundle algorithms for large-scale problems.

Furthermore, the facility location-allocation decisions and inventory control decisions
are typically considered in sequence. The inventory control decisions for a warehouse
rely on the assigned demands from allocated hubs, which in turn depend on the assigned
customer demands. Frequently, facility location-allocation decisions focus on finding the
minimal fixed costs and direct transportation costs without accounting for the effect of
customer assignment on the ordering costs and inventory holding costs at facilities. As such,
there is great potential to optimize the distribution system costs by simultaneously solving
facility location-allocation and inventory control problems. The works on the joint location—
inventory problem employ different inventory control policies, such as continuous-review
inventory control policy [15,16], periodic-review policy [17], power-of-two policy [18], and
an infinite-horizon policy [19]. In this paper, we assume a continuous-review policy for each
product, where a fixed order quantity is ordered from the plant when the inventory level
of a product at a located warehouse is less than or equal to a reorder point [15]. The work
on continuous-review location-inventory problems can be classified based on whether
and how inventory capacity is considered. The uncapacitated problem is considered in
Daskin et al. [20] and Shen et al. [21]. The capacitated problem is considered in Miranda and
Garrido [15,22]. A deterministic inventory capacity constraint to accommodate the mean
assigned demands is employed by Miranda and Garrido [22]. A more stringent capacity
constraint accounting for the impact of safety stock, demand incurred during the lead time,
and order quantity is considered in Ozsen et al. [23]. A chance constraint accounting for
the level of service associated with inventory capacity violations and stockouts during
lead times is employed in Miranda and Garrido [15] and Punyim et al. [16]. A single
prespecified capacity level at each facility is assumed in Miranda and Garrido [15,22]
and Ozsen et al. [23], whereas multiple prespecified capacity levels at each facility are
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assumed in Punyim et al. [16]. Miranda and Garido [15] and Punyim et al. [16] incorporate
vehicle capacity restrictions in determining order quantities by using a maximum order
quantity constraint.

Works on the two-echelon location-inventory problem include those by Vidyarthi
et al. [24], Park et al. [25], and Shahabi et al. [26]. Vidyarthi et al. [24] consider a multi-
product two-echelon location—inventory problem accounting for risk pooling effects by
consolidating the safety stock inventory of retailers at distribution centers. Park et al. [25]
consider a two-echelon location-inventory problem where the number and locations of
supplies and distribution centers are determined. Shahabi et al. [26] consider a single-
product single-period two-echelon location-inventory problem where the locations of
plants and warehouses are determined.

Table 1 classifies the relevant literature on the joint location—inventory problem and the
dynamic facility location problem according to six problem features: (i) single/two echelon,
(ii) single/multi-period, (iii) single/ multi-product, (iv) single/multi modular capacity level,
(v) whether capacity relocation is allowed, and (vi) whether temporary partial capacity
closing and reopening is considered. Table 1 also shows the associated mathematical
formulation types and solution methods. The models in the dynamic facility location
problem are mixed-integer programs (MIP), whereas the models in the location-inventory
problem are mostly non-linear. The employed solution methods are categorized into
two categories: (i) analytical methods such as Lagrangian relaxation (LR) and (ii) heuristics
such as tabu search and LR-based heuristic. As can be seen from Table 1, to the best of our
knowledge, there is no study on multi-period joint location-inventory problems. In recent
years, the dynamic facility location problem with temporary partial closing and reopening
has received more attention. Our work fills the research gap by tackling the two-echelon
multi-product joint dynamic location—-inventory problem with temporary partial closing
and reopening.

The tabu search algorithm has been shown to be effective and efficient for combina-
torial optimization [27]. It integrates a hill-climbing search technique based on a set of
elementary moves, and a heuristic to avoid the stops at local optima and the occurrence of
cycles. The tabu search was initially created with a constant tabu tenure by Glover [28,29].
The proper choice of tabu tenure is critical to the success of the algorithm. The tabu tenure
should be sufficiently long to prevent cycles but short enough such that the search is not
overly constrained [27]. There are works that developed tabu search algorithms to tackle the
facility location problem, such as Hoefer [30], Al-Sultan and Al-Fawzan [31], Sun [32], and
Punyim et al. [16]. Hoefer [30] and Al-Sultan and Al-Fawzan [31] studied the uncapacitated
facility location problem. Hoefer [30] compared two approximation algorithms, a local
search, a tabu search, and the volume algorithm with randomized rounding on different
benchmark instances. It was concluded that the tabu search algorithm is preferred over the
others, as it achieved best solution quality in a reasonable amount of time. Al-Sultan and
Al-Fawzan [31] showed that the tabu search can find the known optimal solutions for all
standard test instances, and it is efficient in terms of time compared to existing algorithms
in the literature. Sun [32] proposed the tabu search for the capacitated facility location
problem. He found that the tabu search outperformed the Lagrangian method and the
surrogate/Lagrangian heuristic method in terms of both solution quality and CPU time
on randomly generated instances and standard test instances from the literature. Punyim
et al. [16] developed the tabu search heuristic for the location-inventory problem with
stochastic inventory capacity with the assumptions of a single echelon, a single product,
and a single period. There are four algorithmic parameters: customer assignment rule,
facility swap type, open facility selection rule, and close facility selection rule. The best
combination of algorithmic parameters yielding the best performance was identified. It
was found that the tabu search can achieve the solution with a tighter optimality gap and
much less CPU time than a commercial solver on a small instance. Our proposed heuristic
is an extension of the tabu search by Punyim et al. [16] and the identified best combination
of algorithmic parameters were also employed in our proposed heuristic.
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Table 1. Summary of literature on joint location-inventory problem and dynamic facility location problem.

Problem Features

Research Work Echelon Period Product Capacity Relocate Temporary Partial Capacity Formulation Solution Methods
Level Capacity Closing and Reopening
Joint Location-Inventory Problem
Daskin et al. (2002) [20] Single Single Single Single N/A N/A INLP Lagrangian relaxation (LR)
Shen et al. (2003) [21] ” ” ” ” ” ” INLP, IP Column generation
Miranda and Garrido (2004, 2006) ,, ., . . . . MINLP Heuristic baged on LR and
[15,22] sub-gradient method
Teo and Shu (2004) [19] ” ” ” ” ” ” P Column generation
Ozsen et al. (2008) [23] ” ” ” " ” ” INLP LR
Correia and Captivo (2003) [6] Single Single Single Multi N/A N/A MIP LR
Zhang and Unnikrishnan (2016) [17] ” ” ” ” ” ” MICQ Outer approximation
Punyim et al. (2018) [16] ” ” ” ” ” ” MINLP Tabu search
Vidyarthi et al. (2007) [24] Two Single Multi Single N/A N/A MINLP LR
Park et al. (2010) [25] Two Single Single Single N/A N/A INLP LR
Keskin and Uster (2012) [18] ” ” ” ” ” ” MINLP Heuristic
Shahabi et al. (2014) [26] ” ” ” ” ” ” MICQ Outer approximation
Dynamic Facility Location Problem
Dias et al. (2007) [10] Single Multi Single Single No No MIP Primal-dual heuristic
Shulman (1991) [7] Single Multi Single Multi No No MIP LR
Jena et al. (2015) [11] Single Multi Single Multi Yes Yes MIP CPLEX solver
Silva et al. (2021) [1] ” ” ” ” ” ” MIP Heuristics
Jena et al. (2015) [12] Single Multi Multi Multi Yes Yes MIP CPLEX solver
Jena et al. (2016; 2017) [13,14] ” ” ” ” ” ” MIP LR-based heuristic
Joint Dynamic Location-Inventory Problem
Our work Two Multi Multi Multi No Yes MINLP Heuristic

Note: INLP = integer non-linear program; MIP = mixed-integer linear program; MINLP = mixed-integer non-linear program. MICQP = mixed-integer conic quadratic program. The
ditto mark means the same as what has been written above.
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3. Proposed Mathematical Formulation

The problem description is first given, followed by the notations and the proposed
mathematical model.

3.1. Problem Description

For each product and period, a single plant is assumed to serve a set of warehouses,
which serve a set of hubs, which in turn serve the final customers with stochastic demands.
The customer demands are normally distributed and independent. The demands are
independent across different customers and over time. Warehouses cannot directly serve
the final customers. Each customer is served by a single hub for each product and period.
Each hub is served by a single warehouse for each product and period. The problem
parameters such as customer demands vary over the planning horizon. Facility location-
allocation and modular capacity selection decisions are made for warehouses and hubs
for each product and period. We adopt the terms “open capacity”, “temporarily closed
capacity”, and “existing capacity” of a facility in this paper, according to Jena et al. [13].
The open capacity is available for use. The temporarily closed capacity is temporarily not
available for use and can be reopened later. The existing capacity is the combination of the
open and temporarily closed capacity. Over the planning horizon, the permanent closing of
capacity is not allowed in the proposed model. That is, for each product, a located facility
has an open capacity level Ip and an existing capacity level np (denoted by capacity levels
(Ip, np)) in period t—1, and capacity levels (I, n) in period t. The following constraints are
imposed: 0 < Ip < np,0 <! <mn,and 1 < np < n (ie., the existing capacity of a facility
in period t cannot be lower than that in period t — 1). Five facility location and modular
capacity adjustment costs are considered: (i) construction cost, (ii) operating fixed cost,
(iif) non-operating fixed cost, (iv) reopen cost, and (v) temporary close cost.

Inventory control decisions are made at the warehouses for each product and period.
There are no inventory control decisions for hubs, as these are deployed for freight transfer
and consolidation. The continuous-review policy is assumed at warehouses. The capacity
restrictions of vehicles in transportation from plants to warehouses can be adopted as
maximum order quantity constraints at warehouses [15]. The user-specified lower limit of
the implied maximum order quantity and the user-specified upper limit of reorder points
from Punyim et al. [16] are employed. The level of service associated with the unfulfilled
demands during the lead time for warehouses and the level of service associated with
the capacity violation at the peak demands for warehouses and hubs are considered. The
overall open capacity constraints for combined products at warehouses and hubs for each
period are modeled.

3.2. Notations

The notations for deterministic parameters and decision variables are given.

3.2.1. Deterministic Parameters

F! = Set of candidate warehouses.

F? = Set of candidate hubs.

F = Set of candidate facilities F1U F2.

CL = Set of modular capacity levels = {0, 1, ..., NCL}.

G = Set of products.

C = Set of customers.

T = Set of time periods.

Nt = Number of days in period ¢.

W = Weight of total number of different located facilities over the planning horizon.
« = Probability of unfulfilled demand during the lead time at warehouses.

B = Maximum probability of inventory capacity violation at warehouses.

¥ = Maximum probability of violation of daily throughput capacity at hubs.
Z1—qa= The lower 100(1 — «) percentage points of standard normal distribution.
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djj = Roadway distance between nodes i and j.

rUL = A fraction of inventory capacity as a practical upper limit of reorder point at warehouses.
rLL = A fraction of maximum order quantity as a lower limit of the implied maximum
order quantity.

For each facility i and period ¢:
AllCap;; = Overall open capacity for combined products at facility i € F in period t.

For each product g:
lip and nj; = Initial open capacity level and initial existing capacity level at facility i.
RCyg = Unit transportation cost between plant and warehouse w (USD/product unit/day).
TCl-g = Unit transportation cost for vehicles based at facility i € F (USD/distance unit/
product unit).
OCyy = Fixed ordering cost at warehouse w (USD/order).
HCyg = Unit holding cost at warehouse w (USD/product unit/day).
LTye = Lead time that the plant takes to fulfill an order from warehouse w (day).

For each customer ¢, product g, and period t:
Hegt and U'ZCgt = Mean and variance of stochastic daily demand of customer ¢ (independent
and normally distributed across products, customers, and periods) (product unit/day and
(product unit/day)?).

For each facility i, modular capacity level [, and product g:
Cap;j, = Facility capacity (inventory capacity for warehouse and daily throughput capacity
for hub) for | open capacity levels (product unit).
Quig"™ = Maximum order quantity which can be set as the vehicle capacity from the plant
to warehouse w with [ open capacity levels (product unit).
CONjjq = Cost for constructing ! capacity levels (USD).
OF;j, = Operating fixed cost with ] open capacity levels during a period (USD).
NF;;, = Non-operating fixed cost to maintain / temporarily closed capacity levels during a
period (USD).
Reopen;;y = Cost to reopen [ capacity levels (USD).
Close;j, = Cost to temporarily close [ capacity levels (USD).

For each facility I, product g, and period :
ﬁp,l/np,nigt = Capacity adjustment cost (USD) to change from open and existing capacity
levels (Ip, np) in period t — 1 to (I, n) in period t, calculated from Equation (1) [13]:

igt
flp,l,np,nlg = CONi,ncon,g + OFi,nof,g + NPi,nnf,g + Reopeni,nreo,g + Closei,nclo,g (1)

where:

ncon = n — np Capacity levels to be constructed in period t.

nof =1 Open capacity levels to be operated in period t.

nnf = n — [ Temporarily closed capacity levels to be maintained in period t.

nreo = max{0, (I — Ip)-(n — np)} Capacity levels to be reopened in period ¢.

nclo = max{0, (Ip — I) + n — np} Capacity levels to be closed temporarily in period t.

For example, for located facility i serving product ¢ with open and existing capacity
levels (0,2) in period t — 1 and the capacity levels (1,4) in period ¢, the associated capacity
adjustment cost is fo 1 4’8 with ncon= 2, nreo = 0, and nclo = 1. Table 2 illustrates additional
examples of ncon, nreo, and nclo for determining the capacity adjustment cost.

3.2.2. Decision Variables

The decision variables are described as follows.

yy; = 1If facility i € F is established over the planning horizon; and 0 otherwise.
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y; pg ltn pn = 1 If facility I € F changes its capacity levels (Ip, np) in period t — 1 to (I, n) in
period ¢ for product g; and 0 otherwise Vip < np, | <n, np < n.

cgt
X wln), (1)
levels (1, 1), which is served by warehouse w with capacity levels (I, n); and 0 otherwise.
RPygt; SSwgt; Qugt = Reorder point; safety stock; order quantity for product g at warehouse
w in period t (product unit).
EDj¢t and VD;e; = Mean and variance of D;g, daily product-g demand served by facility

= 11If product-g period-t demand of customer c is served by hub / with capacity

i € F in period t (product unit/day and (product unit/ day)z).
AllCap; ; = Overall open capacity of combined products at facility i € F in period t (product unit).

Table 2. Capacity adjustment cost for facility i serving product g in period t.

Period t — 1

Period t ncon nof nnf nreo nclo

Open and Existing Modular

Open and Existing Modular =max{0, (! —Ip) max{0,(p —1)

Capacity Levels (Ip, np) Capacity Levels (I, n) ey = =n =1 — (n — np)} +n — np}
0, 2) 1,2 0 1 1 1 0
0,2) 1,3) 1 1 2 0 0
©,2) (1,4) 2 1 3 0 1
3.3. Mathematical Model
We propose a mixed-integer non-linear formulation. Objective (2) minimizes z, the
weighted summation of the number of different located facility locations over the planning
horizon and the total estimated cost (EC). EC is composed of the first-echelon cost in (3) and
the second-echelon cost in (4). The first term in (3) is the warehouse capacity adjustment
cost; the second term is the ordering and holding costs for continuous-review policies at
warehouses; and the third term is the direct transportation costs from plants to warehouses
and between warehouses and hubs. The first term in (4) is the hub capacity adjustment
cost, and the second term is the direct transport cost between hubs and customers.
2
minz:ZZ”—z WZyyl—i—ZZE (2)
v=1 v=1 i€Fv teT geG
ror LY
t R npeCLnSn p=o1=o’ PAmpn Yipinp
OCW w
+N¢ ): ( g EDwgt + chg( ngt + Zl—aLng\/ VDwgt) 3)
EF
N%L n NCL 7
N L L X L Y L L (RCug + TChg20bue ) piege-x™,
weF! n=11=1hcF2 =1 [=1 ceC (w,l,n), (b1 i)
5 NCL mp n - NCL n NCL #
ECt_ Z Z Z Z Zfl;,?,l/np,n yllp,lnp, +Ni Z Z Z Z Z ZZ TCWX ZdWh ]icgt x(uln)( In) (4)
ieF2 npeCL n=nllp=01=0 weFl n=11=1heF2 =1 j—1ceC

Constraint (5) guarantees the product demand of each customer in each period is
served by a hub, which is served by a warehouse. Different hubs can serve a customer, and

different warehouses can serve a hub for different products. Constraint (6) relates capacity
igt—1

adjustment variables in periods t — 2 and t — 1 (i.e., y; o npn

) to those in periods t — 1 and

t(ie., yl ; p - p) at warehouses and hubs. From Constraint (6), for product g, period t — 1,
and facility 7 with its open and existing capacity levels ] and 7, the existing capacity level
of facility i in period t cannot be lower than that in period t — 1, and the existing capacity
of facility i in period t — 1 cannot be lower than that in period ¢t — 2. That is, a modular
capacity level cannot be permanently closed. Constraint (6) also enforces that for each
period ¢ and product g, facility i can have its open capacity level | ranging from 0 to its
existing capacity level n. Then, the number of temporarily closed capacity levels at facility i
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for product g and period t is n-I. Constraint (7) initializes the open and existing capacity
levels in period 0. Note that the initial (i.e., period 0) open and existing capacity levels for
facility i and product g are lig and Nig. For each product, period, and facility, Constraint (8)
ensures that at most one capacity adjustment variable is selected. Constraints (9) and (10)
are the relationships between demand allocation variables and facility capacity adjustment
variables in each period.

NCL n NCL n cqt
Z Z Zx o =1Vc, gt 5)
wer il e i1 i (wln),(hln)
o NCL 1P
Z Z Yiphnpn = Z Z Yilpmnp Vie FneCLl=0,....m8€Gt=2,...,|T| (6)
np=01p=0 np=nlp=0
NCL n il
L L Vi =1 Vi€ FR€C @)
n— Ol Igl lg/
NCL NCL np n iot
Z Z Z Zyli,l,np,n <1VieF, g’ (8)
np=0n=np [p=0I=
ot NCL gt NCL 1P ) o
x <Y X Yl X i S 2 XY
np, 1
(w,ln), (b1 1p=01p—0 piAmnp (w,,n),(hln) np=01p—0 plnpn

Vwe Fbhe FrceCgeGteTneCLacCLI=0,...,m;[=0,...,n  (9)

A ho NCL #
X; wln nin andylplnpn <Y ) Z Z l o, )Vw,h,g,t,lp,np,l,n (10)
0 j=0

ceCweFl n=

ﬁ)mm

Vi < Xé Z
€2

For each product and period, Constraints (11) and (12) are stochastic capacity chance
constraints at warehouses and hubs, respectively. Constraint (11) is based on Miranda
and Garrido [15]. Figure 2 illustrates the continuous-review inventory control policy for
commodity g at warehouse w with | open capacity levels in period . When the inventory
level I g falls below the reorder point RPyygt, an order quantity Qqygr is triggered, which
will be received after the lead time LTys. When an order is submitted to the warehouse,
the inventory level should cover the stochastic demand during the lead time (Dzygt LTwyg)
with probability 1 — a: Prob(Duygt LTyg < RPygt) =1 — a. Standardizing Dyt LTy in
this inequality yields Constraint (18), which determines reorder points and safety stocks.
The stochastic inventory capacity chance constraints ensure that the peak inventory level
(RPygt — Dapgt LTwg + Quygt) at the order arrival is within the inventory capacity Capwlg at
the warehouse with probability 1 — B: Prob(RPugt — Dugt LTwg + Qugt < Capyg) > 1 —
pB. Substituting (18) and standardizing Dyt LTy in this inequality yields Constraint (11).
We propose Constraint (12), which is the chance constraint ensuring that the served daily
demand is within the daily throughput capacity at hubs with probability 1 —

NCL NCL np n

Prob(Dye < Y Y Y ) Cap,, <Y pgl np 1)=> 1 — . Standardizing Dy, in this inequality yields :
np=0n=np [p=01=0

NCL NCL np n
Y L X anphzg Vzplnp, — EDjgt

np 0n=nplp=01=
/V Dt

Prob(Z < )>1—1.

NCL NCL np n

h,gt
Y X X Z C“th Y — EDygt
np=0n=np [p=01I= & Jlplnpn §

\/VDjgt

That is,

> z1_,, and this leads to Constraint (12).
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I Dwgl Lng
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LT wg

r—d
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Figure 2. Continuous-review inventory control policy for product g at warehouse w with I open

capacity levels in period t.

For each product, period, and facility, Constraints (13) and (14) determine the means
and variances, respectively, of served daily demands. Constraint (15) is the maximum order
quantity constraint at warehouses. In Constraint (16), the left-hand side is the implied
maximum order quantities from Constraint (11). From the computational experience in
the single-echelon single-period single-product location—-inventory problem by Punyim
et al. [16], the implied max order quantity can be a small and impractical value, so the user-
specified lower limits of the implied max order quantities are proposed. Constraint (17)
enforces reorder point upper limits at warehouses. Constraint (19) enforces the overall open
facility capacity for combined products. Constraints (20) and (21) are bound constraints.
Constraint (22) together with Objective (2) determines yy;.

NCL NCL np n

0t
Qugt + (z1—a + Zl—ﬁ)LTwé’ \/ VDugt < Z Z Z Z Capw,lg y;‘;glnpn Vuw, g, t

fl
2 . cgt
D L Tt () 1)

NCL NCL np n

Z Z chapwl,gylplnpni

np=0n=np [p=01=0

np=0n=np p=01=0

NCL NCL np n

EDjgt + 21—/ VDot < Z Z Z anphlgylp,lnp, Vh, gt

np=0n=np lp=01=0

NCL n NCL 7

)—EDwgtand Z Z Z Z ZZngtxwl (i )—EDhgti,h,g,t

weF! n=11=1 =1 j—1 ceC

NCL n NCL n

in) = = VDygt and Z Z Z Z Z Z hid) = VDhgt‘v’w,h,g,t

weF! n=11=1 =1 j—1ceC

NCL NCL np n

OSngtS Z Z Z Z r?le?:gy?;ﬁ;pnvw'g't

np=0n=np |p=01=0

NCL NCL np n

(Z1-o+ 21 p)LTug\[VDug > rLL Y, Y. Y Y QBPyid Ve, gt

np=0n=np [p=01=0

(11)

(12)

(13)

(14)

(15)

(16)
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NCL NCL np n ot
RPygt <tUL'Y, Y. Y. Y Capy oy pﬁ;n o V0, 8t (17)
np=0n=np [p=01=0
Rpwgt: EDwgt'Lng + stgt and stgt: ZlfaLng\ / VDwgt Yw, g,t (18)

i,8,t
ylp,l,np,n

NCL NCL np n

TotCapy, = Y. 3. Y. Y. Y Capigy)sy,, < AllCap;, Vi € F,t (19)
geGnp=0n=nplp=01=0

t oA e i,9,t .
in L) € {0,1} Yw, h,1,n,1,1,j,¢,t and yﬁ}flw € {0,1} Vi € F,Ip,np,1,n,g,t (20)

EDjgt >0, VDjo; > 0Vi € F' UF?,g,tand yy; € {0,1} Vnp,n,lp,1,8,t (21)

<yy;VieF,ge€G,teT,npeCLneCL\{0},lp=0,...,np;1=0,...,n (22)

Since (3), (11), (12), (16) and (18) are non-linear, the formulation is a mixed-integer
non-linear program (MINLP). Note that Constraints (11), (15) and (18) are adapted from
Miranda and Garrido [15]. Constraints (16) and (17) are based on Punyim et al. [16].
The costs of partially closing and reopening modular capacity levels in Constraints (3)
and (4) and facility capacity adjustment Constraints (6)—(8) are based on Jena et al. [13].
Our contributions in the formulation include the extension of the single-echelon single-
period single-product location-inventory formulation with the single-level objective by
Miranda and Garrido [15] and Punyim et al. [16] to the two-echelon multi-period multi-
product location-inventory formulation and the incorporation of dynamic facility capacity
adjustment variables allowing partial facility closing and reopening based on Jena et al. [13].
We propose the coupling constraints on the overall open capacity of combined products in
Constraint (19). We propose the stochastic daily throughput capacity chance constraints
at hubs in Constraint (12). We also propose the first term in Objective (2) and Constraint
(22) to account for the number of different facilities over the planning horizon in which the
formulation by Jena et al. [13] does not capture.

4. Proposed Multi-Start Construction and Tabu Search Improvement Heuristic

Since the proposed MINLP is np-hard, we propose a multi-start construction and
tabu search improvement heuristic (MS-CTSIH) to solve the problem. The proposed
heuristic is composed of two stages: construction and improvement. The construction stage
generates a feasible solution from the bottom up, i.e., a feasible second-echelon solution is
constructed and becomes input to the construction of a feasible first-echelon solution. The
construction stage relies on the order of candidate facilities stored in facility_sequence(v,g,t).
For the initial multi-start iteration (i.e., multi-start iteration 0), facility_sequence(v,g,t) is
in descending order of the maximum capacity, so that the larger facilities are located to
serve demand nodes. For the remaining multi-start iterations, facility_sequence(v,g,t) are
randomly ordered. Based on the selected improvement strategy s with nested tabu search
procedure calls as shown in Table 3 and discussed in Section 4.2, the improvement stage
iteratively searches for an improved feasible second-echelon solution, then iteratively
searches for an improved feasible first-echelon solution. The improvement stage is repeated
until no improved solution is found (Algorithm 1).

Algorithm 1: MS-CTSIH(strategy s)

foriter=0,1,..., MS_iterations
generate facility_sequence(v,g,t) for all echelon v, product g, and period ¢
call Construct_Solution(echelon 2) and then call Construct_Solution(echelon 1)

do

call Improve_Solution(echelon 2, strategy s) and then call Improve_Solution(echelon 1, strategy s)

while (an improved solution is found)
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Table 3. Nested tabu search procedures after performing a feasible move for improvement strategies.

Tabu Search Procedure

Improvement Strategy

1 2

Swap_Demand_Node(v,g,t,5) None Insert_Demand_Node(v,g,t,5)

Replace_Facility(v,g,s)

Insert_Demand_Node(v,g,t,5) for t = t_enter, ...,

None | T | Swap_Demand_Node(v,g,t,5) for t =t_enter, ..., | T|

Replace_Facility(v,s)

Insert_Demand_Node(v,g,t,5) for g€G, t = t_enter, ...,

None | TISwap_Demand_Node(v,g,t,5) for geG, t = t_enter, ..., | T|

Add_Facility(v,g,s)

Insert_Demand_Node(v,g,t,s) for t = t_enter, ...,
None | T1Swap_Demand_Node(v,g,t,5) for t =t_enter, ...,
| T | Replace_Facility(v,g)

Add_Facility(v,s)

Insert_Demand_Node(v,g,t,5) for g€G, t = t_enter, ...,
None | T1Swap_Demand_Node(v,g,t,5) for geG, t =t_enter, ...,
I T | Replace_Facility(v,s) for geG

Note: t_enter = the first period in the current solution affected by implementing a facility move.

The proposed tabu search improvement algorithms are the extensions of the algorithm
by Punyim et al. [16], which is based on Nagy and Salhi [33], Tuzun and Burke [34], and
Crainic et al. [2]. Our algorithmic contribution is on the extension to incorporate the two-
echelon, multi-period, and multi-product aspects and allow temporary partial closing and
reopening of modular capacities of warehouses and hubs.

A destroy and repair approach is proposed in the improvement stage to ensure the
feasibility over the planning horizon. It destroys the affected part in the current solution
after a move changing a facility location and reconstructs the current feasible solution. For
example, for a hub addition move that locates an additional hub in period 2 for product g1,
the affected part in the current solution includes the set of hub locations serving product g1,
the associated open and existing capacity levels, and the allocated product gl customers in
period 2 onwards. The affected part also includes the set of hubs allocated to warehouses
for product gl in period 2 onwards. The proposed procedure will destroy these affected
parts in the current solution and reconstruct the feasible current solution by calling the
relevant construction procedure that relies on facility_sequence(v,g,t) in the current multi-
start iteration.

As discussed in Section 5.2.1, since MS-CTSIH (strategy 1) and MS-CTSIH (strategy
2) appear non-dominated on our problem instances, MS-CTSIH is modified such that
both strategies are incorporated to yield a best result. The initial solution obtained from
the construction stage is used in the improvement stage with both strategies. The best
solution found from the two strategies is reported. The modified MS-CTSIH is shown
below (Algorithm 2).

Algorithm 2: Modified MS-CTSIH

foriter=0,1, ..., MS_iterations

do

do

generate facility_sequence(v,g,t) for all echelon v, product g, and period ¢
call Construct_Solution(echelon 2) and then call Construct_Solution(echelon 1)
set initial_solution = current_solution

call Improve_Solution(echelon 2, strategy 2) and then call Improve_Solution(echelon 1, strategy 2)

while (an improved solution is found)
set current_solution = initial_solution

‘ call Improve_Solution(echelon 2, , strategy 1) and then call Improve_Solution(echelon 1, strategy 1)
while (an improved solution is found)
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The additional notations are first defined, followed by the common procedures and
descriptions of the construction stage and improvement stage.

Additional Variables for the Current Solution

LFg° = The set of located facilities for echelon v, product g, and period ¢ (facilities are
warehouses if v = 1 and hubs if v = 2); UF;” = F’\LF°.

N,'gt“llocmd = The set of demand nodes serviced by facility i € F for product g and period
t, i.e., customers serviced by hub & in the second-echelon problem, and hubs serviced by
warehouse w in the first-echelon problem.

L_F,° = The set of located facilities for echelon v and product g; U_F¢” = FU\L_Fg”.

L__FY = The set of located facilities for echelon v; U__F? = FP\L__F".

ocligs and eclig; = Open and existing modular capacity levels for facility i € F, product g, and
period t.

EnterP;, = The earliest period that facility i €F is constructed to serve product g, e.g., hub
is located from periods 3 to 10 to serve product g1; then EnterPpy g1 = 3.

Enter_P; = The earliest period that facility i € F is constructed to serve any product.

z = The objective value of the current solution.

z*= The objective value of the best solution found so far.

z'* = The objective value corresponding to the best move.

Algorithmic Variables

tabu; = The last iteration number that a move of node i (demand or facility location)
is prohibited.

tenure = Number of iterations that a move is prohibited.

freqi; = The frequency that facility i € F enters L_F¢” (i.e., unlocated facility i becomes a
located facility serving product g) in the current solution.

freq; = The frequency that facility i enters L__F? in the current solution.

Algorithmic Parameters

max_ity = Maximum number of non-improvement iterations.

div_ity = Number of non-improvement iterations to activate the diversification procedure
in the facility replacement phase (note that div_it, < max_it,).

MS_iterations = Number of multi-start iterations.

4.1. Stage I: Construction

The construction stage constructs an initial feasible solution for echelon v by calling
Construct_Solution(v). The initial second-echelon solution (v = 2) is determined first, and
the located hubs become the demand nodes for warehouses in the first-echelon problem.
Construct_Solution(v) iteratively builds a feasible solution for product g and period t by calling
Build_Feasible_Solution(v,g,t) for each product ¢ and period t. The open and existing capacity
levels of located facilities in period f — 1 can be adjusted in period t with associated capacity
adjustment costs ﬁp,llnp,nig !. The objective function z¥ for echelon v is determined (see Equation
(2)). The best solution found in echelon v is set to this current solution. After the initial solution
is constructed, the frequency counters (freq;; and freq;) are initialized for tabu search in Stage
II to keep track of how often each facility enters the current solution (i.e., how often facility i
serving product g is removed from U_F,” and inserted into L_F;” and how often facility i is
removed from U__F” and inserted into L__F”). Then, freq;, and freq; are used in the diversification
procedures to diversify the current solution in the facility replacement phase (Algorithm 3).

Algorithm 3: Construct_Solution(v)
foreachte T
foreachg € G
Build_Feasible_Solution(v,g,t)
Determine z* from Equation (2).
Set freqis=1Vi e L_Fg, g € G and set freqi;=0 Vi e U_Fg, g € G.
Set freqi=1Vi e L__Frand set freqi=0 Vi e U__F~.
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Construct_Solution(v) calls the procedure Build_Feasible_Solution(v,g,t), which in
turn calls Allocate_Demand_Nodes(v,g,t) and Determine_Inventory_Policies(g,t). These
are briefly described in the following sections.

4.1.1. Procedure Build_Feasible_Solution(v,g,t)

The procedure Build_Feasible_Solution(v,g,t) takes the set of located facilities in the
previous period LFg;—1°, their open and existing capacity levels, and facility_sequence(v,g,t)
as input. The procedure sequentially selects a facility i from facility_sequence(v,g,t) where
the facilities in LFg;1“ are considered first and the other unlocated facilities are considered
according to their orders in the sequence. The selected facility 7 is located by inserting
i into LFg;” with its greatest feasible open capacity oclj;; with respect to Constraint (19)
(i.e., constraint of overall open capacity of combined products). The existing capacity level
ecligr is max{ocligy, ecl; ¢ y 1}, which implies that the existing modular capacity level cannot be
permanently closed (i.e., ecll-gt > ecll-,g,t_l). The number of temporarily closed capacity levels
is ecljg — oclig, and the number of new modular capacity levels to be constructed is ecl;g
— ecljg1—1. The feasibility of LFg ;" is checked by calling Allocate_Demand_Node(v,g,1).
These steps are iterated until all demand nodes are served (Algorithm 4).

Algorithm 4: Build_Feasible_Solution(v,g,t)

Set UF;m = facility_sequence(v,g,t)\ LFg1?

Set temp_fac_list = LFg1?

Do

Step 1: if temp_fac_list= <

Step 2: if UFgr # &

forcl=NCLto1

for ie temp_fac_list
if LFgr U {i} and ocligt = cl satisfy constraints (19)
Remove i from temp_fac_list and insert i into LFj.
Set ocligt = cl and ecligt = max{ocligt, eclig-1}.
Go to Step 3.

forcl=NCLto1

forie UFg»
if LFg U {i} and ocligt = cl satisfy constraints (19)
Remove i from UF,~ and insert i into LFg®.
Set ocligt = cl and ecligt = max{oclist, eclig-1}.
Go to Step 3.

Step 3: Call Allocate_Demand_Nodes(v,g,t) to obtain Niglectted Vi € LFg,.
while (there is an unserved demand node for product g, period ¢, and echelon v)
If v =1, then call Determine_Inventory_Policies(g,t).

Insert I into LFg, set ocligt = 0 and ecligt = ecligi-1 for i € LFg-1°\ LFgs.

After all demand nodes are served, if the first echelon (v = 1) is under considera-
tion, and the inventory control policies for warehouses are determined by calling Deter-
mine_Inventory_Policies(g,t). Note that in the second-echelon solution (v = 2), there is not
any inventory in consolidation hubs. At the end of Build_Feasible_Solution(v,g,t), there
are three tasks. First, the remaining located facility i in period t—1, if any, is updated
as a temporarily closed facility, i.e., oclig; = 0 and ecljo4= ecl; ¢+ 1. Second, any redundant
open capacity levels and redundant existing capacity levels in the current solution are
eliminated. However, the existing capacity level of a located facility in period t cannot be
lower than that in period t — 1 (see Equation (6)). Third, the estimated cost ECy;” is deter-
mined from Equations (3) and (4). Note that the procedure Build_Feasible_Solution(v,g,t) is
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employed in the construction stage and also in the improvement stage for reconstructing a
feasible solution.

4.1.2. Procedure Allocate_Demand_Nodes(v,g,t)

Given LF. g,t”, the demand nodes are sequentially allocated to these facilities with the
least transportation cost while maintaining feasibility (Constraints (12)-(14), (16) and (17))
to determine Nigt””"mte‘i Vi € LFg+”. The demand nodes are allocated in descending order of
the demand size. For the first echelon (v = 1), the transportation cost for warehouse w to
serve hub 1 is (RCuygt + TCugt-2-dyp)-EDjgt. For the second echelon (v = 2), the transportation
cost for hub & to serve customer c is TCpgs-2-dpc-pegr. After the procedure is completed,
if there is any unserved demand node, the procedure returns infeasibility. To satisfy
Constraints (9) and (10), if there is a located facility i that does not serve any demand node
(Nigt“lloc"ted = ), its open capacity is set to zero (oclig; = 0) (Algorithm 5).

Algorithm 5: Allocate_Demand_Node(v,g,t)

Sort the demand nodes (i.e., located hubs / if v = 1; customers c if v = 2) in descending order of mean demands (i.e.,
EDngtif v=1; pegt if v=2).
for each demand node j (i.e., located hub # if v = 1; customer c if v = 2) in the sorted list
min_tc =inf.
for each located facility i in LFg (i.e., located warehouse w if v = 1; located hub & if v = 2)
if the allocation of j to facility i is feasible with respect to Constraints (12)—(14), (16) and (17),
determine the associated transportation cost tc
(i-e., tc = (RCugt +TCuwgt -2-dwh)-EDngt if v =1; TChgt -2-dne- phegt if v = 2).
if tc<min_tc,
l set min_tc=tcand i* =i (i.e, w*=wifv=1,*=hif v=2).
remove demand node j from the sorted list.
insert j into Nixglected (j.e., insert hub h into Nwgellectted if = 1; and insert customer ¢ into Nigallocated jf p = 2).
if the sorted list is not empty (i.e., there is an unserved demand node),
| return 0 (i.e., there exists the infeasibility in the demand node allocation).
for each located facility 7 in LFgr
if Nigpllocated = (5,

set ocligt = 0.
return 1
4.1.3. Procedure Determine_Inventory_Policies(g,t)
For the first echelon (v = 1), given known EDqygt and VDyygt, the optimal order quantity
Qugt can be approximated by Karush-Kuhn-Tucker conditions [35] as shown in Equation
(23), guaranteeing the feasibility of Constraints (11) and (15).
Qugt = min{(20Cyq-EDygt/HCy 8)1/2, Qg}g, Cap,, - (z1-a + 21-p)-LTug- (VDwgt>1/2} (23)

The reorder points Rngt and safety stocks SSwgt are determined from Constraint (18)
(Algorithm 6).

Algorithm 6: Determine_Inventory_Policies(g,t)

for each w € LFg#
ngt = min{(ZOng 'EDwgt/Hng)l/z, Q;,nlagx, Cﬂpwlg —(Zlfa + Zlfﬂ) 'Lng '(VDwgf)l/z}

SSwgt =Zl-a Lng N VDWgt

Rpwgt = EDwgt Lng + SSwgt




Sustainability 2022, 14, 10569

16 of 32

4.2. Stage II: Improvement

The improvement stage improves the current solution for echelon v based on the
improvement strategy s by calling Improve_Solution(v,s). Improvement strategy 2 involves
different nested tabu search procedure calls after performing a feasible move as shown
in Table 3, whereas improvement strategy 1 does not call any nested tabu search proce-
dure. The improvement stage calls Improve_Solution(echelon 2, s) to improve the second-
echelon solution, which becomes input to Improve_Solution(echelon 1, s) to improve
the first-echelon solution. The procedure Improve_Solution(v,s) improves the echelon-v
solution by iteratively calling six tabu search procedures based on improvement strat-
egy s: Insert_Demand_Node(v,g,t,5), Swap_Demand_Node(v,g,t,5), Replace_Facility(v,g,s),
Replace_Facility(v,s), Add_Facility(v,g,s), and Add_Facility(v,s) (Algorithm 7).

Algorithm 7: Improve_Solution(v,s)

foreachg e G
foreachte T

call Insert_Demand_Node(v,g,t,5).
call Swap_Demand_Node(v,g,1,5).
Call Replace_Facility(v,g,s) for each g € G.

Call Replace_Facility(v,s).

Call Add_Facility(v,g,s) for each g € G.

Call Add_Facility(v,s).

4.2.1. Procedures Insert_Demand_Node(v,g,t,5) and Swap_Demand_Node(v,g,t,5)

Insert_Demand_Node(v,g,t,s) tries re-allocating a demand node of product g in period ¢
currently served by a located facility to be served by another. Swap_Demand_Node(v,g,t,5)
tries swapping two demand nodes of product g in period t that are currently served
by two distinct located facilities. From Table 3, for both strategies, there is no nested
procedure call after implementing a feasible move in Insert_Demand_Node(v,g,t,5). After
implementing a demand node swap move in Swap_Demand_Node(v,g,t,5), according to
improvement strategy 2, the nested procedure Insert_Demand_Node(v,g,t,5) is called in
order to thoroughly search the feasible region. The procedures Insert_Demand_Node(v,g,t,5)
and Swap_Demand_Node(v,g,t,5) have common steps, as shown below (Algorithm 8).

Algorithm 8: Insert_Demand_Node(v,g,t,5) / Procedure Swap_Demand_Node(v,g,t,s)

initialize iteration counters and the tabu list: it1 = 0; it2 = 0; tabui =0 for each demand node i.

do

while (if2 < max_if2)

set it = it1 + 1 and move = 1.
find the best feasible demand node move with its best objective z'*
if there exists the best feasible move (i.e., insert j*/ swap j* and ;')
if tabu move criteria are satisfied (i.e., it1 < tabuj+/it1 < tabuj* or it1 < tabuj~)
if z"* < z* (an aspiration criterion is satisfied), set it2= 0.
else set if2=it2+1 and move = 0. (i.e., tabu move).
else (non-tabu move)
if z¥ <z setit2=0.
else set if2=if2+1.
if move=1
perform the best feasible demand node move on the current solution and update z.
update the tabu list (i.e., set tabuj = it + tenure/set tabuj = tabuj~ = it1 + tenure)
where_tenure = |Cl if v=2 and tenure = | LFs2| if v=1.
if z < z*, set z* = z, best_solution = current_solution.
call the nested tabu search procedures according to improvement strategy s (see Table 3).
else (no feasible demand node move) set it2= max_it2.

set z = z* and current_solution = best_solution.
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The sub-procedures to find the best feasible demand node move in Insert_Demand_
Node (v,4,t,5) and Swap_Demand_Node(v,g,t,s) are find_best_demand_node_insertion_
move(v,g,t) and find_best_demand_node_swap_move(v,g,t), which are described in the
next sub-sections.

Sub-Procedure find_best_demand_node_insertion_move(v,g,t)

The sub-procedure iteratively determines the best feasible insertion move, which
is to remove demand node j* from Ni*,g,t””“md and insert j* into Ni/*,g,t””"c”t“d with the
feasibility of Constraints (16) and (17) for echelon v = 1 and the feasibility of Con-
straints (12), (16) and (17) for v = 2. The other constraints are not affected by this move
(Algorithm 9).

Algorithm 9: Sub-procedure find_best_demand_node_insertion_move(v,g,t)

Set z™* = inf.
for each i € LFg®

for each j € Nigellocated
for each neighbor located facility i" € LFg\ {i}
if the insertion of j into Nigeloated is feasible

calculate z' associated with this insertion move.
e et et e .
ifz' <z setz*=2,1"=1,i""=1and j*=].

Sub-Procedure find_best_demand_node_swap_move(v,g,t)

The sub-procedure iteratively determines the best feasible swap move, which removes
j* from Ny o /Hloctted and j** from Ny« o /1", and inserts j* into Ny g /1" and j"* into
Ni*/g,t“”oc‘”ed while maintaining the feasibility of Constraints (16) and (17) for v = 1 and the
feasibility of Constraints (12), (16) and (17) for v = 2. The other constraints are not impacted
by this move (Algorithm 10).

Algorithm 10: Sub-procedure find_best_demand_node_swap_move(v,g,t)

Set z'* =inf.
For each i € LFg®

for each j € Nigullocated
for each i’ € LFg\ {i}
for each j' € Nigpllocated
if the swap move between j and ;' is feasible

calculate z’ associated with this swap move.
If 2/ <z™, setz™ =2, i*=1i" =1, j*=j, j*=].

4.2.2. Procedures Replace_Facility(v,g,5) and Add_Facility(v,g,s)

Replace_Facility(v,g,s) tries replacing each currently located facility i € L_F,” enter-
ing in period t_enter = EnterP;; and serving product ¢ by each unlocated facility i" €
U_F;°. The affected parts of the current solution from period t_enter to IT| for prod-
uct g are destroyed and repaired by calling Build_Feasible_Solution(v,g,t) such that i €
UFg", j € LFg®, and EnterPy o = t_enter. The procedure Replace_Faciltiy(v,g,s) calls the
nested tabu search procedures according to improvement strategy s (see Table 3) after
implementing a feasible move. Furthermore, the diversification procedure is employed
in Replace_Facility(v,g,5) to escape from the local optimum by diversifying the current
solution. If the diversification activation criterion (i.e., if, - div_it2) is satisfied, the diversifi-
cation procedure tries replacing half of the located facilities i€ L_F¢” with greater freq;; with
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unlocated facilities j € U_F,” with lower freqj,. The affected parts in the current solution
are destroyed from the first affected period to | T | and repaired by calling Build_Feasible_
Solution(v,g,t).

Add_Facility(v,g,s) tries adding each unlocated facility i € U_F," to serve product g
by entering it at each existing entering period t_enter €{EnterPj, Vj € L_F¢"}. The destroy
and repair approach similar to that in Replace_Facility(v,g,s) is employed. The procedure
Add_Faciltiy(v,g,s) calls the nested tabu search procedures according to the improvement
strategy s as shown in Table 3. Replace_Faciltiy(v,g,5) and Add_Facility(v,g,s) share common
steps, as shown below (Algorithm 11).

Algorithm 11: Replace_Facility(v,g,s) /Procedure Add_Facility(v,g,s)

initialize iteration counters, tabu lists and frequency variables:
set itl =0; it2 =0; tabui=0 and  fregiz;=0forI € F, g € G.
do
set it1 =it1 + 1 and move = 1.
find the best feasible facility move with its best objective z™.
if there exists the best feasible facility move (i.e., replace facility i* by i"*/add facility i*)
if tabu move criteria are satisfied (i.e., if1 < tabu# or it1 < tabui+/it1 < tabuiv)
if z* <z* (an aspiration criterion is satisfied), set it2=0.
else set it2=it2+1 and move = 0 (i.e., tabu move).
else (non-tabu move)
( if z'* <z, set it2=0.
else set it2=if2+1.
if move=1
perform the best feasible facility move on the current solution and update z.
update the tabu list (i.e., set tabui = tabu/> = it1 + tenure/set tabus = it1 + tenure) where tenure = |L_F1.
update the frequency list (i.e., ++fregi=g/++freqig).
if z < z*, set z* = z and best_solution = current_solution.
call the nested tabu search procedures according to improvement strategy s (see Table 3).
Else (no feasible move) set it> = max_if2.
While (it < max_it2)
set z = z* and current_solution = best_solution.

The sub-procedures to find the best feasible facility move in Replace_Facility(v,g,s) and
Add_Facility(v,g,s) are find_best_facility_replacement_move(v,g) and find_best_facility_
addition_move(v,g), which are described in the next sub-sections.

Sub-Procedure find_best_facility_replacement_move(v,g)

The sub-procedure iteratively determines the best feasible facility replacement move
for product ¢ and echelon v. A facility replacement move removes I from L_F¢” with its enter-
ing period t_enter = EnterPig, removes i’ from U_F¢?, destroys the current solution from period
t_enter to | T'|, and repairs the current solution by calling Build_Feasible_Solution(v,g,t)
such thati € UFy”, i’ € LF”, and EnterPir,g = t_enter. The destroy and repair approach
is employed because simply replacing i by i’ greatly impacts the feasibility of the current

solution from period f_enter to | T| (Algorithm 12).
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Algorithm 12: Sub-procedure find_best_facility_replacement_move(v,g)

set z"* = inf.

foreachi e L_Fyv

set t_enter = EnterPig
foreachi' € U Fy

Destroy current echelon-v product-g solution for periods t = t_enter, ..., I TI.

Call Build_Feasible_Solution(v,g,t) such that i € UFq and i’ € LFgfor t = t_enter, ..., | T|
Determine the associated objective z'.

ifz'<z%* setz*=z, i*=iand i =1".

Sub-Procedure find_best_facility_addition_move(v,g)

The sub-procedure iteratively determines the best feasible addition move for prod-
uct ¢ and echelon v. For each period t_enter € {EnterPj, Vj € L_Fg"} (i.e., each entering
period of a located facility in the current solution), an addition move allows an unlocated
facility I € U_F gv to enter the current solution in period f_enter. This move destroys the
current solution from period t_enter onwards and repairs the current solution by calling
Build_Feasible_Solution(v,g,t) such that i € LF¢“. The destroy and repair approach is
employed because the demand allocations are required to re-allocate demands to the new
set of located facilities from period t_enter onwards (Algorithm 13).

Algorithm 13: Sub-procedure find_best_facility_addition_move(v,9)

Set z'*=inf.
foreachI € U_F¢

for each t_enter € {EnterPjg Vj € L_Fg}
Destroy current echelon-v product-g solution in periods t = t_enter to | T|.
foreach t=t_enterto | Tl
Call Build_Feasible_Solution(v,g,t) such that i € LFg®.
etermine the associated objective z'.
if 2/ <z'* setz'* =z, i*=1iand t_enter*=t_enter.

4.2.3. Procedures Replace_Facility(v,s) and Add_Facility(v,s)

Replace_Facility(v,s) tries replacing each currently located facility i € L__F” serving
all products by each unlocated facility j € U__F°. Replace_Facility(v,s) is similar to Re-
place_Facility(v,g,5). The destroy and repair approach in Replace_Facility(v,s) considers
all products over the affected periods, whereas that in Replace_Facility(v,g,s) considers
only product g. The nested tabu search procedures in Replace_Facility(v,s) thoroughly
search the feasible region for all products according to improvement strategy s as shown in
Table 3, whereas those in Replace_Facility(v,g,s) search the feasible region only for product
g. The diversification procedure employed in Replace_Facility(v,s) tries replacing half
of located facilities i € L__F” with greater freq; by unlocated facilities i" € U__F” with
lower freq;.

Add_Facility(v,s) tries adding each unlocated facility i € U__F” to serve any product
by entering it at each existing entering period t_enter€{Enter_P; Vj € L__F°}. The destroy
and repair approach in Add_Facility(v) considers all products over the affected periods.
The nested tabu search procedures in Add_Facility(v,s) thoroughly search the feasible
region for all products according to improvement strategy s (see Table 3). Note that
Replace_Facility(v,s) and Add_Facility(v,s) can perform better than Replace_Facility(v,g,s)
and Add_Facility(v,g,s) when the weight of total number of different located facilities W is
relatively high (Algorithm 14).
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Algorithm 14: Replace_Facility(v,s) /Procedure Add_Facility(v,s)

initialize iteration counters, tabu lists and frequency variables:
set it1 =0; it2 =0; tabui=0 and freqi= 0 for I € F.
do
set it] = it1 +1 and move = 1.
find the best feasible facility move with its best objective z".
if there exists the best feasible facility move (i.e., replace facility i* by i"*/add facility i*)
if tabu move criteria are satisfied (i.e., it: < tabuw or it1 < tabui/it1 < tabui)
if 2 < z* (an aspiration criterion is satisfied), set if2=0.
else set if2=it2+1 and move = 0 (i.e., tabu move).
else (non-tabu move)
if z'* < z, set it2=0.
else set if2=it2+1.
if move=1
perform the best feasible facility move on the current solution and update z.
update the tabu list (i.e., set tabur = tabu = it1 + tenure/set tabui = it1 + tenure) where tenure= |L__F?|.
update the frequency list (i.e., ++fregi/++freqr).
if z < z*%, set z*=z and best_solution = current_solution.
call the nested tabu search procedures according to improvement strategy s (see Table 3).
else (no feasible move) set if> = max_it.
while (it2 < max_it2)
set z = z* and current_solution = best_solution.

The sub-procedures to find the best feasible facility move in Replace_Facility(v,s)
and Add_Facility(v,s) are find_best_facility_replacement_move(v) and find_best_facility_
addition_move(v), which are described in the next sub-sections.

Sub-Procedure find_best_facility_replacement_move(v)

The sub-procedure iteratively determines the best feasible facility replacement move
for all products in echelon v. A facility replacement move removes i from L__F” with its
entering period t_enter = Enter_P;, removes i’ from U__F?, destroys the current solution from
period t_enter to | T |, and repairs the current solution by calling Build_Feasible_Solution(v,g,t)
Vg € Gsuch thati € UFy”, i’ € LFy” and Enter_P; = t_enter (Algorithm 15).

Algorithm 15: Sub-procedure find_best_facility_replacement_move(v)

set z™*=inf.
foreachl e L__Fv
set t_enter = Enter_Pi
foreachi' e U__F°
destroy current echelon-v solution for all products ¢ € G in periods t = t_enter, ..., |T|.
foreach t=t_enter, ..., | TI
foreach g € G
call Build_Feasible_Solution(v,g,t) such that I € UFq? and i' € LFg®
etermine the associated objective z'.
ifz'<z* setz*=z,*=iand i"* =1".

Sub-Procedure find_best_facility_addition_move(v)

The sub-procedure iteratively determines the best feasible addition move for all
products in echelon v. For each period t_enter€{Enter_P; Vj € L__F*} (i.e., each entering
period of a located facility in the current solution), an addition move allows an unlocated
facility i € U__F? to enter the current solution in period t_enter. This move destroys the
current solution from period t_enter onwards and repairs the current solution by calling
Build_Feasible_Solution(v,g,t) Vg € G such that i €LFg” (Algorithm 16).
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Algorithm 16: Sub-procedure find_best_facility_addition_move(v)

Set z"*=inf.
foreachie U__F»

ifz' <z'* setz

for each t_enter € {Enter_P; Vj € L__F?}
Destroy current echelon-v solution for all products g € G in periods t = t_enter to I T|.
foreach t=t_enter to | Tl
foreachg e G
Call Build_Feasible_Solution(v,g,t) such that i € LFg®.

Determine the associated objective z'.
% _

=z i*=1and f_enter*=t_enter.

5. Computational Experiences

The proposed heuristic is implemented in C++. The computational experiments were
conducted on a desktop computer with a 1.80 GHz Intel Core i7 processor and 16 GB of
RAM. First, the data are described, followed by computational results.

5.1. Data

Since there are no standard test problems for the considered problem, the large and
small problem instances are developed as follows.

5.1.1. Large Problem Instance

Three product types (g1-¢3), five periods (t1-t5), and three modular capacity levels
(I11-13) are considered. The mixed random and clustered configuration of customer data
from Solomon [36] (nodes 1-100) is employed (x and y coordinates within the respective
ranges (0, 95) and (3, 85)). The mean customer demands g1 1, Jeg2,1, and picgs 1 are
the respective C1, R1, and RC1 demands in Solomon [36]. The coefficient of variation of
0.5 is employed to determine the demand variances. The mean demands for other periods
(t2 to t5) are assumed picgt = f(1,8) pcgt1, Where f(t,g) is a multiplicative factor for the
mean demand of product g in period ¢, as shown in Table 4. There are three demand
profiles for the three products. Product g1 has demand profile 1 representing an increasing
trend over the horizon by the constant growth rate of 10 percent per period. Product g2
has demand profile 2 representing a fluctuating trend by the growth rates of 20, 20, —10,
and —10 percent per period for periods t2, t3, t4, and t5, respectively. Product g3 has
demand profile 3 representing a fluctuating trend by the growth rates of —10, —10, +20,
and +20 percent per period for periods £2, t3, t4, and t5, respectively.

Table 4. Factor f(t, g) for the large problem instance.

Period gl g2 g3
1 1 1 1
2 1.1 12 0.9
3 1.21 1.44 0.81
4 1.331 1.296 0.972
5 1.4641 1.1664 1.1664

There are 20 candidate warehouses and 20 candidate hubs. The x and y coordinates of
candidate hubs are randomly generated from the ranges (0, 95) and (3, 85), respectively.
These ranges cover the urban area where customers are located. The x and y coordinates in
the ranges (—12, 105) and (—12, 100), respectively, cover the study area, which is composed
of the urban area in the center and the suburban area in the outer area. The x and y
coordinates of candidate warehouses are randomly generated from this outer area. Table 5
shows the x and y coordinates for candidate facilities. Table 5 also shows the values of
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a single modular capacity (Capy,1,4 and Capyj1,¢) and associated operating fixed costs
(OFy,11,¢ and OFy, 1 ,¢) for all products. The facility capacities and operating fixed costs for
two and three modular capacity levels are two and three times as much, respectively, as
those for one capacity level, e.g., Capy 2o = 2*Capy,11,¢. For warehouses, the maximum

order quantity ng‘[}x is assumed 0.25Capq.

Table 5. Data of candidate warehouses and hubs.

Warehouse x y Capyig OF 11,6 Hub x y Cappi1,g OFy 11,4
wl —11 63 250 400 hl 1 7 90 200
w2 30 —4 200 200 h2 3 68 70 100
w3 13 93 250 400 h3 91 27 90 200
w4 49 90 250 400 h4 66 36 90 200
wb 102 23 200 200 h5 42 82 70 100
wbé 47 —4 300 600 h6 12 58 110 300
w7 31 92 250 400 h7 74 51 90 200
w8 —6 10 200 200 h8 31 18 70 100
w9 100 65 250 400 h9 33 83 90 200

w10 66 -12 200 200 h10 19 63 70 100
wll -3 26 300 600 hi1 18 31 110 300
wil2 -2 77 250 400 h12 35 21 90 200
w13 99 71 200 200 h13 29 63 70 100
wl4 7 -10 250 400 h14 58 71 90 200
w15 87 88 250 400 h15 89 47 90 200
wlé 99 47 250 400 hl6 1 48 90 200
wl7 70 97 200 200 h17 59 56 70 100
w18 -8 38 200 200 h18 19 69 70 100
w19 90 —6 200 200 h19 65 16 70 100
w20 105 11 250 400 h20 30 30 90 200

For all warehouses and products, the unit transport costs from plants to warehouses
RCyyg are USD 1/product unit/day, unit transport costs from warehouses to hubs TCy,
are USD 0.05/distance unit/product unit, unit ordering costs OCyyg are USD 50 /order,
unit holding costs HCyg are USD 1/product unit/day, and lead times LT, are 1 day. For
all hubs and products, the unit transport costs from hubs to customers TCj, are USD
0.075/distance unit/product unit. For all facilities and periods, the overall capacities
(AllCapy: and AllCapy,) are 10,000 product units. For all facilities, capacity levels, and
products, the construction costs (CONjj.), non-operating fixed cost (NFj), temporary close
costs (Close;g), and reopen costs (Reopen;j,) are assumed to be generated by multiplying
OFjj; with 10, 0.2, 0.25, and 0.5, respectively. There is not any located facility at period 0 for
all products, i.e., l,-g =njg=0 VieF,geG.

The service level for stockout during lead time (1 — «), that for inventory capacity
violation at warehouses (1 — ), and that for the daily throughput capacity violation at
hubs (1 — 7) is 97.5%. The other problem parameters are UL = 0.9 and rLL = 0.5. The
employed algorithmic parameters are max_it, = 5 and div_it; = 4.

5.1.2. Small Problem Instance

The small problem instance is created based on the large problem instance. The first
two products (g1, g2), the first three periods (t1, 2, t3), two modular capacity levels (/1,
12), the first three candidate warehouses (w1, w2, w3), the first three candidate hubs (%1,



Sustainability 2022, 14, 10569

23 of 32

Beest Objective Function (x108)

1.08

1.06

1.04

1.02

1.00

0.00

h2, h3), and the first nine customers (customers one to nine) of the large problem instance
are considered. There are two demand profiles for the two products, as shown in Table 6.
Product g1 has a fluctuated demand profile by the growth rates of —25 and +33.33 percent
per period for periods {2 and t3, respectively. Product g2 has an increasing demand profile
by the growth rates of 50 and 33.33 percent per period for periods {2 and 3, respectively.
The other data for the small instance are the same as those for the large problem instance.

Table 6. Factor f(t, g) for the small problem instance.

Period gl g2
1 1 1
2 0.75 15
3 1 2

5.2. Experimental Results

The comparison of the two improvement strategies on the large instance is presented
in order to determine the best strategy. The solution from the proposed heuristic and
the analytical solution from a commercial solver on the small problem instance are then
compared. The best solution found on the small instance is examined. Lastly, the sensitivity
analyses are performed on the large problem instance.

5.2.1. Comparison of Improvement Strategies

The proposed MS-CTSIH with two improvement strategies are performed on the
problem instances when using MS_iterations = 100 and varying W, the weight of total
number of located facilities. Table 7 shows the best objective values, multi-start iteration
numbers that found the best solution, the associated number of located facilities, and
total CPU time. Interestingly, MS-CTSIH (strategy 1) (no nested tabu search procedure
calls) outperforms MS-CTSIH (strategy 2) on the large instance at different values of W,
whereas MS-CTSIH (strategy 2) outperforms MS-CTSIH (strategy 1) on the small instance at
various W values. The modified MS-CTSIH that incorporates both improvement strategies
yields the best results with longer CPU time on the two problem instances at different
W values. Figure 3 shows the convergence characteristics of MS-CTSIH (strategy 1), MS-
CTSIH (strategy 2), and modified MS-CTSIH on the large problem instance for W = 0.
MS-CTSIH (strategy 2) is slower to converge than MS-CTSIH (strategy 1), as expected, and
the modified MS-CTSIH spends the longest time.

20.00 40.00 60.00 80.00 100.00 120.00 140.00 160.00 180.00 200.00

CPU Time (min)

MS-CTSIH(strategy 1) MS-CTSIH(strategy 2) Modified MS-CTSIH

Figure 3. Convergence characteristics of MS-CTSIH on the large problem instance with W = 0.
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Table 7. Best objective values, iteration that found best solution, and number of located facilities
(MS_iterations = 100).

(a) Large Problem Instance

MS-CTSIH (Strategy 1) MS-CTSIH (Strategy 2) Modified MS-CTSIH
w Best No. Total Best No. Total Best No. Total
Ob;j. Iter. of CPU Ob;j. Iter. of CPU Ob;j. Iter. of CPU
(x10%) Fac. (h) (x10%) Fac. (h) (x108) Fac. (h)
107 291525 0 18 1.12 2.95075 0 18 1.64 291418 0 18 2.94
106 1.25349 31 24 0.99 1.25802 31 24 0.87 1.24970 31 23 2.15
10° 1.03294 77 27 1.06 1.03815 82 28 1.47 1.03294 77 27 2.06
0 1.00320 77 28 1.10 1.01086 77 29 1.51 1.00320 77 28 3.02
(b) Small Problem Instance
MS-CTSIH (Strategy 1) MS-CTSIH (Strategy 2) Modified MS-CTSIH
w Best No. Total Best No. Total Best No. Total
Ob;j. Iter. of CPU Ob;j. Iter. of CPU Ob;j. Iter. of CPU
(x10°) Fac. (min) (x10°) Fac. (min) (x10°) Fac. (min)
107 38.4486 15 3 0.121 38.4284 15 3 0.324 38.4284 15 3 0.527
106 11.0912 0 4 0.139  11.0876 0 4 0.255  11.0876 0 4 0.463
10° 7.49123 0 4 0.113  7.48756 0 4 0.250  7.48756 0 4 0.449
0 7.09123 0 4 0.113  7.08756 0 4 0.253  7.08756 0 4 0.440

The multi-start iterations can yield an improved solution on the large instance when
W is up to 10°, implying that facility_sequence(v,g,t) in multi-start iteration 0 (i.e., in the
descending order of the maximum capacity) cannot yield the best solution. At W = 107, the
two strategies cannot find an improved solution over the 100 multi-start iterations. This
means that facility_sequence(v,g,) in multi-start iteration 0 can yield the least number of
facilities on the large instance. However, this is not always the case, as Table 7b shows that
the multi-start iterations cannot yield an improved solution on the small instance when W
is up to 10° but can yield an improved solution when W = 10”. From Table 7, as W decreases
from 107 to 0, the number of facilities is non-decreasing on the small instance and increases
on the large instance, as expected.

5.2.2. Comparison of Proposed Heuristic and Analytical Solution Method

The proposed MINLP model is implemented in the General Algebraic Modeling
System Integrated Development Environment (GAMS IDE) Release 27.2.0, and solved
by GAMS/BARON, a commercial solver, which solves the problem with the branch-and-
reduce algorithm. The modified heuristic with MS_iterations = 100 and the GAMS/BARON
solver is performed on the small instance with W = 107.

The GAMS/BARON solver, which employs the feasible solution from the construction
stage as an initial solution, takes 25.02 h to find a solution with the objective value of
4.16451 x 107 and the relative optimality gap of 13.10% (the lower bound of 3.62069 x 107).
The modified heuristic takes 0.527 min to find a solution with the objective value of
3.84284 x 107 and the relative optimality gap of 5.78%. The modified algorithm yields the
solution with the better relative optimality gap and much faster than GAMS/BARON. This
shows the efficiency and effectiveness of the proposed heuristic on a small instance.

5.2.3. Examination of Heuristic Solution on the Small Problem Instance

The best solution found by the modified MS-CTSIH on the small instance with W = 107
is examined to illustrate the feasibility and characteristics of the best solution found. From
Table 8, in the best solution found, the single warehouse w2 is constructed in period t1
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to serve both products. Hubs h1 and h3 are constructed in period t1 to serve product gl.
For product g2, only hub h1 is constructed in period t1 and hub h3 is constructed later in
period t2 to accommodate the increasing demand profile for product g2.

Table 9 shows that the total open capacities for combined products at facilities w2,
h1, and h3 are less than the specified overall open capacity of 10,000 product units for all
periods. Warehouse w2 and hub h3 have the increasing total open capacities, whereas
hub h1 has the constant total open capacity. These are results of the increasing trend of
total mean demands (298, 304.5, and 406 product units for periods t1, t2, and t3) and total
demand variances (1606.5, 1631.8, and 2901 for periods t1, t2, and t3).

From Table 8a, two modular inventory capacity levels for product gl are constructed
at warehouse w2 in period t1 (i.e., 2 x 200 = 400 product units), and no additional modular
capacity is constructed in later periods. The construction cost of USD 400,000 for two modular
capacity levels for product gl and the operating fixed cost of USD 40,000 for two capacity
levels for product gl are incurred at warehouse w2 in period t1. The numbers of open
capacity levels for product g1 at warehouse w2 are constant (i.e., 2 levels = 400 product units)
over the planning horizon. This is not consistent with the demand profile of product gl
that has a demand drop in period t2. This is due to Constraint (11), where the left-hand side
is Quag 2 + (Z1— o + 21— p)*LTu2,g1* (VDo g1,12)™ = 100 + (1.96 + 1.96)*1%(660.94)°° = 200.8
product units that requires two open modular capacity levels (Capuy,ip,¢1 = 400 product
units) as opposed to one open capacity level (Capws 1,41 = 200 product units) in order to
satisfy this constraint.

Table 8. Best solution founded on the small problem instance (W = 107).

(a) First-Echelon Solution

Period t1 2 t3
Product gl g2 gl g2 gl g2
located warehouse w2 w2 w2 w2 w2 w2
open inventory capacity, Capyq 400 200 400 400 400 400
existing inventory capacity 400 200 400 400 400 400
served mean demand, ED gt 190 108 142.5 162 190 216
served demand variance, VD 1175 431.5 660.94 970.88 1175 1726
assigned hubs h1, h3 h1 h1, h3 hl, h3 h1, h3 h1, h3
construction cost 400,000 200,000 0 200,000 0 0
operating fixed cost 40,000 20,000 40,000 40,000 40,000 40,000
non-operated fixed cost 0 0 0 0 0 0
reopen cost 0 0 0 0 0 0
temporary close cost 0 0 0 0 0 0
transport cost (plants—warehouses), TCugt 69,350 39,420 52,012.5 59,130 69,350 78,840
transport cost (warehouses—-hubs) 310,677 122,266 181,804 236,650 310,677 381,074
holding cost, hicyget 42,772.7 23,985.7 36,642 40,541.1 42,772.7 47,971.4
ordering cost, ocygt 34,675 39,420 26,006.2 29,565 34,675 39,420
Continuous-Review Inventory Control Policy
order quantity, Quet 100 50 100 100 100 100
reorder point, RPyt 257.19 148.71 192.89 223.07 257.19 297.43
safety stock, SSugt 67.19 40.71 50.39 61.07 67.19 81.43
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Table 8. Cont.

(b) Second-Echelon Solution

Period t1 t2 t3
Product gl 82 gl g2 gl 82
located hub hl h3 hi hi h3 hi h3 hl h3 hl h3
open max served daily 180 180 180 180 90 180 90 180 180 180 180
demand, Capy,
existing max served daily demand 180 180 180 180 180 180 90 180 180 180 180
served mean demand, EDjg 120 70 108 1275 15 123 39 120 70 116 100
served demand variance, VDhgt 850 325 4315 604.69 56.25 814.5 156.38 850 325 1062 664
assigned customers 84,92,7 ?’ g’ 1-9 2-9 1 “;’ g’ 3’ 1’63’ 4’92’78’ ?’ g’ g’ 2’ 3'61’74’
construction cost USD 1K 200 200 200 0 0 0 100 0 0 0 100
operating fixed USD 1K 20 20 20 20 10 20 10 20 20 20 20
non-operated fixed cost USD 1K 0 0 0 0 2 0 0 0 0 0 0
reopen cost (USD 1K) 0 0 0 0 0 0 0 0 5 0 0
temporary close cost (USD 1K) 0 0 0 0 2.5 0 0 0 0 0 0
transport cost (hubs—customers) 31 o 5496 4151 4799 722 4521 1899 4310 3416 4079  486.8

(USD 1K)

Table 9. Total open capacities for combined products on the small problem instance.

Total Mean Demand

First-Echelon Facility Second-Echelon Facility

Total Demand Variance

Period

(Product Units/Day) (Product Units/Day)? w2 hi h3
gl g2 allg gl g2 allg allg allg allg

tl 190 108 298.0 1175 431.5 1606.5 600 360 180
2 142.5 162 304.5 660.9 970.9 1631.8 800 360 180
t3 190 216 406.0 1175 1726 2901.00 800 360 360

A modular capacity level for product g2 is constructed at warehouse w2 in period t1,
and later an additional capacity level is constructed in period t2. This is consistent with the
increasing demand profile of product g2. The cost of USD 200,000 to construct a modular
capacity level for product g2 is incurred at warehouse w2 in periods t1 and t2. The cost of
USD 20,000 to operate a capacity level for product g2 is incurred at warehouse w2 in period
t1, and the cost of USD 40,000 to operate two capacity levels for product g2 is incurred in
periods t2 and t3.

The order quantities, reorder points, and safety stocks for each product at warehouse
w2 can be verified from Equations (23) and (18), respectively. The holding costs, ordering
costs, and transport costs from the plant to warehouses can be verified from the relevant
terms in Equation (3), as shown below:

hewgt = Nt HCug (Qugt /2 + 21—« LTuwg (VDugt)/?) (24)
O0Cwgt = Nt chg EDwgt/ngt (25)
rcwgt = Nt Rng EDwgt (26)

To illustrate, for product gl in period t1, these variables for warehouses w2 are
Qu2,61,n = 100 product units, RPw 1,1 = 257.19 product units, SSu2,41,1 = 67.19 product
units, hcwz,gLﬂ =USD 42,773, 0Cw2,1,1 = USD 34,675, and rCw2,g1,0 = USD 69,350. These
are obtained by substituting z1_, = 215 = 1.96, HCu21 =1, OCupg1 = 50, RCupg1 =1,
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LTw2,g1 =1 day, sz,l2,g1max =100, Capr,lZ,gl =400, EDwZ,gl,tl =190, and VDwZ,gl,tl =1175
into Equations (23), (18), and (24)—(26).

From Table 8b, two modular inventory capacity levels for product g1 are constructed
at hubs hl and h3 in period t1 (i.e,, 2 x 90 = 180 product units at hl and h3), and no
additional modular capacity is constructed in later periods. The construction cost of
USD 200,000 for two modular capacity levels for product gl and the operating fixed cost
of USD 20,000 for two capacity levels for product gl are incurred at hubs hl and h3 in
period t1. The numbers of open capacity levels for product g1 at hub hl are constant
(i.e., two levels = 180 product units) over the planning horizon, whereas those at hub h3 are
two, one, and two levels for periods t1, t2, and t3, respectively. This is consistent with the
demand profile of product gl that has a demand drop in period t2. One can examine the
feasibility of constraints (12) for hub h1 serving product g1 in the three periods, where the
left-hand sides (i.e., EDyy g1+ + 21—~ (VDj1,41,,)") are 105.3, 29.7, and 105.3 product units
per day that require two, one, and two open capacity levels, respectively (i.e., the right-hand
sides are Capy1,12,61 = 180, Capp1,11,61 = 90, Capy1,12,61 = 180 product units, respectively). Note
that hub h2 serving product g1 with Capy1 11,41 =70 can be employed to satisfy Constraint
(12), but the total number of different located hubs will be increased by one and the objective
will also be increased by W = 107. The cost of USD 2500 to temporarily close a capacity
level, the cost of USD 2000 to maintain a temporarily closed capacity level, and the cost of
USD 10,000 to operate a capacity level for product gl are incurred at hub h3 in period 2.
The cost of USD 5000 to reopen a capacity level and the cost of USD 20,000 to operate
two capacity levels for product gl are incurred at hub h3 in period t3.

Two modular capacity levels for product g2 are constructed at hub h1 in period t1, and
no additional capacity level is constructed at hub h1 in later periods. A modular capacity
level for product g2 is constructed at hub h3 in period t2, and an additional capacity level
is constructed at hub h3 in period t3. This is consistent with the increasing demand profile
of product g2 with the peak demand at period t3. The cost of USD 200,000 to construct
two modular capacity levels for product g2 is incurred at hub h1 in period t1, and the cost
of USD 100,000 to construct an additional capacity level for product g2 is incurred at hub
h3 in periods t2 and t3. The cost of USD 20,000 to operate two capacity levels for product
g2 is incurred at hub h1 in all three periods. The costs of USD 10,000 and USD 20,000 to
operate one level and two levels for product g2 are incurred at hub h3 in periods t2 and
t3, respectively.

The customers are dynamically allocated to different hubs in different periods. For
product g1, the demand is dropped in period t2, and the demands in periods t1 and t3 are
the same. The customers are served by the same hubs in periods t1 and t3 (i.e., customers 4,
2,8,9, and 7 served by hub hl and the others by h3), whereas in period t2 all customers
are served by hub hl and only customer 1 is served by hub h3, which has a reduced open
capacity level. For product g2, all customers are served by hub h1 in period t1, and in later
periods the customers are allocated to hubs h1l and h3 differently in period t2 and t3. The
associated transport costs between hubs and customers are also shown in Table 8b.

5.2.4. Sensitivity Analysis

Using the modified MS-CTSIH, the sensitivity analyses of the service levels (1 — «a,
1 — B,and 1 — ), overall open inventory capacity of the combined products (AllCapy,),
demand standard deviation, and W are performed on the large problem instance. Figure 4
shows the sensitivity analysis results. The service levels for unfulfilled demand during the
lead time at warehouses (1 — «), inventory capacity violation (1 — ), and daily throughput
capacity violation (1 — ) are assumed equal. Given the other parameters being the same,
three levelsof 1 —a=1— =1 — v (0.65, 0.80, and 0.95), which correspond to 65%,
80%, and 95% service levels, respectively, are considered. From Figure 4a, given all else
being equal, as the service level increases from 65% to 95%, the objective function value,
the number of located warehouses, and the number of located hubs also increase. The
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greater-objective-function solution and the greater number of located facilities are traded
off with the increase in service level (i.e., more constrained problem).

29.14
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15.00
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(a) Varying Service Level
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(c) Varying Standard Deviation Factor

Figure 4. Sensitivity analysis.
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(d) Varying Weight on No. of Facilities

Five levels of overall open inventory capacity at each warehouse w (AllCapy,;) are
considered, given all other parameters being the same. From Figure 4b, given all else being
equal, the objective function value decreases (i.e., achieving a better solution) as AllCapy,
increases (i.e., more relaxed constraints). The number of located warehouses is higher
at a lesser value of AllCapy,;, as expected. Five levels of standard deviation factor (SDF),
which is a multiplicative factor for the demand variance at each customer and product,
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are considered. From Figure 4c, as the SDF increases, the objective function value and the
number of located hubs also increase. From Figure 4d, the greater the W value the higher
the objective function value. As W increases, the number of located facilities decreases,
as expected.

5.2.5. Discussion

For the industry, the proposed model and heuristic can enable logistics companies to
make better strategic decisions on the siting and sizing of warehouses and hubs, and to
make better tactical decisions on demand node allocations and inventory control policies at
warehouses in order to service uncertain customer demands for different products over the
planning horizon. The logistics company can prepare the investment budget in each period
to construct the planned number of modular capacity levels at certain warehouses and hubs
to serve different products. They can prepare a proper plan (e.g., workforce planning) to
temporarily close down a certain number of modular capacity levels at certain facilities in a
certain period that is predicted to have a reduction in demand of certain products. Similarly,
they can also prepare a proper plan to reopen a number of modular capacity levels at some
warehouses and hubs in a period in which the demand of a product is predicted to be
bounced back. Furthermore, the customer allocation (customers allocated to hubs) and
the hub allocation (hubs allocated to warehouses) are different over different periods for
various products in order to achieve the least cost, while maintaining the feasibility of
diverse constraints such as the hub service level constraints (in terms of daily throughput
capacity violation) and maximum order quantity constraints. The logistics company can
control the inventories at warehouses for different products and periods by using the
optimal order quantities, reorder points, and safety stocks, all of which satisfy the specified
inventory service level constraints (in terms of inventory capacity violation and stockouts
during lead times).

The weight on the number of located facilities can be changed from a common constant
to facility-location-specific weights W; Vi € F. The weight W; can be set to the monetary
value of the spatial and physical impacts in terms of geologic, biologic, or geographic
features (e.g., land use, forest type, and habitat impacts) [37,38], or the monetary value
of the environmental impacts in terms of water, air, soils, ecosystems, and aesthetics [39]
when facility i is located. As such, the objective function can be modified as:

2

2
minz = gzv =) (Y Wyyi+) Y ECy)

o=1 icF? teT geG

With this objective, the proposed model and heuristic can determine the best solution
that explicitly accounts for the spatial, physical, and environmental impacts in addition to
the economic impacts (i.e., facility, inventory, and transportation costs).

6. Conclusions

In this paper, the two-echelon multi-period multi-product location-inventory problem
with partial facility closing and reopening is studied. The modular capacity levels at
facilities can be temporarily and partially closed at a period and reopened in a later
period. For each product and period, a single plant is assumed to serve warehouses
that serve hubs, which in turn serve the final customers with independent and normally
distributed demands. The overall open capacity for combined products at a facility is
considered. Continuous-review inventory control decisions are made at located warehouses.
There are no such decisions for located hubs, which are employed for freight transfer and
consolidation. The problem parameters such as customer demands can vary over the
horizon. The proposed formulation is a mixed-integer non-linear model. The multi-start
construction and tabu search improvement heuristic is developed. Two improvement
strategies (with and without nested tabu search procedure calls) are proposed, and the
modified heuristic incorporating both strategies is developed. The comparison of two
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improvement strategies in the tabu search improvement stage shows that MS-CTSIH
(strategy 1) and MS-CTSIH (strategy 2) are non-dominated on the small and large problem
instances at different values of W, the weight of the total number of located facilities. The
modified MS-CTSIH incorporating both improvement strategies yields the best results on
the small and large instances. The comparison of the modified MS-CTSIH and the exact
solution method on the small problem instance shows the effectiveness and efficiency of the
proposed heuristic. The modified MS-CTSIH spends 0.527 min to obtain the best solution
with the optimality gap of 5.78%, whereas the exact solution method spends 25.02 h to
obtain the best solution with the optimality gap of 13.10%. The best solution from the
small instance is thoroughly examined to illustrate the feasibility with respect to various
constraints. The small instance problem is used to portray how the construction costs,
operating fixed costs, temporary closing costs, non-operating fixed costs, and reopening
costs are incurred at a facility serving a product in a period according to changes in modular
capacity levels due to the associated demand profile. The inventory control policies at
warehouses in the best solution are also examined. The sensitivity analyses of the service
levels and overall open inventory capacity of the combined products, demand standard
deviation, and the weight of the total number of located facilities are performed to study
how the objective function value and the number of located facilities change with the
change in these problem parameters.

For the industry, the proposed model and heuristic can be used as a tool for logistics
companies to make better strategic decisions on the siting and sizing of warehouses and
hubs, and to make better tactical decisions on demand node allocations and inventory
control policies in order to service uncertain customer demands of different products
over the planning horizon in the urban goods distribution. The schedule of construction,
temporary partial closing, and reopening of modular capacities of warehouses and hubs to
serve various products allows the logistics company to prepare an appropriate plan such
as workforce management as well as the investment budget. With the continuous-review
inventory control policies at warehouses, the optimal order quantities, reorder points, and
safety stocks at warehouses for various products in different periods can be employed such
that the prespecified inventory service level constraints (in terms of inventory capacity
violation and stockouts during lead times) are satisfied. The demand node allocation
differs for different products in different periods and yields the least cost while diverse
constraints such as hub service level constraints (in terms of daily throughput capacity
violation) are satisfied. In addition to the economic impacts (i.e., facility, inventory control,
and transportation costs), the proposed model and heuristic can explicitly account for the
spatial, physical, and environmental impacts from the facility siting via the facility-location-
specific weight representing the monetary value of such impacts.

For future research, the proposed model and heuristic can be extended to explicitly
account for the monetary value of greenhouse gas emission from warehouse operation,
hub operation, and transportation. The other future research directions include the incor-
poration of different inventory control policies such as periodic review, the consideration
of correlated customer demands, and the integration of the vehicle routing problem into
the joint location—inventory problem.

Author Contributions: Conceptualization, A K. and A.U.; methodology, P.P and A K.; software, P.P.
and A.K; validation, PP. and A K,; formal analysis, PP. and A.K.; writing—original draft preparation,
PP. and A K.; writing—review and editing, A.K., A.U. and V.R,; visualization, A.K.; supervision, A.K.
All authors have read and agreed to the published version of the manuscript.

Funding: (1) The Petchra Prajom Klao Ph.D. Research Scholarship, King Mongkut’s University of
Technology Thonburi. (2) Fundamental Fund FY 2022, King Mongkut’s University of Technology
Thonburi, Thailand Science Research and Innovation (TSRI).

Institutional Review Board Statement: Not applicable.

Informed Consent Statement: Not applicable.



Sustainability 2022, 14, 10569 31 of 32

Data Availability Statement: The data presented in this study are available in the tables of the article
and some data are from benchmark problems available in the literature and on the internet.

Acknowledgments: The authors would like to thank the reviewers for the provision of valuable and
constructive suggestions and comments.

Conflicts of Interest: The authors declare no conflict of interest.

References

1. Silva, A.; Aloise, D.; Coelho, L.C.; Rocha, C. Heuristics for the dynamic facility location problem with modular capacities. Eur. J.
Oper. Res. 2021, 290, 435-452. [CrossRef]

2. Crainic, T.G,; Sforza, A.; Sterle, C. Tabu search heuristic for a two-echelon location-routing problem, Research Report, interuni-
versity research centre on enterprise networks, logistics and transportation. In CIRRELT-2011-07; CIRRELT: Montréal, QC,
Canada, 2011.

3. Crainic, T.G,; Ricciardi, N.; Storchi, G. Advanced freight transportation systems for congested urban areas. Transp. Res. Part C
Emerg. Technol. 2004, 12, 119-137. [CrossRef]

4. Crainic, T.G,; Ricciardi, N.; Storchi, G. Models for evaluating and planning city logistic transportation systems. Transp. Sci. 2009,
43, 432-454. [CrossRef]

5. Boccia, M.; Crainic, T.G.; Sforza, A.; Sterle, C. Location-Routing Models for Designing a Two-Echelon Freight Distribution System.
In CIRRELT-2011-06 January Report; CIRRELT: Montréal, QC, Canada, 2011.

6.  Correia, I; Captivo, M.E. A Lagrangean heuristic for a modular capacitated location problem. Ann. Oper. Res. 2003, 122, 141-161.
[CrossRef]

7. Shulman, A. An algorithm for solving dynamic capacitated plant location problems with discrete expansion sizes. Oper. Res.
1991, 39, 423-436. [CrossRef]

8.  Melo, M.T,; Nickel, S.; Saldanha da Gama, F. Facility location and supply chain management-a review. Eur. ]. Oper. Res. 2009, 196,
401-412. [CrossRef]

9.  Wesolowsky, G.O. Dynamic facility location. Manag. Sci. 1973, 19, 1241-1248. [CrossRef]

10. Dias, J.; Captivo, M.E.; Climaco, J. Efficient primal-dual heuristic for a dynamic location problem. Comput. Oper. Res. 2007, 34,
1800-1823. [CrossRef]

11.  Jena, S.D.; Cordeau, ].-F.; Gendron, B. Dynamic facility location with generalized modular capacities. Transp. Sci. 2015, 49,
484-499. [CrossRef]

12.  Jena, S.D.; Cordeau, ].-F.; Gendron, B. Modeling and solving a logging camp location problem. Ann. Oper. Res. 2015, 232, 151-177.
[CrossRef]

13. Jena, S.D.; Cordeau, J.-F.; Gendron, B. Solving a dynamic facility location problem with partial closing and reopening. Comput.
Oper. Res. 2016, 67, 143-154. [CrossRef]

14. Jena, S.D.; Cordeau, J.-F.; Gendron, B. Lagrangian heuristics for large-scale dynamic facility location with generalized modular
capacities. INFORMS ]. Comput. 2017, 29, 388-404. [CrossRef]

15. Miranda, PA; Garrido, R.A. A Simultaneous Inventory Control and Facility Location Model with Stochastic Capacity Constraints.
Netw. Spat. Econ. 2006, 6, 39-53. [CrossRef]

16. Punyim, P.; Karoonsoontawong, A.; Unnikrishnan, A.; Xie, C. Tabu search heuristic for joint location-inventory problem with
stochastic inventory capacity and practicality constraints. Nefw. Spat. Econ. 2018, 18, 51-84. [CrossRef]

17.  Zhang, Z.-H.; Unnikrishnan, A. A coordinated location-inventory problem in closed-loop supply chain. Transp. Res. Part B
Methodol. 2016, 89, 127-148. [CrossRef]

18. Keskin, B.B.; Uster, H. Production/distribution system design with inventory considerations. Nav. Res. Logist. 2012, 59, 172-195.
[CrossRef]

19. Teo, C.; Shu, J]. Warehouse-retailer network design problem. Oper. Res. 2004, 52, 396—408. [CrossRef]

20. Daskin, M.S.; Coullard, C.R.; Shen, Z.-].M. An inventory-location model: Formulation, solution algorithm and computational
results. Ann. Oper. Res. 2002, 110, 83-106. [CrossRef]

21. Shen, Z.-J.M.; Coullard, C.; Daskin, M.S. A joint location-inventory model. Transp. Sci. 2003, 37, 40-55. [CrossRef]

22. Miranda, P.A.; Garrido, R.A. Incorporating inventory control decisions into a strategic distribution network design model with
stochastic demand. Transp. Res. Part E 2004, 40, 183-207. [CrossRef]

23. Ozsen, L.; Coullard, C.R.; Daskin, M.S. Capacitated warehouse location model with risk pooling. Nav. Res. Logist. 2008, 55,
295-312. [CrossRef]

24. Vidyarthi, N.; Celebi, E.; Elhedhli, S.; Jewkes, E. Integrated production-inventory-distribution system design with risk pooling;:
Model formulation and heuristic solution. Transp. Sci. 2007, 41, 392—-408. [CrossRef]

25. Park,S.; Lee, T-E.; Sung, C.S. A three-level supply chain network design model with risk pooling and lead times. Transp. Res.
Part E 2010, 46, 563-581. [CrossRef]

26. Shahabi, M.; Unnikrishnan, A.; Jafari-Shirazi, E.; Boyles, S.D. A three level location-inventory problem with correlated demand.
Transp. Res. Part B 2014, 69, 1-18. [CrossRef]

27. Battiti, R.; Tecchiolli, G. The Reactive Tabu Search. ORSA ]. Comput. 1994, 6, 126-140. [CrossRef]


http://doi.org/10.1016/j.ejor.2020.08.018
http://doi.org/10.1016/j.trc.2004.07.002
http://doi.org/10.1287/trsc.1090.0279
http://doi.org/10.1023/A:1026146507143
http://doi.org/10.1287/opre.39.3.423
http://doi.org/10.1016/j.ejor.2008.05.007
http://doi.org/10.1287/mnsc.19.11.1241
http://doi.org/10.1016/j.cor.2005.07.005
http://doi.org/10.1287/trsc.2014.0575
http://doi.org/10.1007/s10479-012-1278-z
http://doi.org/10.1016/j.cor.2015.10.011
http://doi.org/10.1287/ijoc.2016.0738
http://doi.org/10.1007/s11067-006-7684-5
http://doi.org/10.1007/s11067-017-9368-8
http://doi.org/10.1016/j.trb.2016.04.006
http://doi.org/10.1002/nav.21482
http://doi.org/10.1287/opre.1030.0096
http://doi.org/10.1023/A:1020763400324
http://doi.org/10.1287/trsc.37.1.40.12823
http://doi.org/10.1016/j.tre.2003.08.006
http://doi.org/10.1002/nav.20282
http://doi.org/10.1287/trsc.1060.0173
http://doi.org/10.1016/j.tre.2009.12.004
http://doi.org/10.1016/j.trb.2014.07.005
http://doi.org/10.1287/ijoc.6.2.126

Sustainability 2022, 14, 10569 32 0f 32

28.
29.
30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

Glover, E. Tabu Search—Part I. ORSA J. Comput. 1989, 1, 190-206. [CrossRef]

Glover, F. Tabu Search—Part II. ORSA J. Comput. 1990, 2, 4-32. [CrossRef]

Hoefer, M. Experimental comparison of heuristic and approximation algorithms for uncapacitated facility location. In Lecture
Notes in Computer Science, Proceedings of the Second International Workshop on Experimental and Efficient Algorithms (WEA 2003),
Ascona, Switzerland, 26-28 May 2003; Jansen, K., Margraf, M., Mastrolilli, M., Rolim, ].D.P,, Eds.; Springer: New York, NY, USA,
2003; Volume 2647, p. 2647.

Al-Sultan, K.S.; Al-Fawzan, M.A. A tabu search approach to the uncapacitated facility location problem. Ann. Oper. Res. 1999, 86,
91-103. [CrossRef]

Sun, M. A Tabu Search Heuristic Procedure for the Capacitated Facility Location Problem. J. Heuristics 2012, 18, 91-118. [CrossRef]
Nagy, G.; Salhi, S. Nested heuristic methods for the location-routing problem. J. Oper. Res. Soc. 1996, 47, 1166-1174. [CrossRef]
Tuzun, D.; Burke, L.I. A two-phase tabu search approach to the location routing problem. Eur. J. Oper. Res. 1999, 116, 87-99.
[CrossRef]

Karoonsoontawong, A.; Unnikrishnan, A. Inventory Routing Problem with Route Duration Limits and Stochastic Inventory
Capacity Constraints: Tabu Search Heuristics. Transp. Res. Rec. |. Transp. Res. Board 2013, 2378, 43-53. [CrossRef]

Solomon, M.M. Algorithm for the vehicle routing and scheduling problem with time window constraints. Oper. Res. 1987, 35,
254-265. [CrossRef]

Terouhid, S.A; Ries, R.; Fard, M.M. Towards Sustainable Facility Location—A Literature Review. J. Sustain. Dev. 2012, 5, 18-34.
[CrossRef]

Marsh, M.T.; Schilling, D.A. Equity measurement in facility location analysis: A review and framework. Eur. . Oper. Res. 1994, 74,
1-17. [CrossRef]

Briassoulis, H. Environmental criteria in industrial facility siting decisions: An analysis. Environ. Manag. 1995, 19, 297-311.
[CrossRef]


http://doi.org/10.1287/ijoc.1.3.190
http://doi.org/10.1287/ijoc.2.1.4
http://doi.org/10.1023/A:1018956213524
http://doi.org/10.1007/s10732-011-9157-3
http://doi.org/10.1057/jors.1996.144
http://doi.org/10.1016/S0377-2217(98)00107-6
http://doi.org/10.3141/2378-05
http://doi.org/10.1287/opre.35.2.254
http://doi.org/10.5539/jsd.v5n7p18
http://doi.org/10.1016/0377-2217(94)90200-3
http://doi.org/10.1007/BF02471998

	A Heuristic for the Two-Echelon Multi-Period Multi-Product Location–Inventory Problem with Partial Facility Closing and Reopening
	Let us know how access to this document benefits you.
	Citation Details

	Introduction 
	Literature Review 
	Proposed Mathematical Formulation 
	Problem Description 
	Notations 
	Deterministic Parameters 
	Decision Variables 

	Mathematical Model 

	Proposed Multi-Start Construction and Tabu Search Improvement Heuristic 
	Stage I: Construction 
	Procedure Build_Feasible_Solution(v,g,t) 
	Procedure Allocate_Demand_Nodes(v,g,t) 
	Procedure Determine_Inventory_Policies(g,t) 

	Stage II: Improvement 
	Procedures Insert_Demand_Node(v,g,t,s) and Swap_Demand_Node(v,g,t,s) 
	Procedures Replace_Facility(v,g,s) and Add_Facility(v,g,s) 
	Procedures Replace_Facility(v,s) and Add_Facility(v,s) 


	Computational Experiences 
	Data 
	Large Problem Instance 
	Small Problem Instance 

	Experimental Results 
	Comparison of Improvement Strategies 
	Comparison of Proposed Heuristic and Analytical Solution Method 
	Examination of Heuristic Solution on the Small Problem Instance 
	Sensitivity Analysis 
	Discussion 


	Conclusions 
	References

