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ABSTRACT
An abstract of the dissertation of Matthew Eric Paronto for the Doctor of Philosophy

in Systems Science: Psychology presented November 4, 2008.

Title: More than Screening Tools? An Examination of Preliminary Applicant

Evaluation Methods

The increased prevalence of technology in organizations has had significant
impacts on the recruiting, screening, and hiring processes. However, little is known
regarding whether preliminary applicant evaluation methods provide meaningful
candidate information beyond possession of minimum qualifications. To address this
gap in the literature, two preliminary applicant evaluation procedures used at a major
utility company were examined across two separate studies.

Study 1 examined online applicant prescreening protocols across three
positions. Archival prescreening data from 5,619 applicants were analyzed in terms of
item characteristics that distinguished candidates at different points in the score
distribution (high vs. low; highest vs. high), as well as their ability to predict key
criteria (e.g., preemployment test scores). Item characteristic ratings were provided by
11 graduate students across the three positions. Items differentiating top- from bottom-
scorers were expected to have higher minimum qualifications and job-relatedness
ratings; items differentiating among the top-scoring candidates were hypothesized to

have higher objectivity and equivalent minimum qualifications ratings. [tems



predictive of key criteria were hypothesized to be more objective and verifiable.
Although most results were inconclusive, items that were more objective and
verifiable were found to better predict later selection stage performance across two of
the three positions.

Study 2 examined the online résumé screening process and whether structuring
the evaluation process would result in more consistent résumé evaluation across raters.
Twelve graduate students evaluated 20 résumés for a professional position under both
structured and unstructured conditions. Results suggest that a more structured rating
process resulted in increased reliability in résumé ratings.

Results from the prescreening study underscore the need to take a content
validity approach to the development and scoring of these protocols, as differences
among candidates in terms of their performance on individual items and the
assessment as a whole provided inconclusive, unsystematic results. Moreover, total
prescreening scores did not predict preemployment test scores or hiring decisions,
further underlining the need for content validation. Results from the résumé evaluation
study also illuminated deficiencies in this screening tool. Likewise, a content validity-
oriented approach to the development of a brief, structured evaluation system for

résumés may dramatically increase decision-making consistency.
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CHAPTER I: INTRODUCTION

Personnel selection has a long history of research on various methods of
assessing job applicants. These methods run the gamut from the most basic, cursory
assessments such as responses on an application blank to more systematic and theory-
based assessments such as ability tests, biographical data, and assessment centers.
Although the validity and utility of ability tests have been clearly demonstrated, it has
also been shown that some of these tests (i.e., cognitive ability-loaded assessments)
result in adverse impact. For example, cognitive ability test score differences between
Whites and non-Whites are typically far greater than the differences between these
two groups in terms of actual job performance (Hunter & Hunter, 1984).

Given the potential legal ramifications for companies using selection tests that
result in adverse impact, selection researchers have explored alternatives or
compliments to the use of ability tests in personnel selection (e.g., Schmidt & Hunter,
1998). Examples of such non-cognitive assessments include standard application
blanks, training and experience (T&E) forms, biographical data, and personality
inventories. Although these methods have been utilized and advocated by personnel
researchers for over 90 years (cf. Mumford & Owens, 1987; Schmidt & Hunter, 1998),
some have received little if any research scrutiny over the last quarter century. These
methods warrant reexamination in the context of high-tech recruitment and selection.

One consistent finding in the investigation of alternative predictors is the
relatively high validity and low adverse impact associated with biographical data

(Hunter & Hunter, 1984; Reilly & Chao, 1982). It has been argued that biodata



measures may be better assessments of applicant suitability for a position than
cognitive ability tests because biodata inventories measure typical as opposed to
maximum performance, which is more representative of how an applicant would
perform in the job (Mumford & Owens, 1987). Selection tests such as biodata and
other measures that assess applicants’ past experiences and accomplishments are
received more favorably by applicants in higher level (i.e., professional/white collar)
jobs (e.g., Hough, 1984; Hough, Keyes, & Dunnette, 1983). Moreover, these
assessments may be more appropriate in selecting individuals in management or
leadership positions (e.g., Kuhnert & Russell, 1990; Russell, 1990).

However, training and experience (T&E) forms and application blanks have
received relatively little examination in the literature, perhaps due to their low levels
of validity in predicting job performance (e.g., McDaniel, Schmidt, & Hunter, 1988).
Although these selection tools may have low validity in terms of predicting “ultimate”
criteria, they may nevertheless demonstrate utility in early stages of a multiple hurdle
selection process, where the primary goal is eliminating applicants who are clearly
unqualified for a position, as opposed to determining who is best suited for a position.
For example, Ash and Levine (1985) investigated the validity of four different T&E
scoring methods across three different job classes in a promotional context and found
that only one scoring method (the grouping method) demonstrated validity against a
peer nomination criterion for two of the three job classes. Several validity studies of

the weighted application blank (WAB) have shown that this selection procedure is a

valid predictor of turnover and tenure (Buel, 1964; Lee & Booth, 1974; Roach, 1971;



Werimont, 1962). However, several questions that were valid predictors of these
outcomes (e.g., length of time married, age) would be clear violations of Title VII of
the Civil Rights Act, should such a study be conducted today. Therefore, the relatively
high validities observed in some of these studies may not be realized given today’s
legal guidelines for selection.

Recently, research has turned its focus to recruitment, the earliest stage of the
selection process (e.g., Allen, Van Scotter, & Otondo, 2004; Breaugh & Starke, 2000).
Some researchers have suggested that recruitment may be the most critical stage of the
overall selection process because it necessarily limits the quality of the applicants that
can be considered for a position (Carlson, Connerley, & Mecham, 2002). However, it
is also one of the least understood stages of the hiring process, especially in terms of
its effects on later stages (Breaugh & Starke, 2000). Moreover, few organizations
systematically assess the outcomes of their applicant attraction strategies (Carlson et
al., 2002), nor do they necessarily gear their recruitment strategies to key employee
and organizational outcomes after hiring decisions have been made (cf. Rynes, 1991).

Research in the recruitment literature has delineated three main phases in the
overall recruitment process: persuading potential applicants to apply for a position
(generating applicants), persuading applicants to stay in the applicant pool until a
hiring decision has been made (maintaining applicant status), and persuading
applicants to accept job offers (influencing job choice; Barber, 1998). Due to the
temporal sequence in which these three phases occur, Carlson et al. (2002) suggest

that not only are these phases easily identifiable, but that steps can be taken by an



organization at each stage to maximize the probability that the best candidates will
ultimately accept a position. The effectiveness of the overall recruitment process is
reduced to the extent that (a) the best candidates are not recruited to apply for the
position, (b) the best candidates leave the viable applicant pool before a hiring
decision has been made, (c) the methods used to select candidates (e.g.,
preemployment tests) have low validity, and (d) the best candidates do not accept job
offers.

Carlson et al. (2002) recommend developing quality scores on all applicants,
that is, some type of index or score, possibly based on an assessment, which reflects
the qualifications of the candidate related to the position, as the most appropriate
manner in which to assess recruitment outcomes. Typical effectiveness measures such
as assessing the quality of new hires and the volume of applicants generated from a
recruiting effort are considered by these authors to be inappropriate and deficient
assessments. Carlson et al. propose applicant prescreening, in which candidates
answer a small set of questions related to their past work experience and
qualifications, as an evaluation tool with the potential to provide an index of candidate
quality, since this assessment is the only one administered to the entire applicant pool,
especially in multiple hurdle selection. According to the authors, applicant
prescreening is useful in the evaluation process to the extent that it provides sufficient

applicant differentiation and is predictive of job performance.



Technology and Its Impact on Screening Candidates

The increased use and prevalence of technology in organizations has had a
significant impact on the way in which companies recruit, screen, and hire new
employees (Lievens, van Dam, & Anderson, 2002). The importance of understanding
the impact of technology on the recruitment and selection processes is critical for the
following reasons. First, of the most important future personnel selection trends
identified by a sample of human resources representatives, issues of technological
developments such as online recruitment and testing were the most frequently cited
(Lievens et al., 2002). Recent estimates suggest that upwards of 90% of major US-
based corporations currently use internet-based recruitment (Dineen, Ash, & Noe,
2002), and 12% of large corporations are using online screening methods (Cober,
Brown, Blumental, Doverspike, & Levy, 2000). Second, companies using online
recruiting and/or testing have found that these tools save the organization in terms of
time and cost (Anderson, 2003; Bauer, Truxillo, Paronto, Weekley, & Campion, 2004;
Chan & Schmitt, 2004; Lievens et al., 2002). For example, Harris and Dewar (2000)
suggest that the use of the Internet for recruiting purposes can reduce a company’s
cost per hire by up to 90%. Third, there have been several calls in the literature (e.g.,
Anderson, 2003; Lievens & Harris, in press; Lievens et al., 2002) for research on
internet-based recruitment and testing, specifically in terms of the number and quality
of applicants generated, the number of job offers accepted, as well as the criterion-

related validity of online selection testing.



As part of the high-tech recruitment and selection process, candidates are
increasingly being required to answer a small set of prescreening questions related to
their past work experience. Often, online applicant management systems, which
provide recruiters the ability to organize and systematically track and evaluate
candidates who apply for positions posted online, also allow. or require candidates to
post their résumés. Because of the increased use and availability of the internet, more
and more candidates are able to apply to multiple positions in a short period of time,
providing one or both sets of information on themselves, thus increasing applicant
volume.

For these reasons, it is critical that more research be conducted on high-tech
recruitment and selection, especially in the preliminary stages of the selection process.
The present study will begin filling some of these gaps. First, online applicant
prescreening will be examined in an actual hiring context across multiple job types
and job levels (i.e., customer service, physical jobs at entry level and above entry
level) to systematically analyze and provide recommendations regarding the most
effective and appropriate content and usage of the technology. In addition, given that
résumés are typically used to screen applicants for higher-level professional and
management jobs, the benefits of online résumés also warrant investigation. To this
end, prescreening and résumé evaluation using two different résumé evaluation
procedures (e.g., structured and unstructured evaluation) will be investigated. Finally,
the validity of prescreening will be assessed for entry-level and above-entry level

customer service and physical jobs. Each of these areas is discussed below.



Impact of High-Tech Selection

The increasing use of the internet in the employee selection process has
provided companies with the potential to streamline the hiring process and improve
the quality of those candidates who are ultimately hired. The use of selection
technology in the earliest stages of the hiring process has enormous potential benefits
to companies because it has the ability to collect and store information on large
numbers of applicants. Tools such as the internet and interactive voice response (IVR)
screening (an automated form of applicant screening via touch-tone telephone) give
recruiters and hiring managers the capability to develop a list of desirable applicant
qualifications and experience and create corresponding questions and scoring systems
to reflect desirable candidate attributes. These systems automatically collect and score
the responses provided by applicants. After the data have been collected, recruiters can
then sort large numbers of candidates based on their predefined scoring of the
screening questions.

Although issues surrounding the effects of selection technology on the
psychometric properties of tests and on applicant reactions are still being investigated
(Anderson, 2003; Bauer et al., 2004; Harris, Van Hoye, & Lievens, 2003; Lievens &
Harris, 2003; Ployhart, Weekley, Holtz, & Kemp, 2003), it 1s possible that
technological innovation in selection may improve recruitment outcomes due to the
shortened timeframe in which selection decisions can be made (cf. Rynes, Bretz, &
Gerhart, 1991). Moreover, feedback timeliness has been identified as an important

dimension influencing applicants’ reactions to the selection process (Bauer, Truxillo,



Sanchez, Craig, Ferrara, & Campion, 2001; Gilliland, 1993). Consequently, if
selection technology does not cause serious procedural justice violations (e.g., Bauer
et al., 2004), it may have the potential to improve recruitment and selection outcomes
by retaining the best applicants and reducing selection costs (Carlson et al., 2002).
Applicant Prescreening

As noted earlier, prescreening is area in the selection literature that is not well
understood. It varies widely in terms of its development, content, scoring, and use in
practice. Moreover, it has received little if any empirical validation (Hunt, Gibby,
Hemingway, Irwin, Scarborough, & Truxillo, 2004), and only recently has it received
scrutiny regarding whether it must meet EEOC or OFCCP requirements (Harris,
2004). Nevertheless, online applicant prescreening is a recruitment and selection tool
that is increasingly being used by companies to manage large numbers of applicants
more efficiently by reducing the number of applicants in the applicant pool as well as
providing candidate scores that can be used to facilitate decisions regarding which
candidates recruiters will pursue further.

Typically, applicant prescreening consists of a small set of questions (usually
20 or less) that provide an assessment of applicants in terms of minimum job
requirements that they must meet in order to be considered for a position. Prescreening
may also assess relevant applicant qualifications such as previous job experience,
accomplishments, and task and skill experiences that are believed to relate to
performance in the position for which applicants are applying (Hunt et al., 2004).

Accordingly, scoring systems for prescreening, though varying widely, provide two



preliminary applicant assessments: 1) whether the applicants meet the minimum
requirements for the position, and 2) a cursory assessment of the level or quality of the
applicants’ previous job experiences and accomplishments vis-a-vis the position.

Applicant prescreening brings many potential benefits and advantages to the
overall hiring process, but it is by no means a panacea. Although prescreening may
perform well in terms of eliminating large numbers of unqualified candidates from
consideration, anecdotal evidence from selection researchers suggests that it does not
do a good job of identifying the top candidates who will be considered in later stages
of the hiring process (cf. Hunt et al., 2004). In some cases, applicants who have the
highest prescreening scores may actually be overqualified for the job, or may have
engaged in some form of “faking."’ That is, some applicants may have overstated or
overestimated their qualifications, or in. some cases, responded in terms of what they
felt were “ideal” applicant qualifications. Regardless of the cause, the result is that
candidates who may not be the best-suited for the position or who are overqualified
for the position may rise to the top of the candidate pool. Moreover, the differentiation
between candidate prescreening scores may hinge on one or two questions, thus
calling into question the importance of these distinctions (Hunt et al., 2004). A recent
study on the use of personality tests indicated that due to the presence of faking (e.g.,
socially desirable responding) there was greater prediction error associated with higher
scores in the distribution, suggesting that the test’s validity was greater at lower scores
and consequently it would be more useful from a select-out rather than select-in

perspective (Mueller-Hanson, Heggestad, & Thornton, 2003).
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Potential Issues with Prescreening

There are also practical and legal concerns regarding the use of applicant
prescreening. Applicant management systems that incorporate prescreening are often
marketed as time- and cost-savers for recruiters who must decide which candidates to
pass on to the next stage of the selection process. The key benefits marketed to
employment groups regarding prescreening include shorter times-to-fill as well as the
ability and flexibility to select questions and scoring systems, which may typically be
recruiter-driven. This poses two potential problems. First, there is a potential lack of
standardization across recruiters who are hiring for the same position, both in terms of
the questions asked of candidates as well as the emphasis (weighting) placed on
certain questions or question response options. Secondly, there is concern over
whether the content of the questions ultimately chosen for these prescreening scripts
address aspects of skills and experience that are required for the position (ie.,
established minimum qualifications, job-relevant experience). Ultimately, if these
prescreening systems are not tightly managed and systematically developed,
organizations may be vulnerable to legal risk, should a candidate challenge the
process. Moreover, because of the lack of research in this area (cf. Hunt et al., 2004),
little is known regarding the types of questions, both in terms of the content of the
items themselves as well as how they are presented to the candidate, that provide job-

relevant, accurate information on candidates.
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The Role of the Applicant Résumé

As noted earlier, applicant résumés are now frequently collected via online
screening systems. The use of the résumé in personnel selection has received relatively
little attention in the literature, possibly due to the fact that scores are rarely assigned
to the information contained therein. But considering that résumés are often utilized as
the sole preliminary applicant evaluation tool for professional positions in determining
which applicants to pass on to later stages of the selection process, it is important to
assess their usefulness and effectiveness in identifying the best applicants for a
position as well.

Screening résumés may provide important information about applicants. As
mentioned, in some cases and for certain job types it may be the only information
ravailable to recruiters on which to base recruitment and screening decisions. Résumé.
searches can also help to compliment the results from prescreening (if the two are used
in tandem) as well as combat some of its limitations. For example, the résumé can be
used as a check on applicant responses from prescreening. In addition, applicant
résumés can aid fecruiters in sorting out the best candidates once prescreening has
narrowed the field.

Nevertheless, the applicant résumé is not without its limitations. A résumé
potentially contains numerous important bits of information about an applicant, with
little in the way of standardization in terms of its ordering or presentation.
Consequently, recruiters must identify what these elements are and be able to identify,

compile, and evaluate this information across relatively large numbers of candidates
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and résumé formats, which can be a mentally taxing process. Research examining

selection decision makers’ evaluations of content from selection interviews has
suggested that there is a high degree of variation in terms of what and how many
pieces of information are used in their decision making process as well as whether and
how these elements are combined in unique ways when evaluating applicants (Graves
& Karren, 1992; Hitt & Barr, 1989).

As an example of the potential for cognitive overload in the evaluation of job
candidates, Graves and Karren (1992) found that in the context of interviews, their
sample of 29 interviewers displayed 6 distinct clusters of decision-making strategies
for making hiring recommendations. Moreover, effective interviewers used strategies
that differed from ineffective interviewers. Effective interviewers were better at
identifying the job-relevant criteria from interviews and applied their decision rules
more consistently than ineffective interviewers. In addition, effective interviewers’
self-reports of their decision-making process mapped more closely to their actual
behavior compared to ineffective interviewers.

The Impact of Selection Technology on Résumé Evaluation

Similarly, the potential for information overload in the evaluation of applicant
résumés is a cause for concern, especially with the advent and proliferation of the
internet in the selection process. As was the case with applicant prescreening, résumé
volume has likewise dramatically increased, which means that the amount of time
recruiters can realistically spend locating and evaluating relevant candidate experience

has diminished. Compounding this is the fact that résumés, by their very nature, are
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unstandardized documents, being created by candidates themselves, and therefore

there is wide variation in terms of how candidates present and describe their past job
experience.

Fritzsche and Brannick (2002) suggested that recruiters judging actual
résumés in their study assessing cues contained in résumés (e.g., applicant education,
work experience, etc.) may have had “difficulty in translating bits of information on
the résumé into subjective cue values, combining cues into judgments, or both” (p.
167). The consequences of information overload include the possibility of advancing
unqualified candidates and overlooking some qualified candidates, as well as other
potential decision inaccuracies. Research in the decision-making literature has
suggested an inverse relationship between the number of attributes on which to base a
decision and the level of accuracy of that decision (Davis & Davis, 1996; Helgeson &
Ursic, 1993).

A potential solution to this problem is to find a way in which to structure the
résumé evaluation process. Research on the selection interview has demonstrated that
providing structure to the interview process in terms of asking the same questions of
all candidates and developing guidelines for scoring their responses results in higher-
quality organizational outcomes in terms of hiring the best candidates (Campion,
Palmer, & Campion, 1997). Providing structure to the evaluation of applicant résumés
may hold similar benefits.

Given the wide array of tools and techniques for evaluating applicants in the

early stages of the selection process and the lack of empirical research in this area,



14
several questions exist regarding the benefits of these applicant screening techniques

and their relationships with key organizational outcomes. The present study will
address some of these questions. First, applicant prescreening will be examined in an
actual hiring context to provide analysis and recommendations regarding the most
effective and appropriate content and usage. Effectiveness and appropriateness will be
determined via assessments of the job-relatedness of questions for specific positions
being assessed and the questions’ ability to provide meaningful differentiation
between applicants, respectively. Second, the validity of prescreening will be assessed
in a sample of entry-level customer service and entry-level and above entry-level
physical job applicants for predicting key organizational criteria. Finally, a
standardized résumé scoring evaluation procedure will be compared to a more
traditional, holistic résumé evaluation process to assess the quality and similarity of
the results produced, as well as whether there are differences across these methods in
terms of their reliability.

The present study incorporates a variety of literatures to inform hypotheses
regarding the nature and outcomes of applicant prescreening. First, the personnel
psychology literature is reviewed in terms of relevant selection methods that can be
expected to have utility in understanding the nature of prescreening. Specifically,
research investigating the content and validity of assessments of applicant experience
is reviewed. This review focuses on application blanks, T&E forms, and biographical
data. Each of these is reviewed in terms of the nature of the assessment (e.g., rationale,

content), important methodological considerations regarding their use (i.e., item
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development, scoring), and psychometric properties (i.e., reliability and validity). This

discussion is followed by a review of selection from an organizational perspective.
The organizational perspective draws upon concepts from open system theory (Katz &
Kahn, 1978), the attraction-selection-attrition (ASA) framework (Schneider, 1987),
and the person-organization (P-O) ﬁt literature (e.g., Kristof, 1996) to provide context
to the decision-making processes involved in employee selection. Concepts from these
theories are combined with selection decision-making research and the review of
selection methods to develop specific hypotheses in the context of applicant
prescreening. The method, procedures, and analyses used to test the hypotheses are
then elucidated. Finally, the implications of the results of the present study are
discussed, as well as the study’s strengths and limitations, and avenues for future

research.
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CHAPTER II: REVIEW OF APPLICATION BLANKS,

TRAINING & EXPERIENCE FORMS, AND BIOGRAPHICAL DATA

This chapter provides a review of commonly used preliminary selection tools.
A discussion of these methods is warranted in light of their similarity and relevance to
understanding the nature of online applicant prescreening, as little in the way of
systematic research exists regarding this burgeoning selection tool (cf. Hunt et al.,
2004).

Given that all of the selection tools discussed below have the measurement of
past work-related experience as their primary focus, an overview of methodological
considerations regarding the work experience construct and its measurement is
delineated first. This is followed by a comprehensive review of three primary methods
traditionally used to assess applicants’ past work-related experience: application
blanks, training and experience (T&E) forms, and biographical data. Discussion of
each of these tools begins with a review of the nature of the assessment, followed by a
review of the empirical literature regarding the development of the assessment, as well
as the assessment’s psychometric properties (i.¢., reliability and validity). Each section
concludes with a discussion of the application and relevance of these findings in the
context of online applicant prescreening.

As mentioned in the preceding chapter, online applicant prescreening is not a
clearly defined selection assessment tool (cf. Hunt et al., 2004). However, the content
of prescreening assessments is similar in scope to that of other selection methods that

have received greater research attention. This similarity is consistent with Hunter and
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Hunter’s (1984) assertion that multiple selection methods may assess similar content.

For example, applicants’ previous job experience may be assessed using an
application blank, a biographical data measure, or an interview. Although the modes
of obtaining the relevant information differ, the content of the assessment (previous
job experience) is the same.

The content of prescreening assessments is similar in scope to that of other
selection methods that have been designated as “alternative” selection methods (e.g.,
Hunter & Hunter, 1984; Reilly & Chao, 1982). In this context, alternative refers to the
fact that these assessments are non-cognitive in nature, and, consequently, have
demonstrated significantly less adverse impact compared to cognitive ability
measures. Discussion of alternative selection methods in this chapter will be confined
to application blanks, T&E forms, and biographical data (biodata) because applicants’
job experience and qualifications are typically assessed through these measures, which
make them relevant to online applicant prescreening.

As mentioned, application blanks, T&E forms, and biodata are considered
alternatives to the use of cognitive ability tests, which have been shown to result in
adverse impact (e.g., Schmidt & Hunter, 1998). Although some of these methods (e.g.,
T&E forms, application blanks) may not always demonstrate high levels of criterion-
related validity, they nevertheless are used frequently and therefore warrant
discussion. Moreover, these assessments may be useful in the earliest stages of the
selection process where the primary goal is to reduce the applicant pool to a more

manageable number and/or to make very general distinctions among applicants in
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terms of their overall quality. These objectives fit well with the stated purposes of

applicant prescreening (e.g., Hunt et al., 2004).
Application Blanks and Training & Experience Forms

Nature of the Assessments

Application blanks and T&E forms are two commonly used preliminary
selection tools. According to Gatewood, Feild, and Barrick (2007), these assessments
are typically used early in the selection process to make broad-based assessments of
applicant suitability for positions. Specifically, these tools may be used as screening
devices to determine whether applicants meet minimum job requirements. They may
also be scored to provide preliminary assessments of applicant suitability in multiple
hurdle selection. Finally, applicant performance on these assessments may be
combined with applicant scores on other selection tests to make final hiring decisions.
Accordingly, they warrant discussion in the context of applicant prescreening.
Methodological Considerations

As with most selection tests, the rationale behind the use of application blanks
and T&E forms is that applicants’ past performance is indicative of future
performance. However, the construct of work experience has lacked consistency in its
assessment. In their review and meta-analysis on the work experience construct,
Quifiones, Ford, and Teachout (1995) identified two primary dimensions on which the
assessment of work experience varies: level of specificity and mode of measurement.
The three levels of specificity identified for measuring work experience were task, job,

and organization. In terms of measurement mode, the authors identified three primary
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modes. First, time-based work experience measures may assess an employee’s tenure

within a particular job or organization. Second, measures of amount include such
frequency measures as the number of times an employee has performed a given task or
the number of different jobs an employee has held in an organization. Third, measures
of fype include qualitative descriptions of experience (e.g., management experience,
accounting experience; Quifiones et al., 1995).

Tesluk and Jacobs (1998) have further expanded this work experience model.
They incorporated additional levels of analysis (e.g., team/work group-level
experience), factors that affect quantity and quality of work experience (e.g.,
individual differences, contextual factors), and interactions between experience types.
Further, the authors propose that these factors are differentially predictive of a variety
of outcomes such as work-related motivation, knowledge and skills, work-related
attitudes, career development, and job performance. These models may have
implications for the way in which prescreening is used in practice, which will be
discussed later.
Application Blank Evaluation

The evaluation of job application information may be done through global
(binary) judgments (i.e., meets or does not meet minimum requirements) or through
some form of empirical scoring or weighting of questions (Levine & Flory, 1975).
Much of the research on application blanks has focused on a systematic scoring of the
response content, known as the weighted application blank (WAB; See Gatewood et

al., 2007). Pace and Schoenfeldt (1977) addressed a variety of legal considerations in
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the use of WABs. Given the prevalence of criterion-related validity studies in

developing the scoring system for a WAB, the procedure runs the risk of violating
EEOC guidelines regarding appropriate questions on which to base selection
decisions. Moreover, WABs are typically criticized as being atheoretical (cf. Levine &
Flory, 1975), and questions that are found to predict performance are sometimes not
job-related. To address these criticisms, Pace and Schoenfeldt (1977) recommended
use of a content validity approach to developing the relevant content of a WAB, and a
criterion-related validity approach for developing the scoring system. According to the
authors, this approach would not only reduce organizations’ vulnerability to legal
recourse, it would also ostensibly improve the quality of selection decisions based on
the method, given its increased focus on job-relevant experience.
Application Blank Reliability and Validity Evidence

Much of the published research on WABs dates back to the 1970s or earlier.
Consequently, some of the findings, especially in terms of specific items predictive of
the focal criteria, may not be appropriate given today’s legal guidelines for selection
tests. Furthermore, given that biodata was an extension and improvement on the use of
background measures, particularly the WAB (See Mumford & Owens, 1987), biodata
has received much greater research attention and will be discussed in the next section.

Much of the research on application blanks has focused on the cross-validation
of WABs (e.g., Buel, 1964; Roach, 1971). Buel (1964) found that a WAB developed
to predict turnover in a sample of female clerical employees maintained its validity

over a two-year period. In another study investigating the cross-validity of a WAB in
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predicting tenure, Roach (1971) conducted a second cross-validation study on a WAB

that had been previously cross-validated in order to determine the extent of shrinkage
over longer time periods. Many of the items that had initially cross-validated showed
substantial shrinkage in the second cross-validation study. Furthermore, for some
items, the direction of the relationship between the items and turnover changed in sign
(i.e., from positive to negative). Roach (1971) concluded that much of the WAB’s loss
in predictive ability was associated with “changes in personnel policies and
employment conditions” (p. 160). Consequently, it was recommended that WABs be
revalidated periodically to combat the decay (i.e., decrease) in validity of these
measures over time. These findings coincide with an earlier study by Wernimont
(1962), who found that the validity of a WAB used to predict clerical tenure greatly
deteriorated within a five-year period. In revalidating the items, Wernimont also found
that item weights changed dramatically, and that some items which were not
predictive of tenure in the original WAB validation were found to be predictive in the
revalidation study. Validity was stable over this timeframe for only a few items.

In a related vein, Lee and Booth (1974) conducted a utility analysis on a WAB
in addition to cross-validating it against a tenure criterion for clerical employees. The
WAB was found to be a significant predictor of tenure with little overlap in the
distribution of WAB scores for long- and short-tenure employees. Moreover, based on
a utility analysis, use of the WAB at an optimal cut score would save the organization
approximately $250,000 over a 2-year period. Translating this into today’s dollars

would result in a savings of approximately $975,000.
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Summary of Research on Application Blanks

Application blanks are commonly used preliminary selection tools. They are
typically used to make broad-based applicant assessments (i.e., whether applicants
meet minimum job requirements). The long-held maxim that past performance is the
best predictor of future performance is the primary rationale behind the use of the
application blank in selection. When scores are assigned to responses on the
application blank, based on their ability to differentiate successful and unsuccessful
employees, the assessment is referred to as a WAB. Research on the application blank
has focused primarily on WABs, specifically their ability to predict important work-
related outcomes (e.g., job performance, turnover, tenure). Much of this research has
focused on the cross-validation of WABs over time to determine the level of shrinkage
(i.e., decrease in the strength of predictor-criterion relationships). Predominately, this
body of research has shown that the Weights assigned to items on the WAB do not
hold up well over time, with many of the relationships decreasing drastically, and in
some cases, changing in sign (e.g., Roach, 1971; Wernimont, 1962). Given the sole
focus on item-criterion relationships, the method has been criticized as being
atheoretical.

Training & Experience (T&E) Form Evaluation

According to Gatewood et al. (2007), T&E evaluations are used to measure
applicants’ relevant previous education, work, and training experience. These
evaluations may be made in a variety of ways. Applicants’ qualifications may be

evaluated by staffing professionals using a checklist to indicate whether applicants
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have relevant experience based on application blank content. Training and experience

may also be assessed through a separate questionnaire completed by applicants during
the application process. These questionnaires may ask applicants to indicate whether
they have experience with the tasks or skills in question, and in some cases these
questionnaires ask applicants to rate the level of their experience in various atreas. In
this case, applicants’ self-reported experience with job-related tasks and skills is
indicated on the questionnaire, which is later evaluated or scored in some manner by
staffing professionals.

There are a variety of ways in which T&E forms may be scored. As mentioned
earlier, the most basic use of the T&E evaluation 1s as a global, overall judgment of
applicant suitability based on information provided by an applicant either through an
application blank or résumé. Gatewood et al. (2007) label this method of evaluation
holistic judgment. It is the least systematic and most informal method of evaluating
training and experience. As such, it has not been empirically investigated.

The point method employs a formula to determine point values for different
levels (e.g., years) of training, education, or experience to score T&E responses.
Typically, higher scores are associated with more recent and greater levels of training
and experience. Applicants meeting predetermined minimum requirements for the
position receive some base score (e.g., 70), with points added based on the quality or
level of their past experiences beyond the baseline (Gatewood et al., 2007). McDaniel

et al. (1988) consider this method “credentialistic” in that it does not focus on past
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accomplishments or achievements attained during the course of the relevant

experience or education.

The grouping method is a variation on the point method. Using this method,
applicants are classified into different qualification “categories” (e.g., well-qualified,
qualified, unqualified) based on their levels of training and experience (McDaniel et
al., 1988). Applicants within a particular group are assigned the same score, based on
potential combinations of training and experience that describe the typical applicant at
a given qualification level (Gatewood et al., 2007).

Applicants are assessed based on their experience or skill with various critical
job tasks using the task-based method. According to McDaniel et al. (1988), these
self-assessed ratings may be based on such dimensions as relative amount of time
spent on tasks, performance or proficiency level, amount of supervisor assistance, or
amount of additional training needed to perform the task. In terms of scoring, tasks
may be weighted based on job analysis information or may be given equal weights.

T&E evaluation using the behavioral consistency method requires applicants to
describe their accomplishments along various behavioral dimensions considered to be
related to job performance (McDaniel et al., 1988). The job behaviors that are used to
evaluate applicants are ones that have been identified as differentiating between high-
and low performers (See Gatewood et al., 2007). The scoring of these
accomplishments is typically performed using anchored rating scales developed

through job expert input (e.g., behaviorally anchored rating scales, or BARS). This
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method was employed by Hough and colleagues (Hough, 1984; Hough et al., 1983) in

developing the Accomplishment Record for selecting attorneys.

Finally, in the KSA4 approach, a job analysis (using the job element method;
see McDaniel et al., 1988) is conducted where supervisors brainstorm relevant KSAs
and their criticality to job performance. It is classified as a T&E measure when the
results of the job element method are used to evaluate education and experience. In
terms of its development and use, it is similar in nature to the task-based approach (cf.
Gatewood et al., 2007).

Training and Experience Reliability and Validity Evidence

Levine and Flory (1975) developed a framework for classifying various
methods used to assess job applications. These authors empirically investigated one of
the job application methods within their framework (a T&E form) in terms of the
reliability of the evaluations produced.

The framework focused on three main factors: job-relatedness, depth of
interpretation, and general method of evaluation. Job-relatedness is defined here as
whether the questions on the application are face valid. Depth of interpretation refers
to whether the questions asked are intended to measure surface traits (measuring an
aspect of job performance) or intended to infer some underlying trait (e.g.,
personality). Combining application information in a semi-unstructured manner
(judgmental method) and using statistical methods to arrive at an evaluation (statistical

method) are the two types of general methods of evaluation delineated by the authors.
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In all, Levine and Flory outline eight different classifications of application evaluation

methods based on the three overarching dimensions.

Levine and Flory (1975) empirically investigated the reliability of ratings of a
T&E form that was high on job relatedness, assessed surface characteristics, and was
scored using the judgmental method (in this case, the grouping method). They
hypothesized that reliability would be affected by the experience of the raters, the
standardization of the scoring system, and the standardization of the application form.
Specifically, reliability was expected to be higher when raters had more experience
and when the scoring system was more standardized (this variable was not
manipulated in the study).

A total of 15 job classes were examined, with approximately 20 applications
per job, which were analyzed by 7 personnel analysts. These analysts had substantial
variability in terms of their experience in evaluating applications. The procedure used
by Levine and Flory (1975) to develop the scoring system for the T&E forms was as
follows. An analyst conducted a job analysis for a position, which was then checked
by a second analyst. The two analysts then independently evaluated the applications
and provided scores. Data were analyzed through correlations between raters and
Cohen’s Kappa to more accurately assess the reliability of the scoring system. Overall,
the interrater correlations were high (median = .96) across the positions. Correcting
this for chance agreement (Kappa) provided a median reliability of .91 (reliabilities
ranged from .54-1.00). Raters’ level of experience was found to have an impact over

and above the lack of standardization of the applications and the scoring method. The
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authors concluded that the T&E method was a robust method of evaluation. Evaluators

with widely varying levels of experience had high levels of agreement in their
evaluations across applicants even though the content of each evaluation by job type
was unstandardized.

Ash and Levine (1985) examined the reliability and validity of four different
T&E scoring methods across three different job classes in a promotional context. Data
for each of the T&E methods were gathered in the following manner. The application
packets for each job class contained an application form, tasks performed form, a form
on which applicants indicated their job-related achievements, and a peer nomination
form (used as a surrogate criterion in lieu of actual hiring decisions). The application
form was used to evaluate the point and grouping methods of T&E evaluation. The
tasks performed form was used to evaluate task-based T&E evaluation. Finally, the
achievements form was used to evaluate the behavioral consistency method of T&E
evaluation. Participants also nominated the top three individuals they felt would
perform best in the supervisory position for their respective jobs. Undergraduates
scored the content of the applications based on each of the T&E methods.

Results of the study suggested that the highest reliability was associated with
the task-based method, followed by the point- and behavioral consistency methods
(which were similar to each other), and the lowest reliability was associated with the
grouping method. The reliability findings in Ash and Levine’s (1985) study regarding
the grouping method stand in stark contrast to the reliability findings for this method

in Levine and Flory’s (1975) study.
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In terms of the validity associated with each method, the grouping method was

the only scoring procedure that provided significant prediction of the peer nomination
criterion. Its validity generalized across 2 of the 3 job classes. Based on the results of
the study, Ash and Levine (1985) suggest that the grouping method of T&E evaluation
is the most appropriate scoring system, given that its validity generalized across
multiple job families. Furthermore, the authors recommended that “T&E evaluation
procedures should generally be used as rough screening devices for positions where
previous experience, education, and training are necessary” (Ash & Levine, 1985, p.
575).

Hough and colleagues (Hough, 1984; Hough et al., 1983) developed an
experience measure for attorneys using the behavioral consistency approach. Taking a
content validity approach to test development, the Accomplishment Record (AR) test
and scoring guidelines were developed and validated on a sample of actual attorneys
along seven critical attorney performance dimensions (e.g., researching/investigating,
writing, oral communications). Attorneys were asked to describe major past
achievements, demonstrate the knowledge, skills, and abilities related to each
dimension, what specifically the attorneys did, the time period in which they did the
accomplishment, any formal recognition received, and the name of an individual who
could verify the information. These attorneys also completed additional assessments as
part of the overall assessment battery: a background inventory, consisting of objective,
verifiable biodata items (e.g., schools attended, grades, publications, LSAT scores,

etc.); an interest and opinion inventory, which was described as a blend of biodata and
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personality-based items (e.g., involvement in high school/college activities, leadership

positions held, etc.); and a self-description inventory, consisting of standard
personality items such as decision-making ability, self-assurance, and initiative,
among other constructs.

The criterion developed to validate the AR consisted of a performance
appraisal completed by the participating attorneys’ supervisors. The evaluation
contained both behavior centered and task-based performance assessments. Criterion
scores were formed based on each performance dimension separately as well as an
average‘ of the two scores.

After adjusting AR scores for the number of years since the attorneys had
graduated from law school (a variable found to be strongly related to AR scores), the
validity of the overall AR score predicting performance criteria was relatively high (»
= .25). Moreover, individual dimensions of the AR were found to have similar levels
of validity both for the overall performance criterion and each of the individual
performance dimensions that made up the overall performance score.

The AR was also a unique predictor of attorney performance. That is, it did not
correlate with other more traditional types of background/biodata measures and
aptitude tests, such as grades, honors, quality of education, the LSAT, or prior legal
experience. Furthermore, these latter, more traditional predictors correlated with the
overall performance measure, at best, at a level comparable to that of the AR.
Measures such as the AR, therefore, although time consuming to develop, may have

benefits in terms of comparable validity to other more traditional assessments and



30
more positive test taker reactions, given the assessment’s face validity (cf. Hough,

1984).

Finally, McDaniel et al. (1988) meta-analyzed the validity associated with
different T&E rating methods. Specifically, the authors analyzed the generalizability
of the validities associated with the point, task-based, behavioral consistency, and
KSA T&E rating methods against a measure of overall job performance. Results of the
meta-analysis suggested that, in terms of validity generalization, the validity of the
T&E methods is at best moderate (mean » = .17). However, given the large standard
deviation around this point estimate, there was evidence that T&E validity varied by
rating method. Specifically, the point method was found to have low validity (r = .11)
which did not generalize. The Illinois job element method (the operationalization of
the KSA method used in this meta-analysis) and behavioral consistency method
showed acceptable validities that were found to be generalizable, though as a caveat it
should be noted that the number of correlations in each case was quite small (e.g., 15).
The Illinois job element method had a mean validity of .20 while the behavioral
consistency method had a mean validity of .45. These two methods demonstrated
validity generalization. Finally, the validity of the task method did not generalize, as
its mean validity was quite low (» = .15) with a large standard deviation. These
findings generally coincide with those from Ash and Levine (1985) regarding the lack
of validity generalization for the point- and task-based methods of T&E evaluation.

Unfortunately, McDaniel et al. (1988) did not meta-analyze T&E ratings using the



31
grouping method, which Ash and Levine (1985) suggested demonstrated validity

generalization across jobs.
Summary of Research on Training and Experience Forms

T&E evaluations encompass multiple data collection and evaluation
techniques. The goal of these techniques is to assess applicants’ relevant past job
experience, education, and training. These evaluations include global judgments of
applicant suitability, broad-based groupings of applicants based on whether they meet
or exceed minimum requirements, and highly formalized ratings of applicants along
relevant job performance dimensions using behaviorally anchored rating scales.
Research examining different approaches to scoring T&E forms has suggested that the
grouping method performs best in terms of predictive validity generalization against
promotion criteria (Ash & Levine, 1985). The behavioral consistency method has also
shown acceptable levels of validity that generalizes across jobs (McDaniel et al.,
1988). The predictive validity associated with these methods overall is at best
moderate (see McDaniel et al., 1988), and they have been suggested as being best-
suited to making broad-based distinctions among épplicants (Ash & Levine, 1985).
Relevance of Application Blanks and Training and Experience Forms to Prescreening

Several themes relevant to prescreening emerge from this discussion of
research on application blanks and T&E forms. First, several researchers (e.g., Ash &
Levine, 1985; Gatewood et al., 2007) indicated that these methods can be used to
identify clearly unqualified applicants to remove from consideration. Second, although

these methods may be used to predict key performance criteria (e.g., McDaniel et al.,
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1988), the obtained validities are typically relatively low, and in the case of WABEs,

validities of the scoring keys tend to exhibit considerable decay over time (e.g., Roach,
1971; Wernimont, 1962). Third, these assessments provide recruiters and other hiring
professionals with a broad-based overview of applicants’ relevant experience and
qualifications to be used as an initial screening. Although the job experience construct
1s still not well understood (cf. Quifiones et al., 1995; Tesluk & Jacobs, 1998), it has
nevertheless been demonstrated that previous job experience is predictive of later job
performance. Given that prescreening is designed as a preliminary assessment of
applicant qualifications and that it typically assesses applicants’ past work experience,
it stands to reason that the research on application blanks and T&E forms may
contribute to understanding how prescreening operates in practice.
Biographical Data

Nature of the Assessment

Biodata inventories stemmed from the use of WABs (See Gatewood et al.,
2007). Selection researchers sought to develop a more thorough assessment of
applicants’ past experiences than those obtained from the application blank. In biodata
inventories, applicants receive a standardized set of multiple-choice questions
concerning their past behavior and experiences. The forms are then scored according
to the questions’ ability to differentiate between low- and high-performing employees
(Mumford & Owens, 1987).

According to Mumford and Owens (1987), the benefits of using biodata

measures are threefold. First, they are more elaborate assessments of applicants’
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backgrounds than other measures such as application blanks and T&E forms. Second,

they are a more cost-effective method of collecting background data on applicants
compared to other methods such as interviews. Third, biodata measures assess typical
as opposed to maximum performance situations. Other potential selection devices,
such as aptitude, ability, and achievement tests assess maximum performance, which
is not representative of an individual’s day-to-day job performance.

Although the rationale behind the effectiveness of biodata in predicting job
performance stems from the widely-accepted axiom in the selection literature that past
behavior is the best indicator of future performance, biodata’s scope extends beyond
assessing work-specific experiences (see Mael, 1991). Prior learning and heredity are
believed to determine one’s resources and limitations, which consequently make some
behaviors more or less likely to occur in future situations (Mumford & Owens, 1987).
Mael (1991) has elaborated on this rationale. Specifically, he discussed two primary
theoretical underpinnings for the domain of biodata. The first of these, the ecology
model, 1s one of the more clearly elaborated models for understanding biodata. The
basic premise of this model is that individuals begin life with a set of hereditary and
environmental resources and limitations that determine initial individual differences.
From there, individuals attempt to maximize adaptation to their environment through
learning and cognition. The model is motivational in nature in that individuals are
believed to select situations to pursue based on their perceived value of the outcomes,
on individuals’ preexisting needs and values, as well as their worldview, in terms of

beliefs regarding the way life should progress (Mael, 1991). At this stage, the model
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becomes cyclical in nature, in that the choices an individual makes and the outcomes

of those choices will influence later choices, and so on, forming a developmental
pattern of behavior. It is this pattern that is believed to explain the utility of biodata as
a predictor in the selection context.

However, the ecology model is an incomplete depiction of life experiences in
that its primary focus is on behaviors in which individuals choose to engage. It does
not account for things that happen o an individual. In other words, experiences
outside of the individual’s control are not explained by the ecology model.

Accordingly, Mael (1991) suggests that concepts from social identity theory
(SIT) are also applicable to biodata. Briefly, SIT states that an individual’s self-
concept is composed of a personal identity (attributes about oneself specific to the
individual) and a social identity (the self defined in terms of psychologically
belonging to some social category). Each of these identities is combined to make up
the individual’s identity. The individual’s identity, in turn, influences his or her
behavior (Mael, 1991). SIT posits that people behave in accordance with how they
define themselves, and these definitions are influenced by people’s associations with
the various social groups with which they identify. The SIT perspective is relevant to
understanding biodata’s purported effectiveness in that it helps to explain the effects
of experiences that are outside of the individual’s control. Specifically, experiences
that categorize an individual have the potential to influence that individual’s
subsequent patterns of behavior. This falls within the purview of biodata, in that

biodata items not only assess applicants’ choice-based behaviors, but they may also
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tap the effects of applicants’ association and identification with various psychosocial

groups (Mael, 1991). However, it should be noted that SIT is not deterministic in
nature, only that some aspects of group membership or association may explain an
individual’s experiences that are non-volitional in nature.

There has been a fair amount of debate over the appropriate scope of biodata
question content (see Mael, 1991, for a discussion). However, given the theoretical
underpinnings discussed earlier, it is clear that biodata’s content domain may extend
well beyond the assessment of work-specific experiences. Biodata can be used to
assess skills and abilities as well as more temperament- or personality-oriented
constructs. Regardless of what specifically is being assessed through biodata, the
common thread running through biodata inventories is that they assess applicants’ past
experiences using a quasi-longitudinal format (Mumford & Owens, 1987). That is, the
types of questions used in background data measures assess relatively discrete
situations in an applicant’s life, and how the applicant handled these situations. The
response options developed for each item are used to best describe the applicant’s |
prior behavior and experiences in that situation. A recent study (Mount, Witt, &
Barrick, 2000) investigating the relative contributions of biodata, cognitive ability, and
personality (using the Big Five model) in predicting multiple performance criteria
(e.g., quantity and quality of work, problem solving ability) for clerical employees
found that the biodata scales, although correlated with the measures of cognitive

ability and personality, predicted unique variance in each of the criteria. This finding
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helps to underscore the multidimensional nature of biodata and its distinctions from

other assessments.
Methodological Considerations

In terms of creating a biodata inventory, there are three main considerations
outlined in the literature regarding biodata item types. These concern the various types
of biodata items that may be used, methods for creating biodata content, and the
scoring of biodata inventories. Each of these issues will be discussed in turn. These
issues are of great importance in the development of these inventories, and have direct
implications to the development and use of online applicant prescreening. In fact,
many of the considerations described below are examined and directly tested in the
present study.

Item types. Regarding the types of questions that fall under the domain of
biodata, Mael (1991) developed a general taxonomy of item content falling into three
broad categories, encompassing ten different item types. The first of these categories,
historical, refers to the widely accepted axiom in much of the personnel research that
past behavior is the best predictor of future behavior. This type of item is considered
by Mael to be the cornerstone of all biodata items, as such inventories are designed to
assess factual information about applicants’ previous behavior and experience.
Although this biodata item dimension appears similar in scope to the content assessed
via T&E evaluations, biodata items may assess past behavior that is not expressly

related to past work experience. That is, biodata may assess applicants’ past behavior
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and experiences outside of the work domain. Hypothetical or future-oriented questions

are considered to be beyond the purview of biodata.

Mael’s (1991) second category refers to the idea that biodata content should
be, in theory, verifiable. Consequently, dimensions in this category consist of ideal
attributes of items that should increase the likelihood that the information provided by
applicants will be accurate or verifiable. Attributes of items falling into this category
include external, objective, firsthand, discrete, and verifiable, in order of increasing
likelihood of self-report accuracy (issues surrounding response accuracy will be
addressed in greater detail later). Although thoughts, feelings, and attitudes may not be
considered verifiable per se, they may be assessed in reference to actual events in an
applicant’s life history.

The final broad category used by Mael (1991) to classify biodata items
involves legal and ethical concerns surrounding its use for selection purposes. Item
types falling under this category include applicant behaviors and experiences that were
controllable, to which all applicants had equal access, job-relevant, and non-invasive.

A fourth category on which biodata items have been classified concerns
response format (e.g., Mumford & Owens, 1987). Examples of response formats that
may be used for biodata items include binary (e.g., Yes-No), multiple-choice items
with response options falling on a continuum, and multiple-response items.

Methods for creating biographical data content. As with most properly-
developed selection procedures, the development of a biodata inventory should begin

with an analysis of critical elements of the job that are related to successful
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performance. However, in some cases, such as entry-level positions, applicants may

not have directly relevant experience. Using a developmental perspective in the
generation of biodata items may overcome this obstacle. Specifically, in a study by
Russell, Mattson, Devlin, and Atwater (1990), biodata items were developed using a
developmental-integrative approach. Using a developmental-integrative framework,
“[i]nvestigators construct hypotheses about what kinds of developmental episodes are
related to subsequent criterion performance” (Russell et al., 1990, p. 569), consulting
such sources as the developmental psychology literature and job incumbents, among
others.

Russell et al. (1990) used an essay writing approach in their development of a
biodata inventory to predict the success of first-year Naval academy students.
Specifically, a sample of first-year students was asked to generate life history essays
that were hypothesized to relate to cértain criterion dimensions with which students
were expected to have had prior experience. From the content of the essays, as well as
additional follow-up interviews with a subset of the students, biodata items and
response options were developed.

The resulting biodata scales (developed for specific performance criteria) were
empirically keyed and cross-validated on the following year’s cohort, who also
provided the criterion data assessed at the end of the school year. This method of
biodata development showed promise in predicting first-year Naval academy student

performance. Not only was the measure predictive of key performance criteria, it also
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demonstrated incremental validity beyond the assessments used by the Navy to select

candidates into the academy.

Scoring biographical data inventories. Turning to issues surrounding the
development of scoring systems for biodata inventories, the literature has identified
three main approaches. The first of these, the rational approach, is considered to be
one of the more theoretical of the scoring systems, in that its focus is on the
interpretability of biodata item variances (Mitchell & Klimoski, 1982). That is, this
method employs factor analytic techniques on item responses to derive interpretable
perfonnance-rélated constructs. In addition to its practical benefits, the advantage of
this approach is that it provides theoretically meaningful constructs related to
performance, which may result in advancing theory. The main criticism of this method
is that it is time-consuming to develop.

According to Mitchell and Klimoski (1982), the empirical keying method
focuses on item-criterion relationships, with the goal of maximizing the biodata
instrument’s ability to predict the criterion of interest. This is considered to be the
primary advantage of the empirical keying approach. However, this method is often
criticized as being atheoretical, and depending on the content of the instrument, may
be likened to dustbowl empiricism.

A third approach to scoring biodata, the subgrouping method (see Mael, 1991;
Mumford & Owens, 1987), focuses on clustering individuals based on their response
patterns. Based on the response profiles of those completing the assessment,

individuals are grouped together in meaningful ways, indicative of common
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developmental trajectories. These can then be assessed in reference to important

criteria to determine which backgrounds are best suited to the position. Mael (1991)
considers this approach to be more naturalistic because it combines experiences and
life events to gain an understanding of how these have shaped an individual’s
behavior.
Biographical Data Validity

Meta-analytic evidence. Meta-analyses have indicated that biodata instruments
have the potential to predict substantial amounts of variance in key performance and
retention criteria. Reilly and Chao (1982) examined the validity of biodata across six
different job classes (e.g., management, clerical, sales) and five criteria (e.g., tenure,
productivity, performance ratings). Overall, the average validity of biodata across job
classes and criteria was .35. Across four different criteria, Hunter and Hunter (1984)
found biodata validities ranging from .26 (predicting tenure and promotion) to .37
(predicting supervisor ratings). Further, these authors found similar levels of validity
for biodata used in entry-level jobs (.37). Finally, a more recent meta-analysis
(Schmidt & Hunter, 1998) reported a mean correlation between biodata and overall
job performance of .35. Overall, these studies suggest that biodata validity generalizes
across a variety of job types and levels as well as multiple criteria.

Validity of specific scoring approaches. Concerning which biodata scoring
methods produce the best outcomes (i.e., validity), Mitchell and Klimoski (1982)
directly compared the rational and empirical keying approaches. The authors

examined the cross-validities associated with each of the methods in terms of the
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amount of observed shrinkage, as well as a direct comparison of the validities of each

method for predicting the criterion. A sample of prospective real estate agents was
used in this study, with the criterion being the obtainment of a real estate license.

The biodata instrument consisted of multiple-choice items developed with the
input of job incumbents, as well as a review of job analyses to derive items that were
believed to be related to the criterion. The final measure consisted of 88 items with a
test-retest reliability of .84 (The authors state this is based on a very short retest
interval.). Data were collected on three samples of real estate students. The first two
samples were used to derive the initial validities, and the third sample was used for
cross-validation. The students’ data were randomly assigned to scoring method.

Standard procedures associated with each of the scoring methods were used.
Specifically, empirical keying was performed by Mitchell and Klimoski (1982)
according to accepted guidelines for scoring WABs. (See Gatewood et al., 2007, for a
discussion of this procedure.) Data were divided based on those students who had
obtained a real estate license versus those who did not. Percentage differences for each
response option were computed, and appropriate weights based on the magnitude of
the response differences were derived. Weights were summed across all items. Three
initial searches were conducted to begin the rational scoring process. The tasks
performed by real estate associates were analyzed, relevant career counseling and
career development literature was examined, énd a review was conducted of the
psychological and sociological literatures regarding the influence of background

factors on career success. These searches resulted in the development of 4 a priori life
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history constructs. Item response options were then scored on a continuum (unit-

weighted), and a factor analysis was performed, resulting in 6 interpretable factors.
Regression equations were developed based on both scoring methods for the
derivation and cross validation samples, and the predicted Y scores were correlated
with the actual criterion in both cases to determine the validity for both methods.

The results of the Mitchell and Klimoski (1982) study supported the
hypotheses. Specifically, the validity and cross-validity obtained for the rational
approach did not differ (» = .36 in each case). Substantial amounts of shrinkage were
found for the validities in the empirical keying sample (» = .56 and .46 for derivation
and cross-validation samples, respectively). However, comparing the cross-validities
of the two methods resulted in a significant difference in favor of the empirical keying
method. In concrete terms, there was an 8% better prediction of the criterion using the
empirical keying method.

In terms of the practical significance of the different findings across the two
scoring methods, Mitchell and Klimoski (1982) created a hit/miss matrix for each of
the methods based on the development of cut scores. The empirical keying method
again demonstrated a 6% higher level of correct classification. The significance of this
result depends on the costs associated with making an incorrect decision.

The authors conclude that the empirical keying approach, if performed
correctly (i.e., using adequately large samples and item pools, using a predictive
criterion-related validity strategy), may be an acceptable method of scoring a biodata

inventory, especially if the items are periodically cross-validated to minimize the
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amount of shrinkage over time. However, the rational keying approach is also

considered an acceptable method, and due to its theory-based method of development,
should have greater explanatory ability from a theory-based perspective, as well as
greater generalizability. However, this method is associated with greater costs in
development and has the questionable assumption of linearity. Thus, in essence, the
two scoring methods are each acceptable, and, depending on whether the focus is on
developing meaningful performance-related constructs or maximizing prediction of
the performance criterion, the rational and empirical keying methods will be more
likely to produce the desired outcomes, respectively.

Validity generalization. One criticism of biodata inventories is that, because
they are developed for use within a specific organization, their validities do not
transfer to similar positions in other organizations. However, this may depend on the
methods used in developing the biodata instrument.

Rbthstein, Schmidt, Erwin, Owens, and Sparks (1990) hypothesized that the
organizational specificity of biodata validities is caused by the methods used to
construct the biodata scales. To test this hypothesis, the authors conducted a meta-
analysis of data obtained through the process of developing and implementing a
biodata instrument in a multi-organizational sample. Items in the development process
were only retained if they demonstrated desirable statistical characteristics across
organizations.

The participants in the validity generalization sample contained both blue- and

white-collar supervisors in various industries including utilities, automotive, and
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banking. The presence of moderators to the biodata instrument’s validity was tested by

organization as well as by other potential moderators such as race, gender, and
education. The criteria developed for the study consisted of statements about the
employees’ performance of specific job duties and overall job performance, and
statements about supervisory abilities and overall ability to perform the supervisory
job. These ratings were made by the participants’ immediate supervisors and an
additional evaluator who was familiar with the participants’ performance.

Results for the ability rating criteria showed that the validities of the biodata
instrument demonstrated little if any variation after correcting for artifacts, providing
little support for the potential presence of moderators. The average validity obtained
for the biodata instrument in this study was comparable to the validities that have been
reported in the literature for cross-validated biodata instruments (see above). Based on
these findings, Rothstein et al. (1990) suggest that biodata instruments, if developed
using a multi-organizational sample to key the instrument, may demonstrate
generalizable validity that is not moderated by individual difference factors.

Hinrichs, Haanperi, and Sonkin (1976) examined the generalizability of a
biodata inventory’s validity for sales positions in a multinational organization.
Originally developed in Finland, the inventory was refined and administered to
samples in Sweden, Norway, France, Portugal, and the United States. Results of the
study indicated that the validity of the instrument generalized across the different
international samples. The more similar the culture and occupational (e.g., tenure,

experience) makeup of the international samples, the more the validity of the biodata
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inventory generalized. In some cases, validity did not generalize. However, it is likely

this was due to small sample sizes (e.g., the Portuguese sample consisted of only 22
employees). Overall, Hinrichs et al. (1976) demonstrate‘d that biodata validity may
generalize across national boundaries with minimal adjustments to the original scoring
key. This study, as well as the Mitchell and Klimoski (1982) and Rothstein et al.
(1990) studies, demonstrate some of the advantages of the rational keying approach to
scoring biodata.

Relevance to Prescreening

Biographical data research has direct relevance to applicant prescreening in the
following ways. First, similar to the discussion of application blanks and T&E forms,
biodata may also be used to assess applicants’ past work experience. Past work
experience is also typically assessed with prescreening. Second, the format of biodata
(i.e., use of multiple-choice questions, multiple-response questions) is similar to that
used in prescreening. Third, biodata assessments may be used in a prescreening
context.

A study by Pannone (1984) used a rationally developed biodata measure (using
the behavioral consistency approach) to predict scores on a content-valid test for
electrician applicants. Biodata was used to screen out clearly unqualified applicants
before administering the selection test. Scores on the biodata questionnaire were
correlated with scores on the selection test, and this relationship was compared to the
relationship between the selection test and education and experience questions

(Education and experience questions had been previously used to screen applicants.).
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Results showed that the biodata questionnaire demonstrated a stronger

relationship to the written test than did the education and experience questions.
Pannone (1984) suggests that the use of more specific biographical data for screening
purposes is superior to the use of broader screening criteria such as education level
and years of experience. Given that applicant prescreening as defined in this proposal
may be considered to be a “mini-biodata” measure, prescreening may also be a
superior assessment of experience than more general T&E forms. For the reasons
listed above, it appears that the biographical data literature has implications for
understanding the way that prescreening operates in practice.
Comparisons and Distinctions between Methods

Based on the above discussion of application blanks, T&E forms, and biodata,
a common thread emerges regarding each of these methods. Specifically, each of these
applicant evaluation procedures has as their primary goal an evaluation of relevant
applicant experience and qualifications. Such method-content distinctions have been
articulated previously by Hunter and Hunter (1984). Specifically, the primary
difference between application blanks, T&E forms, and biodata is in the method used
to collect relevant applicant data. For example, although referred to as an assessment
of training and experience, T&E evaluation may be based on information provided in
the application blank. Biodata inventories may directly assess applicants’ past work
history, albeit in multiple-choice format as opposed to the typical “longhand”
presentation of this information as represented in an application blank. Therefore, the

primary distinction between these methods lies in the format in which the data are
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collected as opposed to the content being assessed. Given that prescreening assesses

the same content as these aforementioned applicant assessments, though using
different methods, these assessments are relevant in the context of prescreening, as
prescreening is yet another method used to collect data on applicants’ relevant past

work experience in the early stages of the hiring process.
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CHAPTER III: A SYSTEMS PERSPECTIVE

This chapter focuses on research that takes an organizational systems
perspective to understanding the nature of the hiring process. This discussion will
focus on two different levels of analysis. First, a high-level analysis of the process
from an organizational perspective will be discussed. This will be followed by a
discussion of the concepts as applied to an individual hiring decision with a focus on
the decision-making process and human information-processing limitations. This will
be compared to a purely statistical approach to decision-making. Implications of these
perspectives for organizational hiring practices in general, and preliminary applicant
evaluation methods in particular, will be discussed.

The literature discussed in previous chapters has focused primarily on various
types of selection tools and their predictive ability. Although selection research has
demonstrated that these methods have the potential to provide meaningful distinctions
between applicants from a purely statistical perspective, these findings do not
necessarily reflect the use of selection tests in practice. One recent study (Nowicki &
Rosse, 2002) that sought to understand the selection process from the manager’s
perspective found that attributions made by managers regarding the successes and
failures surrounding a hiring endeavor had little to do with the purported benefits of
the selection tests employed. Instead, successes were attributed to luck, while failures
were attributed to situeitiénal constraints or inadequacies in the hiring process (e.g., not

checking applicant references, inadequate information collected in interviews).



49
These findings are of particular concern in light of the nature of online

applicant prescreening. Online applicant prescreening is a relatively new selection tool
and its role in the overall hiring process is rapidly expanding, especially in large
organizations (cf. Cober et al., 2000). Considering the large volumes of épplicants that
are processed in such organizations and the technological aspects of the prescreening
process, it is critical that prescreening’s operation in practice be understood.
Specifically, the decision-making processes involved in prescreening need to be
optimized in order to meet the multiple objectives of managing large numbers of
applicants, streamlining the hiring process, hiring the best applicants, and avoiding
opening the organization up to litigation.
An Open System Theory Perspective on Recruitment and Selection

Katz and Kahn (1978) applied an open system approach to understanding the
function of organizations. In essence, organizations are considered to be social
systems that must interact with the external environment in order to survive. That is,
organizations exist because of the people in them. Generally speaking, open system
theory seeks to understand the functioning of systems through their interaction with
the surrounding environment. According to Katz and Kahn (1978, p. 3), “The behavior
of an organization is contingent upon the social field of forces in which it occurs and
must be understood in terms of the organization’s interaction with that environmental
field.”

Using the terminology of open system theory, the acquisition of necessary

resources is known as the system input. These inputs are acted upon by the
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organization in order to generate a product or service, which is then used by some

entity outside of the system. These processes refer to the concepts of throughput and
output, respectively. These outputs are then said to provide the system with the ability
to acquire additional inputs, thus perpetuating the cycle. If successful, not only does
the organization reduce its entropy, it may also grow and incorporate into itself aspects
of the environment.

Organizations persist because they are able to successfully acquire the
resources from their environment (e.g., raw materials, human resources) necessary for
them to continue functioning. The process of recruitment and selection may be
considered part of this acquisition process. Recruiters operate on the boundaries of the
system, interacting with the environment in order to bring in human capital from the
environment necessary for the organization to complete its functions. They act to
maintain the system’s dynamic homeostasis (Katz & Kahn, 1978). That is, although
the specific individuals that make up the organization change over time (e.g., through
attrition), the functions of the organization remain the same. Hence, the role of the
human resources subsystem is that of attracting and selecting individuals into the
system to aid the organization in its operations and acquisition of negative entropy.

An additional key concept that Katz and Kahn (1978) take from open system
theory to explain the functioning and persistence of organizations is that of
maintenance energy. This concept refers to the reduction of human behavior
variability that helps to produce stable patterns of activity within the system.

Specifically, the authors state that “the continued existence of a social system . . .
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requires not only the physical presence of human beings but their enactment of

particular behavior patterns” (Katz & Kahn, 1978, p. 41). Three forces that act to
reduce human variability are environmental pressures, shared values and expectations,
and rule enforcement. Of these, shared values and expectations may be the most
directly influenced by the recruitment and selection subsystem. Shared values and
expectations refers to the fact that individuals who have common goals and shared
expectations regarding the behavior required for their accomplishment results in
cooperative activity. Thus, shared values and expectations aid individuals in the
organization to coordinate activities in order to reach system objectives (i.e.,
organizational goals).

Personnel Psychology Selection Models

Two related streams of research in the personnel psychology literature directly
pertain to the open system theory concept of maintenance energy as it relates to the
recruitment and selection subsystem. The more general, systemic model is the
attraction-selection-attrition (ASA) model first proposed by Schneider (1987).
Stemming from this organizational research paradigm is research on person-
organization (P-O) fit.

Attraction-selection-attrition model. The ASA model, as first articulated by
Schneider (1987), takes an interactional, systemic approach to understanding
organizational behavior. According to the model, contextual variables such as the
structure, climate, and culture of organizations are influenced by the individuals

contained within them. The traditional approach to understanding individual behavior
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in organizations has been that aspects of the organization (i.e., contextual variables)

are what influence individual behavior. The ASA model proposes the converse. In
essence, organizational structure and culture are considered emergent properties
stemming from the people contained within the system.

First articulated by Katz and Kahn (1978), organizations are social systems
that are goal-directed. The behaviors engaged in by organizational members in pursuit
of the organization’s goals are the determining factors of organizational processes and
structures (Schneider, 1987). These goals have implications for the way in which
organizations select individuals into the organization. In general, people are attracted
to and selected by organizatioﬁs with similar values. Once selected, employees who
find that they are not a good fit with the organization’s culture and values tend to leave
the organization. Empirical research has supported this effect (e.g., Schaubroeck,
Ganster, & Jones, 1998). The overall result is a homogenization of the types of people
contained within organizations. This effect may be beneficial to organizations in their
nascency, but over time this effect can lead to organizational rigidity and a reduced
ability of the organization to effectively adapt to changes in the environment
(Schneider, Goldstein, & Smith, 1995).

Person-organization fit. Traditionally, the selection literature has focused
specifically on selection test validity and utility. More recently, attention has been
directed to the concept of applicant fit with the organization or position to which they
are applying. These fit assessments fall under the general rubric of the P-O fit

literature, and have lent direct and indirect support to the attraction and selection
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aspects of Schneider’s (1987) ASA model, although attraction and selection have been

confounded in some of these studies (e.g., Schaubroeck et al., 1998). Broadly defined,
P-O fit refers to “the compatibility between people and organizations that occurs
when: (a) at least one entity provides what the other needs, or (b) they share similar
fundamental characteristics, or (c) both” (Kristof, 1996, pp. 4-5). Contained within
this definition is the notion that fit may be defined as compatibility or complimentarity
(supplementary and complimentary fit, respectively) of an applicant and the
organization in terms of the applicant’s personality and the organization’s culture or
values. Also contained within this definition is the idea that fit may be the result of the
organization satisfying applicant preferences or needs and/or it may be the result of the
applicant having the requisite KSAs needed by the organization or position (needs-
supplies and demands-abilities perspectives, respectively; Kristof, 1996).

The operationalization of fit can be conceptualized at different levels of
analysis. Kristof (1996) identified three such levels. First, fit may be assessed in terms
of the match between an individual’s personality and the “personality” of an
occupation (e.g., based on Holland’s (1985) RIASEC typology). Assessing
compatibility of the two profiles is an example of person-vocation (P-V) fit. Fit may
also be assessed at the work group level (P-G fit). In this instance, compatibility
between the individual and the work group is assessed. Finally, person-job (P-J) fit
measures the match between an individual’s KSAs and job requirements. This
operationalization of fit may be the most directly applicable to the prescreening or

résume evaluation process, as evaluations at this stage of the selection process focus
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primarily on whether applicants meet minimum job requirements. This contention is

supported by the P-O fit literature. Specifically, Kristof (1996) suggested that P-O fit
may not factor into hiring decisions until job-specific and overall fit have been
assessed in the early stages of the selection process.

The empirical literature examining P-O fit has generally supported the multiple
conceptualizations, unique effects, and operation of fit assessments in actual selection
contexts. Much of this research has occurred in the context of interviews, which is the
typical stage at which such fit assessments are made (e.g., Kristof-Brown, 2000;
Rynes & Gerhart, 1990).

Rynes and Gerhart (1990) examined interviewers’ assessments of fit in an
actual selection context in terms of general fit for the position (P-J) as well as firm-
specific employability (P-O). The goals of the study were to determine whether fit
assessments differ from the assessment of general employability, to what extent
recruiters’ fit assessments are generalizable (i.e., non-idiosyncratic), and what
applicant traits are associated with fit assessments beyond applicants’ objective
qualifications.

Recruiters in the sample assessed graduating MBA students who applied for
positions in multiple organizations. This allowed for the determination of level of
idiosyncrasy in recruiters’ fit assessments. That is, recruiters within an organization
should agree more in terms of an applicant’s firm-specific fit than would recruiters
from different organizations evaluating the same applicant. Recruiters provided three

primary applicant assessments: a trait assessment of applicants along ten dimensions
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(e.g., general knowledge, leadership), an assessment of the applicant’s overall

employability, and an assessment of the applicant’s firm-specific employability.

Results of the study supported the hypothesized differences between
assessments of P-J and P-O fit. First, recruiters’ assessments of applicants’ firm-
specific fit were lower than their assessments of applicants’ general employability.
Within-organization recruiters demonstrated higher levels of agreement in terms of
their assessment of applicants’ firm-specific employability than did recruiters across
organizations, demonstrating that firm-specific fit assessments extend beyond mere
recruiter idiosyncrasies. Finally, controlling for general employability assessments,
objective applicant qualifications did not predict variance in firm-specific
employability, whereas applicant traits such as interpersonal characteristics and goal
orientation were predictive of firm-specific assessments. Taken together, the findings
support the contention that fit assessments differ from assessments of general
employability. Moreover, fit assessments go beyond mere recruiter idiosyncratic
preferences.

Cable and Judge (1997) developed and tested a comprehensive model of the
operation of P-O fit assessments in the hiring process. This model tested the selection
aspect of Schneider’s (1987) ASA model. Incorporated into this model were physical
and demographic attributes of the applicant (e.g., gender, physical attractiveness,
interviewer liking of the applicant) as well as more objective aspects of applicant
qualifications (e.g., work experience, GPA). These characteristics were hypothesized

to influence interviewers’ perceptions of applicant P-O fit. Actual (i.e., objective)
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congruence between applicant and organization values were expected to influence

interviewers’ perceptions of applicant-organization values congruence, which in turn
were also expected to influence interviewers’ assessments of P-O fit. Interviewer P-O
fit evaluations were expected to influence interviewers’ hiring recommendations,
which were vhypothesized to influence organizational hiring decisions. This study used
a longitudinal design, assessing the key fit variables from both the interviewee and
interviewer perspectives in order to determine the extent of P-O fit.

Results of the study generally supported the linkages specified in the model.
Specifically, actual values congruence between applicants and organizations
significantly predicted interviewers’ perceptions of congruence, which in turn
significantly predicted interviewers’ evaluations of P-O fit. Further, “peripheral”
aspects of applicants (i.e., interviewer liking of applicant, physical attractiveness) were
positively related to interviewers’ perceptions of P-O fit. In turn, P-O fit evaluations
were positively related to hiring recommendations, which were also positively related
to actual hiring decisions. The findings of this study suggest that perceptions of fit
significantly influence selection decisions, providing some support to the operation of
Schneider’s (1987) ASA framework.

Kristof-Brown (2000) examined the antecedents of two types of fit
assessments. Specifically, aspects of applicants were expected to differentially
influence recruiters’ assessments of applicant P-J fit and P-O fit. Specifically,
assessments of P-J fit were expected to be more influenced by applicant KSAs than by

applicant values. Conversely, assessments of P-O fit were hypothesized to be
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influenced more by applicant values and personality than by applicant KSAs. Actual

recruiters viewed mock interviews of applicants that varied in values, personality, and
qualifications (as demonstrated in résumés). Results of the study suggested that,
although all recruiters in the study used KSAs in both P-J and P-O fit assessments,
there were significant differences in the frequency with which KSAs were mentioned
as indicators of each type of fit. Specifically, KSAs were reported with greater
frequency in P-J fit assessments than in P-O fit assessments. Values and personality
were also used to assess both types Qf fit. However, they were mentioned as indicators
of fit more frequently for P-O fit than for P-J fit. The results demonstrate that
assessments of job-specific and organizational fit, although having overlapping
antecedents, are most influenced by different applicant characteristics.

Based on these findings, Kristof-Brown (2000) examined the relative influence
of fit perceptions on actual hiring recommendations. Recruiters conducted interviews
with actual applicants, after which they completed measures regarding their
perceptions of the applicants’ P-O and P-J fit as well as their hiring recommendations.
Results showed that although P-O and P-J fit were highly correlated, they are
factorially distinct. Moreover, each fit type predicted unique variance in hiring
recommendations over and above the other fit type, with P-J fit contributing more to
the prediction of hiring recommendations.

Decision-Making Approaches in Selection
Based on the above discussion of issues of applicant fit, it is clear that the

applicant hiring process consists of more than simple test-performance relationships.
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Applicants are not only evaluated based on their objective qualifications, they are also

assessed in terms of their match to organizational goals, whether these goals are
defined based on job requirements or broader organizational values and objectives (cf.
Kristof, 1996). Thus, a consideration of various decision-making strategies in the
selection process may be useful in understanding the ways in which organizations
identify applicants who are best suited for positions.

Image theory and prospect theory. In her discussion of the importance of P-O
fit in selection, Kristof (1996) draws upon image theory and prospect theory in order
to understand the decision-making processes involved in the selection process. Using
prospect theory (Kahneman & Tversky, 1979), the selection process can be
conceptualized as a decision-making task occurring under conditions of risk. Risk, in
the selection context, can be operationalized as the costs associated with selecting the
wrong individuals for positions. That is, the applicants selected are either unsuccessful
in carrying out the requirements of the position or do not fit the overarching
organizational culture, and thus are either removed from or voluntarily leave the
organization, respectively. In the early stages of the selection process, as in the case of
prescreening, decision-makers try to avoid losses (see Kristof, 1996).

Image theory (e.g., Beach, 1990; Beach & Potter, 1992) also has direct
relevance to the selection decision-making process. According to this theory, decision-
making is conceptualized as a two-step process. In the first stage, options are first
screened out if they do not meet relevant selection criteria. Beach (1990) labeled this

stage the compatibility test. Once undesirable options have been removed, the second
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phase of the decision-making process entails choosing from among the remaining

alternatives. This phase is known as the profitability test.

These models have direct application to prescreening. Given that one of the
primary goals is to reduce the viable applicant pool, prescreening can be
conceptualized as a test of applicant compatibility with job requirements. Once
applicants have been assessed in terms of whether they meet minimum requirements,
they are then evaluated based on additional information (e.g., job-relevant experience,
résumé content, interview) to arrive at a final hiring decision.

Mechanical vs. judgmental assessments of applicant information. Applicant
information may be measured and evaluated in a variety of ways to arrive at selection
decisions. These methods vary along two primary dimensions as outlined by
Gatewood et al. (2007). The first of these, labeled mechanical, refers to the
measurement and/or assessment of applicant information that does not rely on human
Jjudgment. In contrast, judgmental procedures involve the collection and/or evaluation
of applicant information based on human judgment.

Based on these distinctions, Gatewood et al. (2007) outlined eight methods of
collecting and evaluating applicant information that vary along these two broad
dimensions. These methods include the purely judgmental collection and evaluation of
applicant information (pure judgment), judgmental collection with mechanical
evaluation (trait rating; e.g., judgmental interview ratings that are evaluated
statistically), pure statistical methods, in which applicants complete selection tests

which are scored according to statistical algorithms, and mechanical composites,
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whereby judgmental and mechanical data are combined statistically (e.g., combining

judgmental interview ratings and test scores). These decision-making strategies have
direct applications to prescreening as investigated in the present proposal. As will be
discussed in greater detail in subsequent chapters, applicant prescreening can be
conceptualized as an instance of profile interpretation. That is, applicant prescreening
data are collected mechanically, and points are assigned to various responses based on
recruiter judgment, which are then combined mechanically by the prescreening
program.

In terms of which methods are best, Gatewood et al. (2007) reviewed the
extant literature examining various strategies. In general, mechanical/statistical
methods were found to perform at or above the level of judgmental methods. The
primary reasons for the superiority of mechanical methods outlined by Bass and
Barrett (1981; cited in Gatewood et al., 2007) include more appropriate weightings of
relevant information provided by mechanical or statistical methods; the ability of these
methods to produce more accurate prediction models because they do not suffer from
human cognitive limitations; human decision makers, at best, could only be expected
to match the precision of mechanical methods; and finally, when combining subjective
and objective data, human decision-makers incorporate a substantially greater amount
of error. Issues of human decision-making limitations will be revisited in the next

chapter in the context of résumé evaluation.
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CHAPTER IV: HYPOTHESES

Several important questions regarding prescreening and résumés warrant
empirical research. In this chapter, specific hypotheses and research questions will be
developed based on the personnel selection and decision-making literatures. (See
Table 1 for an overview of proposed hypotheses and research questions.) The primary
goals of this study are to provide empirical evidence that may inform best practices
regarding the use of applicant prescreening in terms of the most effective types of
prescreening questions, the nature and quality of the distinctions that may be made
between applicants, and the ability of prescreening methods to reliably sort applicants
and the nature of the distinctions made between applicants.

Two primary screening methods will be examined. The first of these is online
prescreening, the content of which has been discussed in terms of its similarity to the
content of application blanks, T&E forms, and biodata. The second screening method
that will be investigated is the applicant résumé. It is important to understand how
résumés are evaluated by recruiters, especially since some practitioners have
considered the résumé to be of relatively little value to the selection process (see
Handler, 2002). The relative merits and limitations of each of these methods are
empirically investigated in the present study. Examining online prescreening and
résumé evaluation is critical given the rapidly increasing use of online screening
assessments and online testing in general in personnel selection (e.g., Cober et al.,
2000; Lievens et al., 2002; Ployhart et al., 2003), and the fact that applicant résumés

are frequently used by organizations as part of the preliminary applicant evaluation
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process, and, in some cases, as in the present study, they may be the sole source of

information used by decision-makers to determine which applicants will advance to
the interview stage of the selection process.

The second broad-based consideration of prescreening in the present study will
be an investigation of the validity of prescreening assessments as they are used in
practice. These hypotheses are informed by research on the validity of relevant
selection methods (i.e., application blanks, T&E forms, biodata) and will be tested
using samples of applicants for entry-level and above entry-level positions. This may
be the most appropriate sample on which to test the validity of prescreening due to the
large applicant volume and the likelihood that prescreening will be the only basis on
which decisions will be made regarding who will advance to the next stage in the
selection process.

The hypotheses outlined below will be tested across two separate studies. The
first study, which will be referred to as the Prescreening Study, will focus on assessing
the most appropriate usage of online applicant screening. Specifically, issues of the
nature and type of meaningful applicant differentiation that can be expected from use
of this tool are explored. Further, questions regarding the ability of online applicant
prescreening to predict key criteria and the characteristics of the items that are
predictive of these outcomes are examined in the entry-level and above entry-level
physical jobs and the entry-level customer service job applicant samples.

The second study, referred to as the Résumé Study, will explore whether

providing evaluation guidelines and a standardized evaluation format improves the
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résumé evaluation process. Given that, in many higher level jobs, the résumé is the

basis for preliminary selection decisions, the role of the résumé and the manner in
which this information is evaluated become critical. Thus, the Résumé Study will
evaluate the effectiveness of different résumé evaluation techniques using a sample of
applicant résumés for a professional position. The hypotheses involved within each of
these studies are outlined below.

Prescreening Study
Prescreening Validity

An important issue regarding online applicant prescreening that has not been
investigated concerns the validity that caﬁ be expected from these assessments. Given
the brevity and nature of the assessment, it is expected that its validity would be
similar to that of a T&E evaluation. Validity is defined in the present proposal as the
relationship (i.e., correlation) between the predictor measure (prescreening) and key
criteria (e.g., preemployment written test scores, hiring decisions, employee tenure).
This conceptualization of validity is typically referred to in the personnel psychology
literature as predictive or criterion-related validity.

One study that meta-analyzed the relationship between T&E scores and
performance ratings found an overall validity of .17 (McDaniel et al., 1988). Similar
levels of validity may be expected for prescreening. Meta-analyses of the criterion-
related validity of biodata measures predicting supervisor ratings of performance and
tenure have found mean correlations of .35 and .32, respectively (Mumford & Owens,

1987; Reilly & Chao, 1982; Schmidt & Hunter, 1998). Similar levels of validity
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against tenure were found by Hunter and Hunter (1984). Studies investigating the

WAB have found significant relationships with turnover. For example, Lee and Booth
(1974) found a WAB used in the selection of clerical employees significantly
predicted employee tenure. Given the purported similarities between prescreening and
T&E and biodata measures discussed earlier, it is expected that prescreening will
likewise demonstrate validity in predicting key criteria.
Issues of Faking, Biodata Item Characteristics, and Their Relationship to Validity

Of greater importance than merely demonstrating a correlation between online
applicant prescreening scores and performance outcomes is to determine the
characteristics of the questions that 1) contribute to applicant prescreening score
differentiation and 2) are predictive of key criteria. These issues are of great
importance because having a clearer understanding of what types of items demonstrate
predictive utility will aid in the development of better-quality items, and hence, more
effective prescreening protocols. The quality of prescreening assessments in terms of
applicant score differentiation (i.e., variance) may depend on the types of questions
asked. Evidence from the biodata literature regarding the potential for applicant faking
provides some indirect support for this potential effect. Aspects of Mael’s (1991)
biodata item classification system also have implications in the context of
prescreening. These studies are reviewed belQW.

There is an abundance of research evidence that suggests that the more
objective or verifiable a question is, the greater likelihood that responses to that

question will be accurate. For example, Weiss and Dawis (1960) examined the
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verifiability of objective information (e.g., employment history) collected in

questionnaire format in a sample of participants with physical disabilities. Data
provided by these individuals were verified against multiple sources, including
employers, relatives, and agency records. Results suggested that the more objective
and less socially desirable the question content was, the less faking or inaccuracy was
associated with that item. Mosel and Cozan (1952) examined the accuracy of work
history information provided by applicants on an application blank. Specifically, they
sought to verify applicants’ responses to weekly salary, duration of employment, and
job duties. Responses to these questions were verified against previous employer
responses to a recommendation questionnaire. The relationship between applicant and
previous employer responses to these questions was very high (i.e., correlations were
in the .90s), suggesting a high degree of accuracy. Goldstein (1971) also compared
responses to an application blank verified against most recent previous employer
responses and found a substantial amount of inaccuracies. However, Goldstein
operationalized inaccuracy via an absolute agreement index, whereas studies
mentioned earlier used correlation analysis. Therefore, results of this study may have
been more in line with other research on response verifiability if correlation analysis
had been used.

Researchers have also examined response accuracy in biodata inventories.
Specifically, Cascio (1975), using a sample of police officers, examined the response
accuracy associated with a subset of biodata items that were considered historical and

verifiable (e.g., number of siblings, marital status). Responses to these items were
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compared for accuracy against the responses officers gave in their employment

application. Correlations between the two reports were quite high, and there was little
evidence that moderators (e.g., gender, age, length of employment) affected the
accuracy of these data.

Beyond merely investigating whether and to what extent faking on biodata
measures occurs, research has also attempted to tie faking behavior to item
characteristics and to explore whether certain item characteristics systematically vary
with item validity. Shaffer, Saunders, and Owens (1986) used a multimethod approach
in assessing biodata accuracy. Biodata items were assessed along a continuum of
objectivity-subjectivity (i.e., objective, moderately subjective, subjective), and
accuracy was assessed using both test-retest and external observer input. High school
students and their parents served as the participants. Students completed the biodata
inventory during their freshman year and again five years later. Parents of the students
also completed a shortened version of the inventory. Results of the study showed that
test-retest reliabilities for the biodata inventory at the factor level were generally high,
with more objective factors having greater response stability over time. In addition,
there was a trend toward greater student — parent agreement as biodata items became
more objective.

Kluger and Colella (1993) examined the effects of including a warning against
faking on a biodata measure, and how this warning would alter item means and
variance in relation to the level of the items’ transparency. Beyond demonstrating that

faking does occur in practice on biodata measures (using an applicant sample), the
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results of the study suggest that the effect of providing a warning against faking is

most effective on items that are transparent in nature (based on SME ratings).
Specifically, this effect was most noticeable for items that were deemed job desirable
(i.e., job related, which predicted incremental variance above ratings of social
desirability, the other of the two indicators of item transparency). The faking warning
greatly affected item means and variances on transparent items in the group of
applicants who were warned about faking. Because past studies that investigated
social desirability did not use a job-specific desirability rating in assessing the effects
of faking on biodata validity, it is possible that the extent to which applicant faking
affects selection test validity may be underestimated. Accordingly, if prescreening
assessments contain highly transparent questions, and these questions are highly job
desirable, issues of applicant dissimulation may become important, as these questions
would allow applicants to portray themselves as being more qualified for a position
than they truly are, assuming that applicant faking behavior in‘ practice is not uniform
across all applicants (i.e., some applicants are better “fakers” than others), which some
past research has suggested is the case, especially for noncognitive assessments such
as personality measures and biodata (McFarland & Ryan, 2000; Mueller-Hanson et al.,
2003).

In a similar attempt to address issues of candidate response distortion, Schmitt
and Kunce (2002) examined the effects of requiring elaboration on a subset of items in
a pilot biodata measure administered to examinees for a federal civil service job,

examining the effects of elaboration on mean item scores. Using a 2 (elaboration
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required or not required) X 2 (elaboration required on first half vs. second half of the

instrument) design, the authors found support for the effects of requiring elaboration.
Specifically, means for the items requiring elaboration were 0.6 standard deviations
lower than the same items when elaboration was not required. Moreover, these effects
carried over, albeit to a lesser extent, to items where elaboration was not required
when these items were located in the same section of the measure as the items that
required elaboration. (Elaborated items were interspersed within the first half, second
half, or both halves of the measure. One condition required no elaboration.) However,
the authors did not tie these effects to characteristics of the biodata items or to
characteristics of the participants (e.g., social desirability, impression management).

Other studies have investigated the interrelationships between faking behavior,
biodata item characteristics, and their relationship to biodata validity using Mael’s
(1991) framework. In one of the first studies to use this framework, Becker and
Colquitt (1992) examined the nature of biodata items that were most susceptible to
faking using a subset of Mael’s biodat-a item typology categories. Based on
undergraduate ratings of a subset of biodata items using definitions of Mael’s
dimensions, items that were more likely to be faked were less historical, objective,
discrete, verifiable, and external, and more job-related. However, it should be noted
that these results were based on a subsample of only three biodata items that were
found to be faked in practice.

In a comprehensive examination of Mael’s (1991) biodata typology, McManus

and Masztal (1999) tested the relationship between biodata item attributes (referred to
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as methodological attributes) and their relationship to both item validity and socially

desirable responding. Based on previous research (e.g., Becker & Colquitt, 1992;
Mael, 1991), McManus and Masztal hypothesized that historical, external, objective,
verifiable, and discrete items would exhibit greater validity compared to items that
were on the opposite end of the spectrum (e.g., nonhistorical, internal, etc.), as the
former items should demonstrate a stronger association with applicants’ prior behavior
(which is considered the best predictor of future behavior). Non-historical, internal,
subjective, non-verifiable, secondhand, summative, job relevant, and invasive items
were expected to demonstrate a strdnger relationship to a social desirability index,.
compared to biodata items reflecting the opposite poles of these dimensions. Items
from two biodata inventories (one for entry level sales positions and one for
managerial positions) used in the study were validated against employee tenure
(defined as one-year survival in the position). Three experts (PhDs in Industrial
Psychology) rated the items along Mael’s (1991) 10 dimensions using Likert-type
scales (cf. Becker & Colquitt, 1992). The relationship between item-level validity and
item attributes was tested in the entry-level sales sample. A personality-based social
desirability measure was administered to the managerial sample along with the
managerial biodata measure in order to assess the relationship between biodata item
attributes and social desirability. Greater item-level validity was associated with
biodata questions characterized by the five dimensions hypothesized to be predictive
of the criterion. It should be noted that there was a fair amount of covariance among

dimension ratings, which could have accounted for some of the unexpected results in
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this study (e.g., job relevance was negatively related to item-level validity, potentially

due to the fact that job relevance covaried with the subjective and non-verifiable
dimensions; equal access was negatively related to item-level validity, and was
unrelated to or negatively correlated with all the other item-type dimensions). No
support was found for the item attribute — social desirability relationship.

In contrast, Lefkowitz, Gebbia, Balsam, and Dunn (1999) examined Mael’s
(1991) taxonomy in relation to biodata item validity and found somewhat different
results. The authors took a different approach in operationalizing Mael’s (1991)
constructs, fleshing out in operational terms the dichotomous nature of most of the
dimensions, and, in the case of four of the dimensions, developed midpoints or
trichotomous items (e.g., “contemporary” as a midpoint in the historial vs.
future/hypothetical dimension). Five expert raters used this classification scheme to
categorize the 160 biodta items, which were then administered and concurrently
validated against a 7-dimension supervisory rating criterion on a sample of university
clerical workers. Item validity was associated with items that were indirect (i.e.,
secondhand) and non-controllable, with some support for the relationship between
item validity and verifiability and job relevance. Regressing these four dimensions
onto item validity resulted in the dimension of directness (firsthand) was the most
(uniquely) predictive, being inversely related to item validity. However, issues of
social desirability and applicant dissimulation were not investigated in this study.

Finally, in a replication and extension of Schmitt and Kunce’s (2002)

investigation of the impact of requiring elaborated responses to a subset of biodata
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items, Schmitt, Oswald, Kim, Gillespie, Ramsay, and Yoo (2003) investigated the

relationship of response elaboration to social desirability and impression management.
The authors found that there was a negative relationship between the objectivity and
verifiability of the biodata items (based on Mael’s [1991] classification) and the items’
relationship to participants’ social desirability and impression management scores
(based on Paulhus’ [1991] measure). In other words, items that are more objective or
verifiable may be less susceptible to faking, defined as either socially desirable
responding or impression management.

These studies suggest that prescreening items that are more objective and
verifiable in nature are less susceptible to applicant faking. Further, items that are
more transparent in nature (i.e., more visibly job-related) may be more susceptible to
faking (cf. Schrader & Osburn, 1977). Therefore, it is possible that some objective
prescreening items may be faked in practice. Mueller-Hanson et al. (2003) found that a
personality test showed greater validity at lower scores than at higher scores.
According to the authors, faking may have different effects on validity at various
points in the score distribution. In essence, applicants at the top of the distribution may
have high scores either because they are truly high on the characteristic being
assessed, or because they have successfully faked their performance on the test. In the
former case, these applicants would be expected to perform well on the job, whereas
the latter group of applicants would be expected to perform less well on the job. At the
low end of the distribution, applicants’ scores may be low because applicants truly are

low on the characteristic being assessed, or because they were unsuccessful at faking
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to improve their scores. In this case, neither group would be expected to perform well

on the job.

Ultimately, these scenarios suggest that validity may be more negatively
impacted at the higher end of the score distribution than at the low end, because more
error variance—presumably due to faking—is introduced at the high end of the
distribution. Therefore, it is pbssible that prescreening items that distinguish among
the highest-scoring applicants may be those that are most objective in nature, since
these would be the most difficult for applicants to fake. However, these questions are
less likely to assess critical minimum job requirements, as applicants in the high end
of the prescreening score distribution would be expected to have met minimum
qualifications or to have successfully faked their qualifications. In other words, the
items that distinguish between the highest-scoring applicants may be more objective in
nature, but less clearly job-related.

In contrast, items that distinguish between high- and low-scoring candidates
should be more job-related m nature, since low-scoring applicants are expected to lack
minimum qualifications for the position or were unsuccessful at faking their
qualifications. Based on the above discussion of online applicant prescreening validity
and prescreening item characteristics that contribute to applicant differentiation and
predict performance and retention criteria, the following hypotheses are proposed.

Hypothesis 1a: Prescreening items that differentiate high- from low-scoring

candidates will have significantly higher job-relatedness and minimum

qualifications ratings.



73
Hypothesis 1b: Prescreening items that differentiate between the highest-

scoring and high-scoring candidates will have significantly higher objectivity

ratings, but will not differ in terms of minimum qualifications.

Hypothesis 2a: Applicant prescreening scores will be predictive of key new

hire job performance criteria (e.g., test scores, hiring decisions).

Hypothesis 2b: Prescreening items predictive of key new hire performance

criteria will be high on objectivity and verifiability.

Another potentially useful tool for informing best practices regarding the use
of applicant prescreening and understanding the nature of distinctions between
applicants is to examine the overall score distribution for meaningful “breaks” or
sharp drop-offs in the frequency of applicants receiving a given score as one moves
from the low end to the high end of the score distribution. Using a histogram analysis
in this fashion is analogous to the scree plot number of factors decision typically used
in exploratory factor analysis. Given the lack of firm research evidence upon which to
make specific predictions regarding the nature of the differences between applicants at
various “break” points, the following research question is proposed.

Research Question 1: Are there meaningful distinctions between applicants

that can be made at points in the applicant prescreening score distribution

where there are sharp increases or decreases in the number of applicants
receiving a particular score? What is the nature of these distinctions?

Another key issue to address concerns whether there is systematic covariation

in applicants’ responses to prescreening items that can be used to predict whether



74
applicants receive job offers, and if so, whether they will be successful in the position.

Given the lack of firm evidence on which to base predictions, the following research
question is proposed.

Research Question 2: Are there response profiles that differentiate between

applicants who are hired versus not hired, and applicants who turn over versus

those who do not? What are the characteristics of these response profiles?

Résumé Study

Little is known about the quality of the résumé evaluation process, although
some practitioners consider the résumé to be of little value (cf. Handler, 2002).
Research on résumés has examined recruiter perceptions of résumé content. Brown
and Campion (1994) investigated recruiters’ perceptions of the presence of biodata
content in the résumé and found that recruiters interpreted biodata items in résumés
reflecting abilities and other attributes (e.g., leadership, motivation) and these
inferences were made reliably. Moreover, these items were interpreted differently
depending on the job in question. That is, recruiters were able to determine that
résumé content reflected a specific type of ability, as well as which abilities were more
or less attractive (e.g., job-related) for a position. Fritzsche and Brannick (2002)
conducted a policy capturing study investigating the comparability of screening
résumés based on profiles (e.g., profiles developed based on graduate student
criticality ratings of résumé elements such as education, work experience, etc.) versus
actual résumés. Recruiters provided ratings of applicant suitability based on profiles or

actual résumés. Results indicated that ratings based on profiles were significantly
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higher than ratings for actual résumés, and cues were emphasized differently across

the two conditions, as evidenced by significant differences in the beta weights derived
from regressing suitability ratings onto the résumé cues. Moreover, recruiter
evaluations were more consistent when based on evaluation of profiles. Taken
together, the results of these studies suggest that although recruiters may be able to
identify critical information contained within résumés, their evaluation of this
information, especially across large numbers of résumés (i.e., 50 or more) is
inconsistent.

Résumés can be evaluated in multiple ways (See Table 2 for an overview of
each résumé evaluation method). The most basic way this can be accomplished 1s
through recruiters scanning through applicant résumés (referred to hereafter as manual
résumé evaluation or scanning). This procedure involves recruiters reading through
each applicant’s résumé, evaluating the content based on the recruiter’s implicit
assumptions of what constitutes an ideal applicant. The evaluation process amounts to
a global impression of each applicant’s suitability. Due to the potential for information
overload associated with this task, a substantial amount of information that could
differentiate between applicants may be lost. The consequences of information
overload include the possibility of advancing unqualified candidates and overlooking
some qualified candidates, as well as other potential decision inaccuracies. Research in
the decision-making literature has suggested that as the number of attributes on which
to base a decision increases, the level of decision accuracy decreases (e.g., Davis &

Davis, 1996; Helgeson & Ursic, 1993).
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A potential solution to this problem is to find a way in which to structure the

résumé evaluation process. Research on the selection interview has demonstrated that
providing structure to the interview process, in terms of asking the same questions of
all candidates and developing guidelines for scoring candidates’ responses results in
higher-quality organizational outcomes in terms of hiring the best candidate
(Campion, Palmer, & Campion, 1997). Standardizing the selection interview has been
associated with a greater tendency for rulings in favor of the organization in disparate
treatment and disparate impact court cases (Williamson, Campion, Malos, Roehling,
& Campion, 1997). Pulakos and Schmitt (1995) found that a standardized interview
using experience-based questions demonstrated a significant relationship with
performance ratings. Based on these results, providing structure to the evaluation of
applicant résumés may improve decision outcomes.

Another potential solution is to automate the résumé scanning process.
Automated systems vary in terms of the richness of their information processing
capabilities. These range from the use of keyword searches to programs that recognize
the structure of résumés and can draw inferences between various elements within that
structure. The strengths of keyword searching include the amount of time saved by
recruiters in terms of reducing the amount of résumés they must examine (i.e.,
résumés that do not contain the relevant search terms are excluded), and their ease of
use. However, there are a number of weaknesses associated with keyword searches as
well. First, keyword searches can only examine a few key applicant qualifications at a

time. Second, given that applicants may use different, synonymous terms that may be
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of interest to the recruiter, the recruiter may not search on each of these, therefore

potentially eliminating qualified candidates from consideration. Third, simple
keyword searches cannot combine multiple terms in meaningful ways, and
consequently, recruiters will still need to sift through a number of candidates who are
not qualified for the job. Finally, keyword searches cannot capture the context in
which a particular skill or applicant attribute may actually be used in a particular
industry or job, resulting in recruiters sifting through numerous unqualified candidates
and/or omitting candidates who would have been qualified for the position.

Fortunately, systems have been developed that can address some of the
limitations of the keyword search. However, these are relatively new and consequently
they are still being refined and evaluated. These systems blend keyword searching
with a structured evaluation process, based on semantic recognition of résumé content.
In other words, these programs not only recognize the structuring of résumés, they can
also make connections between different phrases or terms contained in the résumé in
meaningful ways. Many of the limitations of keyword searching can be addressed by
automated résumé scoring systems. For example, these programs can recognize and
understand the usage of various terms within different industries and jobs. However,
development of these systems is both time-intensive and expensive.

Briefly, proprietary automated résumé scoring programs have the capability of
matching the content of résumés to job requirements as they would appear in a job
description or requisition (DeSanto & Crow, 2004). To produce such a system, a

hierarchically structured knowledge base must be developed. This knowledge base can
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be organized around job roles, which are structured hierarchically to the most specific

job class or job title. Incorporated into this structure are synonymous terms or titles
that allow the program to recognize alternative descriptions of the same position. This
format is also used to describe and recognize skills and experience related to these
positions (DeSanto & Crow, 2004). Further, the knowledge base can also be structured
by market or industry, which provides additional context on which to evaluate
applicant résumé content. Once the résumé scoring program extracts the relevant
content from the résumé, skill concept scores are produced by the program based on a
formula that may take into consideration recency of skill use, duration of the use of
relevant skills, and any related skills as part of the scoring algorithm, the end result
being an overall score for each relevant skill across applicants (e.g., Crow & DeSanto,
2004). These are referenced against the job description in order to determine which
applicants are the best matches to the position. Matches are determined by the
proximity of an applicant to the requisition job description (conceptualized as the
“ideal” candidate), as mapped in the concept space (e.g., in a 3-dimensional space;
Crow & DeSanto, 2004), using Euclidean distances (similar to a cluster analysis).

A potential alternative to the use of automated résumé scoring systems is to
develop a system for manually scoring résumés. This methodology is analogous to the
way in which T&E forms and structured interviews are scored. That is, based on
predetermined critical job experiences, applicants may be assigned scores based on the
presence and/or quality of their work experience based on the content of their résumés.

The potential benefits of this procedure include reducing the cognitive demands
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associated with scanning multiple résumés and removing the reliance on global

assessments of résumé quality, the latter potentially resulting in lowered overall
decision quality. The potential disadvantage of manually scoring résumés is that this
process may not directly reflect the ways in which recruiters combine résumé elements
to arrive at overall decisions. Specifically, Hitt and Barr (1989), in their investigation
of managers’ decision-making based on résumé information, found evidence that
managers engaged in configural cue processing. That is, managers in this study
combined résumé information in non-linear ways to arrive at overall assessments of
applicant quality. Other studies, however, (e.g., Graves & Karren, 1992) have not
found evidence of configural cue processing in evaluating applicant information.
Based on the relative merits and liabilities associated with these different
methods, an important question to answer is to determine which method(s) provide the
greatest correspondence to the results from the applicant evaluation process as it
currently exists in the focal organization. That is, which applicants would be passed on
to the interview based on each of the résumé evaluation methods? Based on the
advantages and disadvantages of each applicant evaluation method (See Table 3),
manual résumé scoring and automated résumé scoring have two primary advantages
over the current résumé evaluation procedure, manual résumé scanning. First, each of
these methods is standardized in terms of the content of the résumé that is evaluated.
Therefore, each applicant is evaluated on predetermined qualifications that are
considered the most important or desirable. Second, this information receives a rating

in terms of the quality of the applicants’ experience, which results in an overall score
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for each applicant or degree of match to the “ideal” candidate for the position for each

applicant. However, these standardized procedures may not capture the way in which
recruiters evaluate applicant qualifications based on the résumé. That is, recruiters
may combine applicant qualifications in non-linear and/or compensatory ways (i.e.,
configural cue processing; Hitt & Barr, 1989). This advantage may be
counterbalanced, however, by the fact that manual résumé scanning is more
susceptible to human error and fatigue.

In addition to examining the comparability of results across multiple applicant
evaluation methods, it is also important to determine the degree to which these
evaluations are made reliably for methods that involve human judgment. As
mentioned previously, there is research evidence suggesting that evaluators use
distinct strategies in deriving their final selection decisions (Graves & Karren, 1992),
based on the ways in which they combine and assess the information. Therefore, when
structure in the evaluation process is lacking, as in manual résumé evaluation,
recruiters may operate on their tacit assumptions regarding what constitutes an ideal
applicant. However, as more structure is infused into the process, as in a manual
structured résumé scoring procedure, recruiters are more likely to focus on the same
information across applicants in their evaluations, which should lead to greater
interrater reliability. Based on the above discussion of the benefits of structure and
standardization, the following research question and hypothesis are proposed.

Research Question 3: What is the extent of the overlap between the results

from an unstructured vs. a structured résumé evaluation system?
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Hypothesis 3: Reliability of a structured résumé evaluation system will be

greater than the reliability of an unstructured résumé evaluation system.
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CHAPTER V: STUDY 1 METHOD

Study 1: Prescreening Study

Participants

Job applicants. Prescreening data from actual applicants were collected from a
major utility company located in the Western US. Data were sampled from three
positions across the organization’s geographical service area to allow for a
representative examination of prescreening across these job classes. (See Tables 1 and
2 for specific samples used.) One entry-level customer service job, one entry-level
physical job, and one above-entry-level physical job which contained a significant
customer service component were investigated. The entry-level customer service job,
Customer Service Representative (CSR), is characterized by such tasks as responding
to customer telephone inquiries (e.g., regarding billing, payment, etc.) and performing
necessary documentation. Utility Worker (UW), the entry-level physical job
investigated in the present study, involves such core job activities as digging trenches,
raising and lowering tools and equipment, transporting vehicles and equipment, and
flagging traffic. Finally, Gas Service Representative (GSR), the focal above-entry-
level physical job, includes key tasks such as interacting with residential and business
customers, troubleshooting and re-lighting various gas appliances, and investigating
reported gas leaks. A total of 5,619 unique candidates made an initial application for
any one of the three positions investigated.

Utility Worker. The UW position applicant pool contained an initial number of

1,443 applications. Of these, 1,296 (89.8%) were unique applications to the UW
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position (candidates could screen multiple times to the same or to different

requisitions if they chose to do so). The sample was further reduced based on codes
assigned to candidates that indicated what stage in the process they were in or where
they were no longer considered for the position. In total, there were 8 codes used to
classify applicants. Depending on the stage in the selection process, these codes were
assigned either by the screening vendor or by members of the organization involved in
the selection process. The stages/statuses which correspond to these 8 major
classifications were as follows. First, a candidate may have completed the online
screening but failed to call the number provided to take the telephone screen. (It is also
possible, though rarely the case, that a candidate did not pass the online screening.)
Candidates may also have taken the telephone screen (1), but did not pass it, or,
alternatively, they may have decided they were no longer interested in the position, so
they were coded as not qualified (2) or not interested (3), respectively. A candidate
may have passed the screening, was scheduled for a testing appointment, and failed to
attend the test session (4). A candidate may have attended the test session, but did not
qualify on the preemployment test (5). Or, the candidate may have qualified on the
screening but there were no open appointments for the candidate to be scheduled to
take the preemployment test (6). Candidates may have taken the preemployment test
and qualified on the test (7). Finally, of those candidates who qualified on the
preemployment test, some also successfully interviewed and passed the background
check and drug screen were coded as being hired by the organization (8). Of the 1,296

applicants to the UW position, 263 (20.3%) completed the online screen but did not
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call to take the telephone screen or failed the online screen, 148 (11.4%) indicated at

some point in the process that they were no longer interested in the position, 104
(8.0%) completed and passed the screening but were coded as in progress because no
testing appointments were available, 207 (16.0%) completed and passed the screening,
were scheduled for a testing appointment, and did not attend the test session (“no
shows™), 223 candidates (17.2%) were classified as not qualified, either because they
failed the telephone screen or because they failed the preemployment test, and the
remaining 351 candidates (27.1%) passed the screening or passed the preemployment
test. It should be noted that of these, 72 indicated they had previously tested and
qualified on the preemployment test. Because this was self-report data, not all of these
candidates previously qualified on the preemployment test, nor did they all necessarily
previously take the test. It should also be noted that these codes were subject to human
error and could not be verified in all cases. Therefore, in the results to follow in the
next chapter, total Ns may deviate somewhat from those reported here. Nevertheless,
based on the frequencies noted above, candidates who took the online screen only
and/or failed the online screening, were coded as being in progress, or indicated they
were not interested in the position were removed from the sample. In all, this resulted
in the removal of 509 candidates. In addition, 36 additional candidates who had
discrepant data were also removed. Examples of such discrepancies included
candidates who were coded as passing the preemployment test but either did not pass
the test or could not be matched up in the organization’s testing database. In all, the

final useable sample contained 751 candidates. In terms of demographic make-up,
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2.8% of the candidates were female, 73.2% were male, and the remaining candidates

did not disclose their gender. White candidates made up 32.1% of the sample, 19.3%
were Hispanic, 11.3% identified themselves as African American, Asian/Pacific
Islander candidates comprised 6.5% of the sample, 1.1% were American Indian, and
the remaining candidates did not specify their race/ethnicity.

Customer Service Representative. The CSR applicant pool contained an initial
number of 3,051 applications over the course of a 5-month period. Of these, 2,874
(94.2%) were unique applications. Because data on hired candidates were collected
throughout an entire 1-year period, candidates who qualified on the preemployment
tests throughout the year were also added to the dataset for comparison purposes. This
resulted in the inclusion of 215 additionai candidates, for an initial candidate sample
of 3,089. As described in the UW sample, the CSR sample was further refined based
on a candidate coding system that reflected the final stage or result the candidate
obtained in the selection process. Due to discrepancies between candidate codes and
the other data available on candidates in the dataset, 16 candidates were removed from
the sample. Of the 3,073 remaining candidates to the CSR position, 586 (19.1%)
completed the online screen but did not call in to take the telephone screen or failed
the online screen, 191 (6.2%) indicated at some point in the process that they were no
longer interested in the position, 90 (2.9%) completed and passed the screening but
were coded as in progress because no testing appointments were available, 270 (8.8%)
completed and passed the screening, were scheduled for a testing appointment, and did

not attend the test session (“no shows™), 1,152 candidates (37.5%) were classified as
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not qualified, either because they failed the telephone screen or because they failed the

preemployment test, and the remaining 784 candidates (25.5%) passed the screening
and passed the preemployment test. Of these candidates, 82 (10.5%) indicated they
had previously tested and qualified on the preemployment test battery. A total of 70
candidates in the sample (2.3%) were hired.

Based on the frequencies described above, candidates who took the online
screen only and/or failed the online screening, were coded as being in progress, or
indicated they were not interested in the position were removed from the sample. In
total, this resulted in the removal of 867 candidates. Of the remaining 2,206 candidates
for the CSR position, 1,188 (53.9%) were female, 531 (24.1%) were male, and the
remaining 487 candidates (22.0%) did not provide this information. In terms of
race/ethnicity, 589 candidates (26.7%) did not provide data, 542 (24.6%) were
Hispanic, 445 (20.2%) were White, 407 (18.4%) were African American, 202 (9.2%)
were Asian/Pacific Islander, and the remaining 21 (1.0%) were American Indian.

Gas Service Representative. The GSR applicant pool contained an initial
sample of 1,751 applications over the course of a 1-year period. Of these, 1,449
(82.8%) were unique applications. As was the case with the UW and CSR positions,
this sample was further reduced based on codes assigned to candidates indicating
where in the selection process a decision was made on each candidate. After removal
of 20 candidates with discrepant codes which could not be reconciled, the remaining
1,429 were broken down into the following classifications. There were 409 candidates

(28.7%) who completed the online screen but did not call to take the telephone screen
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or failed the online screen, 125 (8.7%) indicated at some point in the process that they

were no longer interested in the position, 97 candidates (6.8%) completed and passed
the screening but were coded as in progress because no testing appointments were
available, 199 candidates (13.9%) completed and passed the screening, were
scheduled for a testing appointment, but did not attend a test session (“no shows”),
373 candidates (26.1%) were classified as not qualified, either because they failed the
telephone screen or because they failed the preemployment test battery, and the
remaining 226 candidates (15.8%) passed the screening and passed the
preemployment test battery. Of these 226 candidates, 51 (22.6%) indicated they had
previously tested and qualified on the preemployment test battery for physical jobs.
As described in the discussion of the UW and CSR samples, candidates in the
GSR sample who took the online screen only and/or failed the online screening, were
coded as being in progress, or indicated they were no longer interested in the position
were removed from the sample. This resulted in the removal of 631 candidates and a
final useable sample of 798 candidates. Female candidates comprised 27.8% of the
sample (n = 222), 374 (46.9%) were male, and the remaining 202 candidates (25.3%)
did not report their gender. In terms of the ethnic or racial background of the final
GSR candidate sample, 203 candidates (25.4%) were African American, 157 (19.6%)
were White, 109 (13.6%) were Hispanic, 70 (8.8%) were Asian/Pacific Islander, 4
(0.5%) were American Indian, and the remaining 256 candidates (32.1%) did not

report their race/ethnicity.
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Graduate student subject matter experts. A sample of 11 graduate students in

industrial/organizational psychology who were knowledgeable about employee
selection served as subject matter experts (SMESs) in this study. These students
participated in a rating exercise designed to classify the content of the prescreening
scripts (i.e., the prescreening questions) along 13 question classification dimensions.
(See definitions and sample surveys in Appendix A.) A list of potential participants
was compiled with the assistance of a faculty member who identified all potential
graduate students who had classroom and/or practical experience related to employee
selection. All potential participants were informed about the study and were invited to
participate via email. Interested students contacted the faculty member who compiled
the potential participant list, who indicated how many students had expressed interest
in participating. Surveys were sent to the faculty member via US mail, and a pre-
addressed, postage-paid return envelope was provided for each participant to mail
back their completed surveys. These materials were obtained by the graduate student
participants from the faculty member. Surveys were self-administered by the graduate
students and completed surveys were returned over a 2-month period in the pre-
addressed, postage-paid envelopes provided. Demographic data on this graduate
student sample was not collected. However, the demographic make-up of this sample
most likely reflects that which is reported in Study 2, given that these students were
identified for both studies from the same pool of potential graduate student
participants, and, it is possible that a portion of the students who participated in Study

1 also participated in Study 2.
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Materials

Prescreening data. Archival prescreening data were culled from the
organization’s screening vendor databases for the three key high-volume positions. As
shown in Table 4, these screening protocols were broken into two sections, with
applicants typically completing the first half of the screening online. If applicants
passed the first half of the screening, they took a second screening via telephone with
a live screener from the screening vendor organization. Across the entire screening
protocol, there were a total of 9 questions in the UW script, 13 questions in the CSR
script, and 8 questions in the GSR script. The online portion of the screen was
comprised of 4 to 5 questions focused primarily on legally required and other
perfunctory “gateway”’ questions (i.e., minimum requirements) which cut across all
jobs for which a screening assessment was put in place in the organization. The
remainder of the questions tapped basic job experience, work history, job-relevant
skills, and motivation. -

Preemployment test batteries. Qualified candidates (based on their
performance in the screening phase of the selection process) took a cognitive ability-
based, paper-and-pencil preemployment test as part of the selection process.
Candidates for the UW and GSR positions took a 2-component test battery which was
used as an indicator of ability to successfully perform in physical jobs. Each of these
test components came from the Psychological Services, Inc. (PSI) Employee Aptitude
Survey (EAS) series of cognitive ability tests. The entire EAS series consists of 10

individual tests designed for preemployment, promotional, and training and
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development purposes. These tests were developed and validated based on extensive

research and have been normed on nearly 100 different occupational and educational
classifications. The two test components that make up the preemployment test battery
for physical jobs were identified based on a thorough job analysis of the positions for
which they are used, employing a validity transportability approach. Each test
component employed a multiple choice format. Test battery validities based on meta-
analysis of over 160 studies (corrected for criterion unreliability) for technical and
mechanical/production jobs are reported as .46 and .35, respectively (Psychological
Services, Inc., 2008). These batteries included the two test components of the
preemployment test battery for physical jobs, but it should be noted that the technical
and mechanical/production test batteries employed additional test components.

The first of the two test components administered for the physical jobs was a
measure of basic mathematical ability. The test consisted of a total of 75 items,
divided equally into 3 sections, which measured the ability to perform arithmetic
calculations. The first section (2 minutes) measured candidates’ ability to work with
whole numbers, section two (4 minutes) required candidates to make calculations
using decimals and percents, and the third section (4 minutes) required candidates to
perform calculations using fractions. Candidates marked their answer on the test form
from among the possible answers. If their answer was not provided, they selected the
“none of the above” option. The total testing time for the mathematical ability test was

10 minutes.
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The second component of the physical jobs test battery was a measure of

spatial ability. Candidates were presented with a series of diagrams of block piles, five
of which were labeled with a letter (A through E). For each of the lettered blocks,
candidates were asked to indicate how many other blocks in the pile the lettered block
touched along its sides, tops, bottoms, or ends (not corners). The test contained a total
of 10 block piles with 5 lettered blocks in each block pile, for a total of 50 test items.
The time allotted for the spatial ability test was 5 minutes. To qualify on the test
battery for physical jobs, candidates had to obtain a qualifying score on each of the
two test components. In other words, the preemployment test battery for physical jobs
employed a multiple cutoff scoring format.

Candidates for the CSR position took a S-component test battery which was
used as an indicator of their clerical ability. The 5 components of the preemployment
test battery for clerical jobs came from the PSI Basic Skills Tests (BST) series of
cognitive ability tests. These tests were developed for use in customer service, clerical,
and administrative positions. The entire BST series consists of 15 tests. These tests
were developed and validated based on extensive research involving over 17,000
employees in more than 60 organizations. Generalized validities reported by PSI for
the BST series range from .27 to .34 for individual test components (Psychological
Services, Inc., 2008). The generalized validities provide estimates of the validity that
would be obtained when using these tests to predict performance in jobs similar to
those on which the tests were validated in the PSI testing database. The 5 components

used for the CSR position were identified through a thorough job analysis and validity
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transportability study. As was the case with the two test components in the physical

jobs test battery, the test format for each test component in the CSR test battery was
multiple choice.

The first test component in the clerical ability test battery was a measure of
basic language skills. Candidates were presented with a series of sentences with a
word or portion of each sentence underlined. Candidates had to determine whether
there was an error in spelling, punctuation, grammar, or usage contained in the
underlined word or portion of the sentence, or whether there was no error. This test
component consisted of 25 items with a S-minute time limit.

The second test component assessed basic arithmetic, working with whole
numbers, decimals, percents, and fractions. Unlike the arithmetic test component for
the physical jobs described above, the mathematical ability test for fhe CSR position
was not divided into sections. Candidates selected their answer from among the
choices listed, and if their answer was not provided, they chose the “none of the
above” option. The total test contained 40 multiple-choice items with a total testing
time of 5 minutes.

The third test component assessed candidates’ problem solving ability. The test
was comprised of 25 word problems. Candidates read a problem, discerned what
information in the problem was relevant to determining the solution, performed basic
arithmetic calculations to arrive at their answer, and recorded their answer on the test

form based on the available response options. If their response was not one of the
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options provided, they selected the “none of the above” option. The total time allowed

for this test component was 10 minutes.

The fourth test component assessed candidates’ ability to code information.
Candidates were presented with a table of codes along 4 categories (e.g., department,
item, etc.). For a set of items, candidates were provided with information (e.g., Main
Street, paper clips, $800) related to the cétegories and had to code the information
accordingly. The test consisted of a total of 72 items (18 items with four coding tasks
per item) with a S-minute time limit.

Finally, the fifth clerical ability test battery component assessed visual speed
and accuracy. Each item consisted of two sets of alphanumeric data (e.g., 791 79!) and
candidates had to indicate whether the two were exactly the same or whether they
differed in any way. The test consisted of 150 items with a 5-minute time limit. To
qualify on the preemployment test battery for clerical jobs, candidates had to obtain a
passing score based on the unit-weighted sum of their scores on each of the 5 test
components. In other words, this preemployment test battery used a compensatory
scoring model.

Hiring data. The organization’s internal hiring database was queried to identify
those candidates who had been hired into the focal jobs. Data were collected on
whether the candidate was hired and whether the employee had been terminated
during the 6-month probationary period. Although these data were available for
employees in each of the jobs investigated in the present study, the GSR position, due

to its low volume of hires during the data collection period, was not included in the
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analyses involving candidates who were ultimately hired into the organization. Of the

candidates who qualified on the preemployment test battery, candidates were coded 1
if they were hired by the organization and 0 if they were not hired. Hired candidates
were coded 0 if they were not terminated from the position during the 6-month
probationary period, and 1 if they were terminated.

Prescreening item taxonomy rating survey. Graduate students in
industrial/organizational psychology were administered 3 surveys assessing the
content of the prescreening scripts for each of the positions investigated (see Appendix
A). Using a methodology similar to that which was used in Becker and Colquitt
(1992), definitions of the 10 biodata dimensions as outlined in Mael (1991) were
developed, along with the addition of 3 other dimensions (minimum qualifications,
social desirability, and susceptibility to faking). The surveys presented participants
with a description of the position for which they would be evaluating prescreening
items as it would appear to an applicant applying on the company’s website. This was
followed on the next page by the definition for the first prescreening taxonomy
dimension, which concluded by asking the participant, “Please indicate the extent to
which the following questions are .” The entire screening protocol for the
position in question followed. This format was followed throughout the entire
prescreening item taxonomy rating survey. On a 5-point scale, participants indicated
the extent to which each prescreening item was indicative of that item taxonomy
dimension (1 = not at all; 5 = completely). This process was repeated for each of the

13 dimensions across the three focal jobs. That is, once participants completed ratings
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on the first dimension, they were then presented with the definition of the second

dimension, and made ratings on all the prescreening questions in relation to that
dimension.
Procedure

Selection process. As mentioned previously, interested parties visit the
company’s website to view job openings within the organization and express their
interest in a position by providing some basic information about themselves. If an
interested party decides to make an application for a position, the process continues on
to the first phase of the screening process which is completed online. In the online
screening stage, the candidate is presented with a small set of prescreening questions.
The initial online screen is primarily geared toward asking questions that are required
for legal purposes (e.g., authorization to work in the US) and other minimum
qualification (MQ) questions. The questions asked in this phase of the screening are
primarily in yes/no format, with the CSR script also containing an experience-based
question with a multiple-choice response format (see Table 4). If the candidate does
not select a response to any of the initial online screening questions designated as a
disqualifier, he or she is provided a number to éall to take a further screening with a
live screener via telephone. The candidate does not continue in the selection process
unless he or she calls the screening organization to take the telephone screening.

The telephone screen is more detailed than the initial online screen. It is
conducted with a live screener (as opposed to an automated system such as IVR), and

has a greater focus on job-related experience and skills. Similar to the online screen,
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many of the telephone prescreening questions contain disqualifiers (knockouts).

Another primary difference between the online and telephone screens is the inclusion
of some questions that are open-ended and screener-rated. These questions appear in
the CSR and GSR scripts and focus on motivation to join the department and
organization and the candidate’s overall communication skills (see Table 4). For each
of these questions, the telephone screener uses anchored rating scales to assess the
candidate’s performance. (See Table 5 for examples of these anchors.) Specifically, in
the case of the motivation to join the department (CSR) or organization (GSR)
question and the communication skills question (CSR and GSR), the screener
evaluates the candidate’s performance and assigns a score based on the anchored
rating scales.

If a candidate chooses a disqualifying response to any of the questions in the
telephone screen, the telephone screen ends. However, if a candidate provides
satisfactory responses to all questions, he or she is scheduled to take a paper-and-
pencil preemployment test. At the test location, candidates also complete a job
application blank and authorize a background check to be conducted. Candidates
receive cursory feedback on their performance on the preemployment test via mail
(qualified/not qualified). Based on a recruiter’s review of the candidate’s application
blank and test performance, competitive candidates who qualified on the
preemployment test are invited to interview. Based on performance in the interview,
job offers are made to candidates, pending the results from a standard background

check and drug screen.
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Power Analysis

A power analysis (UCLA Department of Statistics, 2002) was conducted to
determine sample sizes needed to detect a correlation of .10 with 80% power. The
magnitude of correlation used for this analysis was determined based on the nature of
the analyses conducted to test the hypotheses. Spéciﬁcally, some of the tests required
an assessment of prescreening item-total and prescreening item-criterion relationships.
Given that it was expected that prescreening total scores would have, at best, moderate
relationships to key performance and retention criteria (e.g., » = .20), individual items
were expected to have even smaller relationships. Relationships lower than » = .10
have little if any practical significance, as the variance accounted for by such items
would be less than 1%. Based on this analysis, the minimum sample size needed for
each job type investigated in the study to detect a correlation of .10 with 80% power
(using a 2-tailed test) was 781 (616 1-tailed). To detect a correlation of .20 with 80%
power, a minimum sample of 194 applicants was needed (153 1-tailed).

To determine the sample of graduate student raters needed to detect significant
differences in mean ratings of prescreening items that differentiated applicants based
on Mael’s (1991) biodata dimensions, a power analysis was conducted using the
following parameters. Based on mean differences in biodata item ratings from
previous research (Becker & Colquitt, 1992), the sample size needed to detect a mean
difference of 0.80 (on a 5-point scale), given a pooled standard deviation of 1.00, with
80% power, was 25. Given the repeated measures design of this portion of the study, a

minimum sample of 13 graduate student raters was needed. It should be noted,
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therefore, that given the smaller participant sample that was obtained, the prescreening

item comparison statistical tests may suffer from low statistical power.
Data Preparation and Coding

Data for each job investigated were provided by the organization’s third party
prescreening vendor in Excel files. Manipulations to the data were performed to derive
meaningful values for use in analysis. Specifically, for single-response prescreening
questions whose response categories fell along a continuum (e.g., years of experience),
data were recoded to reflect the continuum. For example, if there were five response
options to a question regarding years of experience in the utility industry, the shortest
span of time received a code of 1, and the longest span of time received a code of 5.
All questions of this type were recoded in this manner for the sake of consistency (and
also to explore alternate ways of scoring the questions for purposes of the present
study). For multiple response questions, each response option was treated as a single,
binary item. For example, a multiple response question regarding experience with
Microsoft Office software with 5 possible responses was recoded into 5 separate
binary questions. Responses were coded 0 for no (did not choose the response option)
and 1 for yes (did choose the response option). This is a standard approach to
analyzing these types of items in biodata research (e.g., Schrader & Osburn, 1977).
Data, once recoded and formatted, were imported into SPSS fof analysis.

Utility Worker. There were 9 questions in the UW screening scripts that were
coded for use in the present study (see Table 4). The online screening contained 4

questions. The first 3 of the online screening questions assessed minimum
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qualifications (at least 18, high school diploma/GED, and possession of a valid [State]

driver’s license). The fourth question asked candidates whether they possessed a Class
A driver’s license. Each of these questions was binary in nature and were coded 0 for
No and 1 for Yes.

If the candidate passed the initial online screen (i.e., did not select a
disqualifying response to any of the minimum qualification questions) and called the
screening vendor number provided at the end of the online screen, they were
administered the remainder of the screening questions via telephone by a live screener.
Several of the questions in the telephone screen were binary in nature. Each of these
were coded 0 for No and 1 for Yes. These questions asked whether the candidate was
interested in work that required exposure to a variety of weather conditions, whether
they had ever worked for a utility company, and whether they could meet the overtime
work requirement in emergency situations. Candidates for the UW positions were also
asked how many years of construction experience they had. This question was treated
as a continuous variable with 8 levels ranging from 0 (No experience) to 7 (5 or more
years). Lastly, candidates were asked (if they answered Yes to the previous work
experience with a utility company question) what type of utility they had worked for.
This question contained 5 different response options (e.g., Electric, Phone, etc.) and
was coded as 5 separate binary items, coded 0 if the candidate did not have experience
with a particular type of utility, and 1 if they indicated they did have previous work
experience with the type of utility company in question. Note that the way in which

this question was created in the screening script precluded candidates from indicating
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that they had worked in more than one type of utility company. The candidates’ total

screening score was comprised of the sum of their scores on each of the screening
questions across both screens.

Customer Service Representative. In terms of the substantive content of the
candidate screening questions for the CSR position, there were a total of 13 questions,
5 of which were self-administered by the candidate during the online screening phase.
The remaining 8 questions were administered by a live screener via telephone if the
candidate passed the initial screen and called the toll free number provided to take the
second portion of the screening (See Table 4). The first 4 questions of the online
screen (age 18 requirement, high school diploma/GED, previous computer experience,
and ability to meet overtime requirements) were coded 0 for No and 1 for Yes. The
final online screening question, which asked about previous customer service
experience in a call center, contained six different response options, which were coded
as a continuous variable, with the lowest level of experience (No experience) coded 0
and the highest level of experience (4 years or more) coded 5. As shown in Table 4,
each of the first 4 questions in the online screen contained disqualifying responses. In
each case, a No response prevented the candidate from proceeding to the second phase
of the screening stage.

The telephone screening for the CSR position contained two multiple response
questions (software experience and shift/work schedule availability). The software
(e.g., word processing, spreadsheets, etc.) experience question was recoded into a

series of 6 binary variables, reflecting each of the choices (each of these was coded 0
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for no experience, 1 for experience; if the candidate selected None, they were assigned

a score of 0). The total number of endorsed software programs was also summed to
provide a total software experience score. The shift/work schedule availability
question was coded as a simple binary item because the response options fell into two
general categories: either the candidate indicated they could work any shift (coded 1)
or they indicated they could not work one or up to seven days out of the week (coded
0). The typing skills question contained three levels which were coded along a
continuum, ranging from less than 15 (coded 0) to 50 or more words per minute
(coded 2). Anticipated tenure as a CSR, if hired, consisted of 6 different response
options. These were coded as a continuous variable ranging from 1 (less than three
months) to 6 (3 years or more). Candidates’ customer service experience with the
general public was coded in a similar fashion to the customer service experience in a
call center question from the online screening. This variable contained 6 levels,
ranging from No experience (0) to 4 years or more (5). The remaining 3 questions
were scored by the screener. The first of these questions asked the candidate to
provide reasons why he or she wanted to be part of the call center. The screener
selected the one performance anchor that best described the candidate’s response.
Although there were 5 anchors, 3 of these anchors did not constitute a clearly
discernable continuum (i.e., unable to provide a reason, prolonged hesitation in
providing a reason, providing a negative reason). These anchors were coded 0 as they
clearly did not reflect positive performance regarding this question. The most positive

anchor (Immediately responded with enthusiastic reasons) was coded 2. The second
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open-ended response question required the candidate to articulate the meaning of good

customer service. The screener selected the appropriate behavioral anchor reflecting
the candidate’s performance. This variable was coded as a continuous variable ranging
from Poor (1) to Excellent (5). Finally, the screener assessed the candidate’s overall
communication skills. The rating scale anchors were coded as a continuous variable,
ranging from 1 (Poor) to 5 (Excellent). A total screening score was computed based on
the sum of all the prescreening item scores across the online and telephone screen.

Gas Service Representative. The 8 questions contained in the GSR screening
were split into 3 questions in the online screen, with the remaining 5 questions
administered to qualiﬁed candidates in the telephone screening phase. Similar to the
items described previously in the UW and CSR scripts, the online screen primarily
assessed minimum qualifications, with each of the questions containing a
disqualifying response option. Each of these questions (age 18 requirement, high
school diploma/GED, possession of a valid [State] driver’s license) had a yes/no
response format, which were coded 0 for No and 1 for Yes.

Two of the questions in the telephone screening phase addressed work
schedule considerations. The first, whether the candidate could meet the requirement
of being able to arrive at the work location during an emergency with 30 minutes
notice, was coded 0 for No and 1 for Yes. The same coding and response options also
applied to the second work schedule-related question, whether the candidate could
meet the flexible work schedule (i.e., nights, weekends) with occasional overtime

requirement. The remaining 3 questions were screener-rated. The first asked
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candidates to provide the screener with reasons why they wanted to join the

organization. The anchors were identical to the ones for the similar question that was
asked‘ of CSR candidates regarding reasons CSR candidates wanted to join the call
center. Because of the lack of a logical continuum for the three lowest anchor ratings
(e.g., prolonged hesitation in providing a response vs. providing a negative response),
each of these was coded 0. The remaining two anchors did form a logical continuum,
and consequently, they were coded 1 and 2, with the highest anchor indicating the
candidate responded with enthusiastic reasons. The remaining questions were identical
to the ones asked of CSR candidates. The first asked candidates to describe what good
customer service meant to them, which contained 5 rating anchors on a continuous
scale. These were coded 1 (Poor) to 5 (Excellent). Lastly, screeners provided a rating
of the candidate’s overall communication skills. This variable was also coded 1 (Poor)
to 5 (Excellent). The candidates’ total prescreening score consisted of the sum of their
scores to all the screening items in both the online and telephone screen.

Analysis of prescreening item content. As noted earlier, a sample of graduate
students in industrial/organizational psychology served as SMEs in evaluating the
prescreening questions across the 3 positions investigated, using Mael’s (1991)
taxonomy framework. Mael’s biodata taxonomy consists of a total of 10 dimensions:
verifiability, job-relatedness, objectivity, historical, external, firsthand, discrete,
controllable, equal access, and noninvasive. In addition to these 10 dimensions, 3
additional dimensions were also assessed. Because one of the aims of prescreening is

to assess whether candidates possess minimum qualifications for a position, graduate
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students were asked to evaluate the prescreening protocols along this dimension. Also,

because responses to some of the items in the prescreening protocols may be
susceptible to faking, due to their potentially transparent nature, susceptibility to
faking was the second additional dimension included in the prescreening taxonomy
survey. Finally, as has been investigated in previous research (Becker & Colquitt,
1992), the level of each prescreening question’s potential to elicit a socially desirable
response was the third dimension added to the original 10 taxonomy dimensions from
Mael (1991). Thus, in all, the graduate student SMEs made ratings of the prescreening
items along a total of 13 dimensions. (See Appendix A for all taxonomy dimensions
and definitions of each that were included in the surveys.) The ratings provided by the
graduate students were used to assess the item content that differentiated applicants at
various points in the prescreening score distribution, as well as the screening
questions’ relationships to key outcome criteria. Although only a subset of the item
dimensions measured in the survey were tied to specific hypotheses in the study, the
remaining dimensions were included and analyzed for exploratory purposes to
determine whether any additional systematic relationships existed between these item
characteristics and prescreening scores as well as later selection stage criteria and
hiring outcomes.

Job types and descriptions. The hypotheses in Study 1 were tested using 3
high-volume jobs within the focal organization (See Tables 1 and 2 for specific
samples used). The eritry-level customer service job, Customer Service Representative

(CSR), is characterized by such tasks as responding to customer telephone inquiries
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(e.g., regarding billing, payment, etc.) and performing necessary documentation.

Utility Worker (UW), the entry-level physical job investigated in the present study,
involves such core job activities as digging trenches, raising and lowering tools and
equipment, transporting vehicles and equipment, and flagging traffic. Finally, Gas
Service Representative (GSR), the focal above-entry-level physical job, involves key
tasks such as interacting with residential and business customers, troubleshooting and
re-lighting various gas appliances, and investigating reported gas leaks.

Original Analysis Plan

The hypotheses and research questions proposed in Study 1 were tested using
multiple methods and analyses. Table | outlines each hypothesis and research
question, samples used, and originally-proposed analyses. To the extent possible, these
tests were carried out as originally planned, but in some cases, due to data restrictions,
modified versions of the analyses originally proposed were used. These are noted in
the next chapter. Each proposed hypothesis test is outlined in detail below.

Hypothesis 1a (Prescreening items that differentiate high- from low-scoring
candidates will have significantly higher job-relatedness and minimum qualifications
ratings.) was tested by first dividing applicant samples (within specific positions) into
two grbups based on applicant score distributions. High-scoring applicants were
defined as those applicants who scored at or above +1 standard deviation (SD; based
on Z-scores) from the mean applicant prescreening score. Low-scoring applicants were
defined as those applicants who scored at or below —1SD from the mean prescreening

score. The mean score for each prescreening item within each group was compared
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using z-tests or chi-square (depending on the nature of the item). Items where

significant differences were found were grouped and compared to items that did not
demonstrate significant group differences, using the graduate student sample’s
prescreening question content taxonomy survey, described below.

The mean ratings of prescreening items provided by the graduate student
sample using Mael’s (1991) biodata item type dimensions was used to analyze the
nature of the items that were found to differentiate the two applicant groups mentioned
above. The mean rating on each dimension was averaged across all items found to
differentiate between high- and low-scoring applicants and was compared to the mean
rating on each dimension averaged across all items found not to differentiate between
high- and low-scoring applicants, using repeated measures f-test analysis. Due to
multiple comparisons involved in this procedure (i.e., separate ¢-tests for each of the
item type dimensions), significance levels (alpha) were adjusted to correct for
familywise error. This procedure has been used in previous biodata research (Becker
& Colquitt, 1992).

A similar procedure was used to analyze differences among the highest-scoring
applicants. Specifically, to test Hypothesis 1b (Prescreening items that differentiate
between the highest-scoring and high-scoring candidates will have significantly higher
objectivity ratings, but will not differ in terms of minimum qualifications.), applicant
samples (within positions) were divided into two groups based on applicant score
distributions. Due to the expected smaller number of applicants (based on a normal

distribution of scores and the removal of 84% of the sample for each position; see
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below) in the high end of the score distribution, dividing the sample into applicants

scoring +1SD to +2SD above the mean prescreening score and applicants scoring
above +2SD above the mean prescreening score may not be feasible. Therefore, a
“median split” of applicants scoring at or above +1SD above the mean prescreening
may be used in order to achieve more equivalent groups. In terms of percentile scores,
this equated to a comparison of applicants scoring at the 84™-91%' percentile to
applicants scoring at the 92" percentile and above.

The mean score for each prescreening item within each applicant group was
compared using z-tests. Items where significant differences were found were
aggregated and compared to the grouping of items that did not demonstrate significant
inter-group differences.

The mean ratings of prescreening items provided by the graduate student
sample using Mael’s (1991) biodata item type dimensions were used to analyze the
nature of the items that were found to differentiate the two applicant groups. The mean
ratings on each dimension were averaged across all items found to differentiate among
the two high-scoring applicant groups and were compared to the mean rating on each
dimension averaged across all items found not to differentiate among the two groups,
using repeated measures #-test analysis. Due to multiple comparisons involved in this
procedure (i.e., separate z-tests for each of the item type dimensions), significance
levels (alpha) was adjusted to correct for familywise error.

Hypothesis 2a (Applicant prescreening scores will be predictive of key new

hire performance criteria.), was tested by correlating applicants’ total prescreening
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scores with criterion data collected by the organization for each job. Due to the

unionized nature of each of the positions and the current organizational climate (i.e.,
organization-wide culture and business transformation), disseminating a research-only
performance survey was prohibitive. Candidate hiring data, where available, were also
used to assess the relationship of prescreening scores to more distal key job-related
criteria. Finally, data were also collected on whether candidates who were hired
survived the initial 6-month probationary period.

Hypothesis 2b (Prescreening items predictive of key new hire performance
criteria will be high on objectivity and verifiability) was tested through examination of
the beta weights derived through multiple regression analysis (against performance
criteria) associated with each prescreening item. The items with significant beta
weights were grouped together and compared to items that were not predictive of key
criteria, based on graduate student ratings of the items’ objectivity and verifiability
(averaged across items as described in previous analyses). Mean differences between
the two groups of items were analyzed using repeated measures #-tests. Hypotheses 2a
and 2b were tested for each of the three jobs.

Research Question 1 (Are there meaningful distinctions between applicants
that can be made at points in the applicant prescreening score distribution where there
are sharp increases or decreases in the number of applicants receiving a particular
score? What is the nature of these distinctions?) was tested by developing histograms
of prescreening scores for each of the three jobs investigated. Points in the score

distribution were identified where there were sharp drop-offs or increases in the
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frequency of applicants obtaining a given score. These differences were analyzed in

terms of the content of the questions that differentiated applicants above and below the
score distribution break point (based on student evaluation of prescreening question
content as described earlier).

Finally, to examine to Research Question 2 (Are there response profiles that
differentiate between applicants who are hired versus not hired, and applicants who
turn over versus those who do not? What are the characteristics of these response
profiles?), discriminant analysis was proposed as a way to determine whether
prescreening response patterns are predictive of employee outcomes. For example,
participants may be categorized into three groups: applicants who were hired and did
not turn over, applicants who were hired and turned over, and applicants who were not
hired. Discriminant analysis of prescreening responses may identify which questions
classify applicants into each of these groups. Further, results of the analysis provide
information regarding the accuracy of these classifications. This information may be
informative in developing prescreening question scoring algorithms. Research
Question 2 was examined in the UW and CSR applicant samples. It should also be
noted that in addition to the specific item characteristic dimensions tested in the
hypotheses, the remaining item characteristic dimensions on which specific

hypotheses were not posited were also explored in each analysis.
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CHAPTER VI: STUDY I RESULTS

Utility Worker

Descriptives and Zero-order Relationships

Means, standard deviations, and intercorrelations of the prescreening items
used in the UW position are presented in Table 6. Note that due to the severe lack of
variance in the preliminary screening questions (i.e., the questions from the online
screen; see Table 4) and the fact that many of these questions required a yes response
in order for the candidate to proceed in the screening process, these variables were not
included in Table 6. Each of the screening questions, with the exception of the
overtime requirement question, correlated significantly with the total prescreening
score. The most likely explanation for the lack of correlation for this item is the severe
restriction of range associated with this question. The candidates’ total screening
scores failed to demonstrate a significant relationship with test pass/fail (r = —.07, ns).
However, whether candidates indicated they possessed a Class A driver’s license was
inversely related to passing the preemployment test battery (r =—.11, p <.05).
However, it should be noted that this relationship was significant at the less stringent
alpha level. Likewise, total screening score failed to demonstrate a significant
relationship with the more distal outcomes of hiring decisions (r = .04, ns) and
terminations. This most likely was a reflection of how hires were coded. Namely, only
those candidates who qualified on the preemployment test battery for physical jobs
were coded as hired or not hired. Although the total screening score was not

significantly related to employee terminations (again, most plausibly due to the
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severely restricted range in candidate scores, i.e., only candidates who had been hired

by the organization were coded as having been or having not been terminated), there
was a significant relationship between the previous experience in a utility company
question and involuntary turnover (r = .25, p <.01). This association was even
stronger for those candidates who more specifically indicated they had previous
experience in a cable utility (» = .57, p <.01). However, given that the sample of
termed employees was extremely small, these relationships are most likely spurious in
nature, or at the very least, should be interpreted with caution.
SME Prescreening Item Taxonomy Ratings

Table 7 displays the mean prescreening item taxonomy ratings across each of
the 13 dimensions investigated, their intercorrelations, and intraclass correlations
(ICCs). In calculating the ICCs, raters were treated as fixed effects, and given that
these raters were considered “experts,” they were the only population of interest. The
ICC values reflect the consistency measure of reliability as opposed to absolute
agreement (cf. Shrout & Fleiss, 1979). Overall, the ICCs were high (.55-.98),
suggesting satisfactory reliability, with the exceptions of job relatedness (.23) and the
noninvasive dimension (—.06). Given the small sample of expert raters, few of the
prescreening dimension correlations were statistically significant, although most were
non-trivial. The controllable dimension was inversely related to most of the other
dimensions, with significant relationships found between the controllable dimension
and verifiability (» = —.54, p < .10), external (r = —.64, p < .05) and discrete (» = —.59,

p <.10). In addition, the more verifiable, objective, historical, and external the items
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were, the less equally accessible they were. Finally, objective items were also more

job related (r = .69, p <.05).
Hypothesis Tests
Hypothesis 1a posited that prescreening items that differentiate high- from

low-scoring candidates will have significantly higher job-relatedness and minimum
qualifications ratings. Candidate total screening scores were first converted to Z-
scores. Candidates with a Z-score greater than or equal to 1.00 were compared to
candidates with a Z-score less than or equal to —1.00 on each of the following 5
questions: possession of a Class A driver’s license, number of years of construction
experience, previous experience in a utility company (further breakdowns by type of
utility endorsed were explored), and ability to meet the overtime requirement. Due to
the multiple comparisons made in testing this hypothesis, a more stringent alpha of .01

was used. Results of the ¢-tests appear in Table 8. As can be seen in Table 8, each of
the comparisons by question was significant, with the exception of prior experience in
a water utility company. Ability to meet the overtime requirement could not be tested
because there was no variance in either group. Although the one non-difference
between high- and low-scoring candidates (given the .01 alpha level) involved a
response option to the utility company experience question as opposed to the overall
question endorsement rate itself, for the purpose of exploring Hypothesis la in the
UW sample, the question was considered to not differentiate the highest and lowest
scoring candidates. To test for differences among the highest and lowest scoring

candidates in terms of the questions’ taxonomic classification (as provided by graduate
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student SME ratings), the mean dimension ratings across the screening questions

differentiating high- and low-scoring candidates was compared to the mean dimension
ratings across the questions which did not differentiate between high- and low-scoring
candidates. Thus, the mean screening taxonomy ratings across the Class A driver’s
license and years of construction experience questions (averaged) were compared to
the mean screening taxonomy ratings for the previous experience in a utility company
question. Results of the analysis appear in Table 9. The questions differentiating
between the top- and bottom-scoring candidates were rated higher on minimum
qualifications, #(10) = 3.27, p < .01. Although not hypothesized, the question which
did not differentiate between high- and low-scoring candidates, previous experience in
a specific type of utility company, was significantly more discrete than the average of
the three items which differentiated candidates, #(10) = —4.20, p <.01. It is also
interesting to note that, although not statistically significant, ratings of job relatedness
and objectivity trended in the direction hypothesized. That is, of the prescreening
items that differentiated high-scoring from low-scoring candidates, the SME expert
ratings on these dimensions were higher than the same ratings made on the question
which did not differentiate among the highest- and lowest-scoring candidates. These
relationships may have been borne out in a larger sample of expert raters. Thus,
Hypothesis 1a received partial support in the UW sample.

Hypothesis 1b posited that prescreening items that differentiate between the
highest-scoring and high-scoring candidates will have significantly higher objectivity

ratings, but will not differ in terms of minimum qualifications. Due to the range
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restriction in screening scores, a reflection of the way in which the screening was

administered to candidates, comparing candidates with Z-scores greater than or equal
to 2.00 to candidates with Z-scores between 1.00 and 1.99 could not be conducted (Z-
scores in the sample ranged from —1.78 to 1.70). Therefore, to test Hypothesis 1b,
percentile scores were examined as an alternative method. However, this approach
was likewise unfeasible because the screening score values at both the 7 5™ and 90™
percentile were identical (raw score = 12). Upon examination of the screening score
distribution (See Figure 2), there appeared to be a distinct split between candidates
with a prescreening score of 12 and candidates who scored above 12 (the maximum
score in the distribution was 14). Thus, the methodology proposed to explore Research
Question 1 was employed as a means to test Hypothesis 1b. That is, candidates who
received a prescreening score of 12 were compared to candidates who scored above
this value. The mean item score comparisons are shown in Table 10.

Results of the item score differences between the highest scoring candidates
differed somewhat from what was found in the comparison of high- vs. low-scoring
candidates. Unlike the results from the test of Hypothesis 1a, the two groups of high-
scoring candidates did not differ in terms of their previous construction experience,
#(250) = —1.88, ns. Similar to the previous analysis, certain response options to the
question regarding the type of utility company in which candidates had previous work
experience (i.e., endorsement rates of previous work experience in a water utility
company) did not differentiate between the two groups and, because each of these

response options could not be assessed separately, the entire question was considered
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to not differentiate between the highest-scoring candidates. Thus, Hypothesis 1b was

tested by comparing the screening item taxonomy dimensional ratings for the Class A
license and previous utility experience questions to the mean dimensional ratings
across the years of previous construction experience and type of utility company in
which the candidate had previous work experience questions. Results of these
comparisons appear in Table 11.

In total, screening item characteristics differed between questions that
distinguished the highest-scoring candidates from high-scoring candidates across 5
dimensions. Items that distinguished among the highest-scoring candidates were rated
by the SME sample as being more verifiable (2(10) = 3.51, p <.01) and more objective
(#(10) = 3.61, p < .01). The prescreening questions differed along 2 additional
dimensions at the .05 level, but it should be noted that due to the number of
comparisons, these differences may be an artifact of familywise error. Nevertheless,
the results suggest that in addition to being more verifiable and objective, questions
that differentiated among the highest-scoring candidates were also more discrete (#10)
= 2.82, p <.05) and less susceptible to faking (#(10) = -2.47, p <.05). Contrary to
Hypothesis 1b, the prescreening items that differentiated the highest-scoring
candidates were also rated higher in terms of their assessment of minimum
qualifications (#(10) = 2.61, p <.05). Again, it should be noted that this comparison
was significant using a less stringent alpha to account for the multiple comparisons
made. In all, then, Hypothesis 1b received partial support: the prescreening questions

that differentiated between the two high-scoring groups were more objective than the
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questions on which the highest-scoring candidates did not differ. However, these

questions were also considered to measure minimum qualifications to a greater extent
than the questions where differences were not found.

Hypothesis 2a posited that applicant prescreening scores will be predictive of
key new-hire criteria. Given that the criteria available on which to “validate”
prescreening scores in the organization were sparse, screening scores were examined
for their potential relationships to later stages in the selection process, such as
preemployment test outcomes, hiring decisions, and whether the candidates who were
hired survived their probationary period (defined as 6 months). Based on the zero-
order correlations between total screening score and each of the two test components
comprising the preemployment test battery for physical jobs (# = —.07, ns and » = .00,
ns for the mathematical ability and spatial ability tests, respectively; » = —.07, ns with
preemployment test battery pass/fail), Hypothesis 2a was not supported. Similarly,
prescreening scores failed to demonstrate a significant relationship to the more distal
outcomes of hiring decisions and whether the candidate was terminated during the
initial 6-month probationary period (s = .05 and —.02, ns for the hired and termed
criteria, respectively). It should be noted that these relationships suffered from even
greater restriction of range than the relationships tested in Hypotheses 1a and 1b. That
is, these relationships were based on the select sample of candidates who attended a
preemployment test session and subsequently qualified on the preemployment test
battery (N = 327 for candidates who took the preemployment test, and of these, 70

were subsequently hired). Likewise, restriction of range and small sample size
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truncated any potential relationship between terminations and prescreening scores (N

= 69 in the termination sample, and of these, 3 were terminated within the 6-month
probationary period).

Hypothesis 2b stated that prescreening items predictive of key new hire
performance criteria would be high on objectivity and verifiability. Although the total
screening score failed to demonstrate a relationship with key outcomes, two
significant zero-order relationships were found between individual screening questions
and the outcomes. Specifically, the possession of a Class A license question was
significantly correlated with test battery pass/fail (r = —.11, p <.05), as well as two of
the response options to the question regarding the specific type of utility company in
which candidates had previous work experience ( = .09, p < .05, for the relationship
between experience in an electric utility and the mathematical ability test component,
and » = —.10, p < .01 for the relationship between experience in a cable utility and the
mathematical ability test component). It is interesting to note that two of these
relationships were negative, which was contrary to what was expected. That is,
assuming these types of experience or qualifications were considered relevant to
success in the position (or later stages of the selection process), then the demonstrated
relationships, should any exist, would be expected to be positive. It is possible that due
to the severe restriction of range in prescreening scores encountered in this dataset, the
absence of the lowest-scoring candidates on this item (due to the fact that they were
knocked out based on questions preceding this one) may have caused this relationship

to be negative. There is also the possibility that a greater proportion of candidates
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scoring the highest on this question faked their response, thus introducing error, with

the end result again being that candidates who scored lower on this item performed
better on the preemployment test. Nevertheless, the Class A license and which type of
utility questions were compared to the construction experience and previous utility
company experience questions along the prescreening taxonomy dimensions. Results
are displayed in Table 12. At the more conservative alpha level (i.e., .01), two
prescreening taxonomy dimensions demonstrated significant differences. First,
screening questions that demonstrated a significant zero-order correlation with
preemployment test pass/fail or with the mathematical ability test component score
were rated significantly higher in terms of verifiability compared to the questions that
did not demonstrate significant relationships to the preemployment test criterion, #(10)
=6.21, p <.01. Likewise, these questions were also rated as being significantly more
objective, #(10) =3.61, p <.01. Thus, Hypothesis 2b was supported in the UW sample.
Two additional prescreening item taxonomy dimensions demonstrated
significant differences at the less conservative .05 alpha. Specifically, prescreening
questions that were significantly correlated with test scores/outcomes were rated
higher on minimum qualifications and were more discrete compared to questions with
non-significant test criterion relationships, #s(10) = 2.48 and 3.09, respectively, p <
.05. Finally, although not statistically significant at conventional alpha levels,
screening questions with non-significant test criterion relationships trended toward

being significantly more socially desirable, compared to those questions that
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demonstrated a significant relationship to the preemployment test criterion, #(10) =

-2.17,p<.10.

Research Question 2 (Are there response profiles that differentiate between
applicants who are hired versus not hired, and applicants who turn over versus those
who do not? What are the characteristics of these response profiles?) was modified
slightly in terms of the analysis conducted. Given that the UW script contained only 4
questions on which a profile could be developed, instead of discriminant analysis, the
approach taken to test the preceding hypotheses was used. In addition, much in the
way of candidate “profiles” was examined in the main hypotheses. That is, mean
scores on individual prescreening items were compared across those candidates who
performed well on the screen and those who did not perform well. Another limitation
of the data in the present study that affected the exploration of this research question
was the fact that the sample of termed employees was insufficient to allow for a
discriminant analysis. Thus, to examine Research Question 2, candidates who were
hired were compared to candidates who were qualified on the screening and
preemployment test battery but were not ultimately hired to determine what, if any
differences existed along the prescreening protocol between these two candidate
groups.

Results of the screening item mean comparisons between hired and not hired
(but considered qualified based on performance in the prescreen and preemployment

test battery) candidates are presented in Table 13. As shown in the table, there were no
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significant differences along any of the prescreening items between these two

candidate groups. Thus, Research Question 2 was not testable in the UW sample.
Customer Service Representative

Descriptives and Zero-order Relationships

Means, standard deviations, and intercorrelations of the CSR prescreening
items are presented in Table 14. As was the case in the UW sample, a number of
questions in the preliminary online screening lacked variance. Specifically, 3 items
had no variance: age 18 or older, high school diploma/GED, and overtime and
weekend work schedule requirements questions. Thus, these variables were not
included in the correlation matrix. Each of the screening questions presented in Table .
14 demonstrated a significant item-total correlation with total prescreening score (rs
ranged from .17 to .61, ps < .01). The candidates’ total prescreening scores failed to
demonstrate significant relationships to any of the testing or hiring outcome variables,
again, most likely due to severe restriction of range among the subsample of
candidates who made it to these stages in the selection process. However, a number of
the individual prescreening items did exhibit significant bivariate relationships to key
outcomes. Years of customer service experience in a call center demonstrated
significant inverse relationships to total preemployment test battery score (r =—.10, p
<.01), test battery pass/fail (= —.07, p <.05), and whether the candidate was
terminated during the 6-month probation period (» = .18, p < .01; the correlation is
positive based on the way it was coded in the dataset). The sum of computer software

programs endorsed by candidates was positively related to total test score (r = .06, p <
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.05) and test pass/fail (» = .08, p <.01). Likewise, typing words per minute exhibited

similar, positive relationships (rs = .12 and .13 with total test score and test battery
pass/fail, respectively, ps <.01). Finally, anticipated tenure in the call center was
inversely related to the test outcome variables (» = —.10, p < .01 with total test score;
=-.07, p < .05 with test battery pass/fail).
SME Prescreening Item Taxonomy Ratings

Table 15 displays the mean prescreening item taxonomy ratings across each of
the 13 dimensions investigated, their intercorrelations, and intraclass correlations
(ICCs). Overall, the ICCs were high, with the exception of the equal access dimension.
Given the small sample of expert raters, few of the prescreening dimension
correlations were significant. Ratings of verifiability were positively related to ratings
of objectivity (r = .57, p <.05), and job related items were positively related to items
measuring minimum qualifications (r = .58, p <.10). External items were also more
verifiable and objective (rs = .63 and .72, respectively, ps < .05). Finally,
noninvasiveness was positively associated with item verifiability (» = .91, p <.01) and
discreteness (r = .75, p <.01).
Hypothesis Tests

Hypothesis 1a predicted that prescreening items that differentiate high- from
low-scoring candidates will have significantly higher job-relatedness and minimum
qualifications ratings. Figure 3 shows the score distribution for the CSR screening
scores. As can be seen, the distribution was highly skewed. This was likewise

reflected in the Z-score distribution (scores ranged from —3.67 to 1.68). Thus the
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approach taken to explore Hypothesis 1a reflected what was proposed in Research

Question 1. That is, instead of looking at differences based on the original score
distribution, the distribution was truncated and Z-scores recalculated so that
Hypothesis 1a could be tested on candidates with the most complete data. Based on
the score distribution displayed in Figure 3, the score distribution “normalizes” at
around the screening score of 22. Thus, candidates scoring below this value were
filtered out of the dataset and the Z-scores were recalculated on screening scores
ranging from 22 to 37. This resulted in the removal of 341 candidates from the
analysis. Z-scores based on this smaller distribution ranged from —1.94 to 2.53.
Screening item scores of candidates with Z-scores greater than or equal to 1.00 (n =
398) were compared to the screening item scores of candidates with Z-scores less than
or equal to —1.00 (n = 397) based on the smaller candidate sample on each of the
following 8 questions: (1) years of customer service experience in a call center, (2)
software experience (treated as 6 separate variables as well as a seventh, total software
programs endorsed variable), (3) typing words per minute, (4) anticipated tenure in the
position, (5) reasons the candidate stated he/she wanted to join the call center, (6) their
description of what customer service meant to them, (7) shift availability, and (8)
communication skills. Due to the multiple comparisons made in testing this
hypothesis, a more stringent alpha of .01 was used. Results of the z-tests by
prescreening item are displayed in Table 16. As shown in Table 16, each of the #-test
comparisons was significant. Therefore, Hypothesis 1a was not testable in the CSR

sample: each of the screening questions significantly differentiated between high- and
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low-scoring candidates and therefore questions could not be compared for differences

in terms of the prescreening item classification taxonomy.

Hypothesis 1b stated that prescreening items that differentiate between the
highest-scoring and high-scoring candidates will have significantly higher objectivity
ratings, but will not differ in terms of minimum qualifications. Because an insufficient
number of candidates had a Z-score greater than or equal to 2.00, percentiles based on
the raw total prescreening scores were used. Candidates at the 75™ percentile but lower
than the 90™ percentile (n = 353) were compared to candidates scoring at the 90
percentile and above (n = 239). In raw score terms, this equated to a comparison of
candidates with a screening score of 31 or 32 against candidates scoring 33 or above.
Mean item scores across the same 8 prescreening questions analyzed in Hypothesis 1a
were compared across the two high-scoring groups using a series of #-tests. Results of
the mean prescreening item tests appear in Table 17.

Based on the results of the #-tests displayed in Table 17, 2 questions failed to
distinguish between the top-scoring groups: years of customer service experience with
the general public, and shift availability. Therefore, to test Hypothesis 1b, the mean
screening taxonomy ratings for these two questions were compared against the mean
screening taxonomy ratings for the rest of the CSR screening protocol questions.
Results of these comparisons appear in Table 18. At the more conservative alpha level
(.01), one prescreening item taxonomy dimension demonstrated a significant
difference among the high-scoring candidates. Specifically, the questions that

differentiated the highest-scoring candidates from the high-scoring candidates were
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significantly less objective, #(10) = —3.52, p <.01. The questions that differentiated the

two high-scoring candidate groups did not differ in terms of the extent to which they
assessed minimum qualifications, #(10) = —1.25, ns. Thus, results in the CSR sample
did not support Hypothesis 1b. No relationship was found for the minimum
qualifications dimension, and results for the objective dimension were in the direction
opposite what was hypothesized.

Using a less stringent alpha level (.05, .10), there were some other trends in
terms of prescreening item taxonomy differences between the two high-scoring groups
in the CSR sample. First, the questions differentiating the highest scoring candidates
may be less job-related, #(10) = —1.94, p < .10, less historical, #(10) = -2.58, p < .05,
less external, #(10) =—1.96, p < .10, more noninvasive, #10) = 2.16, p <.10, more
highly susceptible to faking, #(10) = 2.05, p < .10, and more likely to elicit a socially
desirable response, #(10) = 1.82, p <.10, which would coincide with the results
indicating the questions were less objective. Overall, these results were in the expected
direction, as it was expected that among the top-scoring candidates, the questions that
would differentiate would be less likely to be job-relevant, as all top-scoring
candidates would be expected to possess relevant job qualifications and experience.
Moreover, it was expected that there would potentially be more faking or socially
desirable responding at the top of the prescreening score distribution, which was in
line with the trends for the social desirability and faking dimensions.

Hypothesis 2a explored whether applicant prescreening scores would be

predictive of key new hire criteria. As mentioned in the discussion of the UW sample,



125
the criteria investigated were preemployment test score (the test battery for the CSR

position used a compensatory scoring model so the sum of all test components was
also investigated, unlike the UW and GSR positions where scores on individual
components was investigated), preemployment test pass/fail, hiring decisions, and
whether the candidates who were hired survived the 6-month probationary period.
Based on the zero-order correlations between total prescreening score and the
preemployment test scores (¥ = —.03, xs) and test battery pass/fail (» = .02, ns),
Hypothesis 2a was not supported. Moreover, total prescreening score did not
demonstrate a significant relationship to hiring decisions (» = .06, ns). Total screening
score did correlate with survival beyond the first 6 months in the job at a less stringent
alpha level (» = .18, p <.10). Overall, there was no support for the validity of applicant
prescreening in relation to later stages in the selection process, hiring decisions, or
post-hire outcomes. That is, total prescreening scores, as they were conceptualized in
this study, failed to predict performance in later selection stages.

Hypothesis 2b predicted that prescreening items that were related to key new
hire performance criteria would be high on objectivity and verifiability. Although the
total prescreening score failed to demonstrate a significant relationship to the key
outcome criteria, a number of the individual screening items demonstrated significant
bivariate relationships to total preemployment test battery score and test battery
pass/fail. Specifically, 4 of the CSR prescreening questions correlated with test score
(see Table 14): years of customer service experience in a call center (r =—.10, p <.01

with total test score; ¥ = —.07, p <.05 with test battery pass/fail), software experience
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(operationalized as total number of software programs endorsed; » = .06, p < .05 with

total preemployment test battery score; r = .08, p < .01 with preemployment test
battery pass/fail), typing words per minute (rs = .12 and .13 with total test score and
test pass/fail, respectively, ps <.01), and anticipated tenure as a CSR (r=-.10, p <.01
with total test score; » = —.07, p < .05 with test pass/fail). The means on these
questions along the prescreening taxonomy dimensions were compared to the means
of the questions which did not exhibit a significant correlation with preemployment
test battery score. Results are shown in Table 19.

Results of the #-tests comparing prescreening items with a significant
correlation to preemployment test score to those without a significant relationship
along the taxonomy dimensions showed that the “valid” items were significantly more
verifiable and objective (7s(10) = 4.09 and 6.85, respectively, ps < .01), supporting
Hypothesis 2b. In addition, significant differences along 8 additional prescreening
item taxonomy dimensions were also found. The 4 prescreening items with significant
relationships to preemployment test score were significantly more historical (#10) =
6.64, p < .01), external (#(10) =9.91, p <.01), firsthand (#(10) = 3.21, p <.01), discrete
(2(10) =4.51, p < .01), and controllable (#(10) = 3.28, p <.01). At the less stringent
alpha of .05, these items were also more noninvasive (t( 105 =3.04, p < .05) and less
susceptible to socially desirable responding (#(10) = —2.87, p < .05).

Research Question 2 (Are there response profiles that differentiate between
applicants who are hired versus not hired, and applicants who turn over versus those

who do not? What are the characteristics of these response profiles?) was tested in the
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same manner as it was tested in the UW sample. That is, mean scores on each of the

CSR prescreening items between hired candidates and candidates who were
considered qualified but who were not ultimately hired were compared. Results of
these mean comparisons appear in Table 20.

Similarly to the results for Research Question 2 in the UW sample, there were
no meaningful differences between hired and qualified but not hired candidates along
the prescreening questions explored in the CSR sample. One comparison, namely, the
percentage of candidates in each group who indicated they had PowerPoint
experience, did differ at the .05 alpha level, #(782) = -2.27, p < .05. However, in terms
of the total number of software programs with which candidates indicated they had
experience, there was no difference, #(782) = —1.20, ns. Thus, given the fact that only
one response option to this question demonstrated significant a significant mean
difference between hired and qualified but not hired candidates, and no other questions
in the prescreening protocol differentiated between these two groups, this one
difference was considered to be spurious and thus follow-up analyses were not
warranted.

Gas Service Representative
Descriptives and Zero-order Relationships

Means, standard deviations, and intercorrelations of the GSR prescreening
items, preemployment test scores, and preemployment test outcomes (pass/fail) are
presented in Table 21. Note that, due to the severe range restriction for many of the

preliminary prescreening questions (endorsement rates exceeded 99%), they are not
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included in the table. The questions removed from the table include all of the online

screening/minimum qualification questions (i.e., at least 18, high school
diploma/GED, valid [State] driver’s license, and ability to arrive at work site within 30
minutes during an emergency), as well as one of the telephone screening questions
(ability to work a flexible work schedule). Reasons provided by the candidate
regarding why he/she would like to join the organization also suffered from
considerable range restriction, but it was not so great that it was removed entirely from
the correlation matrix.

Each of the three prescreening questions that did not suffer from extreme range
restriction correlated significantly with total prescreening score. In addition, two of the
prescreening questions demonstrated modest relationships (p < .10) with elements of
test performance. The candidates’ description of what good customer service means to
them correlated with preemployment test outcomes (» = .10). This question
demonstrated a somewhat stronger relationship to the spatial ability test score (» = .12,
p <.05). The screeners’ ratings of candidate communication skills was significantly
related to scores on the mathematical ability test component (» = .09, p <.10). As was
the case in the UW and CSR samples, total screening score failed to correlate with
testing outcomes (r = —.05, ns).

SME Prescreening Item Taxonomy Ratings

Means, standard deviations, and intercorrelations among the 13 prescreening

taxonomy dimensions are presented in Table 22. Overall, the reliabilities of SME

ratings were acceptable, with the exception of the ICC for the noninvasive dimension.
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Ratings of objectivity correlated with both verifiability (» = .78, p <.01) and job

relatedness (r = .55, p <.10). Discrete items were also higher on verifiability in the
GSR sample (r = .64, p < .05). Prescreening items which were considered to be
equally accessible to all candidates were also more historical (» = .69, p <.05) and
external (r = .87, p < .01). Finally, there were significant relationships between
prescreening item social desirability and minimum qualifications (r = .75, p < .01) and
the controllable dimension (r = .61, p <.05).
Hypothesis Tests

Hypothesis 1a predicted that prescreening items that differentiate high- from
low-scoring candidates will have significantly higher job-relatedness and minimum
qualifications ratings. Candidate prescreening scores were first converted to Z-scores.
As was the case in the previous Z-score transformations, the range of the scores did
not allow for a test of this hypothesis (Z-scores in the sample ranged from —3.52 to
0.55). Thus, the methodology suggested for the exploration of Research Question 1
was once again employed. Based on an examination of the prescreening score
distribution (see Figure 4), Hypothesis 1a was tested in the following manner. Given
the somewhat bimodal nature of the distribution, candidates scoring 14 and above
were compared to candidates scoring 11 and below. Candidates in each score group
were compared along the following 3 questions: reasons to join the company, what
good customer service means, and communication skills. Results are displayed in
Table 23. Based on the results of the #-tests, each of the questions significantly

differentiated high- and low-scoring candidates (the communication skills question
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could not be tested because the mean in the low-scoring group was 0). Thus,

Hypothesis 1a could not be tested in the GSR sample.

Hypothesis 1b predicted that prescreening items that differentiate between the
highest-scoring and high-scoring candidates will have significantly higher objectivity
ratings, but will not differ in terms of minimum qualifications. As was the case with
Hypothesis 1a, a distributional analysis approach was taken in testing Hypothesis 1b.
That is, candidates who obtained the highest score in the distribution (17) were
compared to candidates receiving the next-highest score (16) because these two
scoring groups had relatively large numbers of candidates. Results of the prescreening
item comparisons are displayed in Table 24.

Based on the results of the #-tests, 2 of the 3 questions significantly
differentiated the highest-scoring candidates: their description of good customer
service and their communication skills. In each case, the highest-scoring candidates
outperformed the high-scoring candidates. Although a 7-test could not be computed on
the reasons candidates wanted to join the company question, given that the means
were identical, this item was treated as not differentiating candidates. Thus, the means
of the two differentiating questions were compared to the means of the non-
differentiating item across the prescreening item taxonomy questions. Results of these
comparisons appear in Table 25.

Based on the results presented in Table 25, Hypothesis 1b did not receive
support in the GSR sample. Although the trend was toward greater objectivity in the

differentiating screening items, the mean comparison test was not statistically
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significant (#(10) = 1.66, ns). The hypothesis was not supported in relation to the

minimum qualifications dimension. In fact, the trend was in the direction opposite that
which was hypothesized. That is, prescreening items differentiating among the two
high-scoring candidate groups were rated as being more related to minimum
qualifications compared to the question which did not differentiate the candidate
groups (#(10) = 1.88, p <.10). Overall, then, Hypothesis 1b was not supported in the
GSR candidate sample.

Although the prescreening taxonomy dimensions hypothesized to show
significant mean differences failed to do so, there were a number of other dimensions
which did demonstrate significant mean differences. Most notably, prescreening items
that differentiated the highest-scoring candidate groups were significantly less
susceptible to faking (2(10) =—3.75, p <.01) and significantly more verifiable (#(10) =
3.71, p < .01), although the susceptible to faking means were both well above the
midpoint of the scale and both verifiability means were well below the midpoint of the
scale, suggesting on the whole, the three prescreening items compared in these
analyses were highly susceptible to faking and difficult to verify. Similarly, at a less
stringent alpha level, the items that differentiated the highest-scoring groups were
significantly less likely to elicit a socially desirable response (#(10) = —2.71, p < .05).
Again, both sets of items were extremely high on the social desirability dimension.
Finally, the prescreening item that did not differentiate the two high-scoring candidate
groups was significantly more firsthand in nature and was rated higher in terms of

equal access (£s(10) = —2.32 and —2.28, respectively, ps < .05).
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Hypothesis 2a posited that prescreening items will be predictive of key new

hire criteria. Given that there were insufficient numbers of hires on which to conduct
such an analysis, the relationship of prescreening score and preemployment test
battery outcome (pass/fail) was examined instead. Based on the zero-order correlation
between these two variables (r = —.05, ns; see Table 21), Hypothesis 2a was not
supported.

Hypothesis 2b stated that prescreening items predictive of key new hire
performance criteria will be high on objectivity and verifiability. One of the three
prescreening items examined, candidates’ description of what good customer service
means to them, demonstrated a significant relationship with preemployment test
battery pass/fail, albeit at more relaxed alpha (» = .10, p <.10). However, this same
item also demonstrated a significant zero-order correlation with scores on the spatial
ability test component (» = .12, p <.05). Thus, the prescreening dimensional means of
this item were compared to the prescreening dimensional means of the other two
prescreening items. Results are displayed in Table 26.

Based on the results of the prescreening item taxonomy comparisons between
the prescreening item with a significant item-criterion relationship and the items that
did not demonstrate a significant item-criterion relationship, Hypothesis 2b was not
supported. The valid prescreening item was neither more verifiable (#(10) = —1.17, ns)
nor objective (#(10) = 1.17, ns). Nevertheless, three prescreening item classification
dimensions did demonstrate significant differences, albeit at the less stringent alpha

level. Specifically, the valid prescreening item was rated significantly higher on the



133
firsthand dimension (#(10) = 3.07, p < .05), was considered less discrete (#(10) =

—2.89, p < .05) and was higher on social desirability (#(10) =2.71, p <.05) compared
to the prescreening items that did not exhibit significant relationships to

preemployment test battery pass/fail.
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CHAPTER VII: STUDY 1 DISCUSSION

In Study 1, I sought to understand potential best practices in the area of
applicant prescreening protocols. The specific prescreening system examined in the
present study was, on the whole, typical of what is generally understood in the
personnel selection field as prescreening (cf. Hunt et al., 2004). That is, as part of the
initial application process for the three positions examined in Study 1, candidates were
required to answer a short series of questions which pertained to legal requirements,
minimum qualifications, and a cursory measurement of candidates’ relevant previous
work experience, skills, and attitudes about the position to which they were applying.
However, the modalities under which applicant prescreening is administered may vary
across organizations from what was examined here.

In the present study, the screening protocol was administered using two
separate media: online and via telephone with a live screener. Although this 1s a
representative administration process, some screens may be completed entirely via the
internet, with a live screener, or may be automated and administered via telephone
(i.e., IVR technology; e.g., Bauer et al., 2004). In addition, prescreening
administration systems may also vary in terms of the data collected on candidates. In
other words, although the administration of the prescreening in the organization from
which data were collected may have ended once a candidate chose a “knockout”
response, other prescreening systems may collect a complete set of data on all
applicants across the entire screening protocol. Thus, the results of Study 1 must be

interpreted with these caveats in mind.



135
Employing a taxonomic framework originally presented by Mael (1991), the

present study examined whether such a classification scheme could be applied to
prescreening content, given its potential overlap with the types of questions asked in a
biodata inventory. Moreover, this framework was used to examine whether there were
systematic relationships between prescreening item classifications and the items’
ability to predict outcomes in later stages of the selection process. If such relationships
were obtained, it would logically follow that such questions would be of greater use in
the development of prescreening scripts, as such protocols would provide
organizations the ability to not only screen out or deselect candidates who clearly do
not possess the minimum qualifications required for the position, but also to make
meaningful distinctions among the remaining viable candidates. Such an outcome
would be particularly useful for positions which have extremely large applicant
volumes, and would also allow recruiters to more effectively target candidates for
résumé screens or telephone interviews, two of the most common next stages in a
multiple hurdle selection process.

To examine these potential relationships, prescreening data from actual job
applicants were collected across three high-volume positions in a major utility
company, as well as preemployment test data, and hiring and termination data, where
available. To link relationships among prescreening items and key organizational
criteria to the biodata item taxonomy framework, a sample of expert graduate student

raters evaluated the prescreening questions along Mael’s (1991) ten biodata
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dimensions as well as three additional dimensions added for the present study:

minimum qualifications, susceptibility to faking, and social desirability.

A summary of the results from Study | appears in Table 27. In addition to the
specific taxonomy dimensions where relationships were hypothesized in Study 1, all
13 item characteristic dimensions measured in the study were examined and results of
those exploratory tests are also discussed in this chapter. As shown in Table 27, results
across the hypotheses and the jobs investigated were mixed. Specifically, in the UW
sample, results comparing the high-scoring candidates to low-scoring candidates were
inconclusive. Although the differentiating questions were evaluated by the SME
sample as being significantly higher on the minimum qualifications dimension as
hypothesized, they were not found to be higher on job-relatedness. The differentiating
items were also rated as being more discrete. In other words, these questions were
more likely to assess a single, unique behavior or simple count of unique instances of
events compared to the prescreening items that did not differentiate candidates at
opposite ends of the prescreening score spectrum. Results in the CSR and GSR
samples were inconclusive because all questions in the screening protocol
differentiated between high- and low-scoring candidates. Overall, the results of the
tests of Hypothesis 1a were inconclusive; there was little in the way of insight into
what distinguished between the high- and low-scoring candidates across the three
positions investigated.

There are three potential explanations for the lack of consistent findings for

Hypothesis la in the UW sample. First, the simplest explanation is that the job-
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relatedness ratings provided by the graduate student sample suffered from low

interrater reliability, as evidenced by the .23 intraclass correlation obtained on this
dimension, which would be reflected in larger standard deviations for the mean
ratings, and therefore greater difficulty in detecting a statistically significant
difference, given the small sample of raters. This lack of reliability also suggests that it
may have been unclear to the graduate students what constituted a job-related question
across the CSR prescreening protocol. Second, the high mean ratings on the job-
relatedness dimension (M = 4.40 or above in the test of Hypothesis 1a) suggests a
potential ceiling effect in the item ratings, which would also greatly reduce the ability
to detect a significant difference between the differentiating and non-differentiating
prescreening item clusters. Finally, it should be noted that the removal of the online
portion of the prescreening protocol, which assessed the most basic of qualifications,
was tied to this ceiling effect. That is, the mean job-relatedness rating across the entire
screening protocol was 3.60. The low intraclass correlation may have been an artifact
of the disagreement among the graduate students regarding whether minimum
qualifications, such as being 18 years of age or older, should also be considered job-
related.

Stronger results were obtained from comparisons of the high-scoring
candidates across the three positions. In the UW sample, prescreening questions that
differentiated the highest-scoring candidates from high-scoring candidates differed
significantly from the prescreening questions which did not differentiate the two high-

scoring candidate groups along five dimensions. The hypothesized relationships in the
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UW sample were partially supported. Although the prescreening questions

differentiating the two top-scoring candidate groups were indeed found to be more
objective than those prescreening questiQns which failed to differentiate, they were
also found to be rated higher on the extent to which they assessed minimum
qualifications. The questions distinguishing the top candidates were also rated higher
on verifiability and discreteness and lower on susceptibility to faking, although the
latter two relationships were significant at a less stringent alpha level. This hypothesis
was also partially supported in the CSR sample: the subset of prescreening questions
that differentiated among the highest-scoring candidates did not significantly differ in
terms of the extent to which they assessed minimum qualifications. However, the
differentiating questions were also significantly /ess objective than the prescreening
questions which did not differentiate the two high-scoring candidate groups.
Somewhat conflicting results were likewise found in the GSR sample. Although the
trend was such that prescreening questions that differentiated the top-scoring
candidates were more objective, the difference was not statistically significant.
Moreover, the items that differentiated candidates were rated significantly higher in
terms of minimum qualifications. Potential avenues for future research designed to
clarify the equivocal results are discussed below.

In terms of the validity of prescreening items as a whole, no support was found
for any of the three jobs investigated. Total prescreening scores did not correlate with
test outcomes (pass/fail) or test scores, hiring decisions, and tenure (defined as

survival of the 6-month probationary period). Furthermore, for the latter criterion,



139
sample size was insufficient to explore the relationship in any meaningful way. In

contrast, some of the individual prescreening items across the three jobs did
demonstrate significant zero-order correlations with some of these criteria. Test
scores, either at the test component level (UW and GSR positions) or in terms of total
test score (CSR position) were not predicted by applicant prescreening scores.
Nevertheless, in the UW sample, two of the individual prescreening items were
correlated with preemployment test battery outcome. Compared to the remaining UW
prescreening questions which did not correlate with testing outcomes, these questions
were significantly higher in terms of verifiability and objectivity. At the .05 alpha
level, these questions were also rated higher by the SME sample on minimum
qualifications, and they were considered more discrete. Significant relationships
between prescreening items and the prescreening item taxonomy were also found in
the CSR sample across the-four prescreening items which correlated significantly with
the preemployment test for clerical jobs. These questions had significantly higher
ratings on verifiability and objectivity, as well as several additional dimensions,
lending support to the hypothesis. In terms of the additional dimensions, these items
were also significantly more historical, external, firsthand, discrete, and controllable.
And, to a lesser extent (alpha = .05), they were also more noninvasive and less
susceptible to socially desirable responding.

Finally, in the GSR sample, results were more tenuous, as the one valid
prescreening item was significantly correlated to testing outcomes at the .10 alpha

level. However, these relationships were still tested, and the results failed to support



140
the hypothesized relationships; this item was neither more verifiable nor more

objective than the prescreening items that did not correlate with testing outcomes. It
should be noted that the standard deviations associated with the prescreening item
taxonomy dimensions for these prescreening items were considerable, in some cases
exceeding 1.00, which may provide an explanation for the lack of support for this
hypothesis in the GSR sample. This also points to a potential lack of agreement among
the graduate student raters on these dimensions among the three items examined to test
this hypothesis. Because each of the three prescreening items involved a screener’s
rating of the candidate’s responses and communication skills, some graduate students
may not have felt that these items were objective. Also, candidates’ descriptions of
their attitudes (i.e., meaning of good customer service) may have been interpreted by
the graduate students as not being highly verifiable. The mean verifiability and
objectivity ratings were 2.00 or lower on a 5-point scale across differentiating and
non-differentiating items, which supports this interpretation. Further issues
surrounding the SME ratings are discussed below. Although the hypothesized
relationships were not demonstrated in the GSR sample, at the .05 alpha level, the
valid prescreening item was rated significantly higher on the firsthand dimension, was
significantly less discrete, and was significantly higher in terms of social desirability.
Given that the valid prescreening item involved candidates’ description of what good
customer service means to them, this result makes sense.

There are a couple of potential explanations for this for the lack of total

prescreening score relationships with any of the key criteria investigated. First, it
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could be the case that the restricted range of scores limited the ability of the total

prescreening score to correlate with any of the criteria. Secondly, it this could have
occurred because the screening responses contained a high amount of error variance
which would have masked any potential relationships to the criteria investigated. And
finally, prescreening and preemployment tests may be completely distinct in terms of
what they measure (assuming each predict a unique component of job performance),
and as a consequence, would not correlate. Regardless, prescreening protocols should
be developed using a content validity approach in order to ensure that they can be
legally defended as a selection tool, especially if the scores obtained do not
demonstrate any criterion relationships.
Implications for Research

Tying the results from the present study to prior research, the present study has
begun to extend the biodata item characteristics framework to the prescreening arena.
Because there is some potential overlap between the content of prescreening and
biodata, both in terms of question content and response formats, it seems logical to
extend this framework in order to develop a greater understanding of best practices in
the realm of applicant prescreening. On the whole, to the extent that items are more
verifiable, objective, external, and job-related, the quality of the items is better.
Specifically, Becker and Colquitt (1992) examined the biodata classification model in
relation to faking behavior and found that items which were faked in their study
lacked these critical attributes. The present study indirectly corroborates this finding,

in that the items that were found to be predictive of later stages in the selection process
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(i.e., testing outcomes) were rated significantly higher in terms of the items’

verifiability and objectivity (in the UW and CSR samples). If such items had a high
incidence of or susceptibility to faking behavior, this would introduce substantial
amounts of error variance and thus these items would be far less likely to correlate
with other constructs. Indeed, in one such study that examined the effects of requiring
elaboration to biodata item responses as a check on faking behavior (Schmitt et al.,
2003), it was found that biodata item objectivity and verifiability was inversely related
to the participants’ scores on both a social desirability and impression management
(“faking”) measure. Moreover, the methodology employed by Becker and Colquitt to
assess the characteristics of their biodata items was also used in the present study.

A more direct parallel in terms of the results from the present study to those
found in past research comes from a study conducted by McManus and Masztal
(1999). The authors specifically examined the validity of biodata items for an entry-
level sales job, linking these items to Mael’s (1991) dimensions (assessed in a manner
similar to that of Becker and Colquitt, 1992, and the present study) and found that the
valid items were indeed those which were rated higher on the objective and verifiable
dimensions, as well as the historical, external, and discrete dimensions. Thus, on the
whole, similar results were obtained in the arena of applicant prescreening. However,
further research 1s still needed, as other studies using differing methods of classifying
biodata items have found different results. In particular, Lefkowitz et al. (1999) used a
dichotomization (and in some cases, trichotomization) technique to classify biodata

items in their study, with the intention of linking items that predicted supervisor
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ratings to the biodata taxonomic framework. In their study, the valid items were not

more verifiable and objective, but instead were more indirect (i.e., secondhand as
opposed to firsthand) and non-controllable. Finally, it should be noted that in each of
these previous studies, different jobs were investigated, and by extension, the biodata
inventories investigated differed in terms of the specific item content. This was also
the case in the present study. Nevertheless, it would stand to reason that, regardless of
the job investigated, the item characteristics which roll up into Mael’s meta-category
of verifiability (i.e., external, objective, firsthand, discrete, and verifiable) should be
higher-quality items, compared to those which are low on this higher-order factor.
Further research is needed, both in terms of refining the measurement of Mael’s
(1991) item characteristics as well as in determining whether job type moderates the
relationship of item characteristics and validity.
Recommendations for Practice

Based on the results from the present study, online prescreening is most likely
better-suited to deselecting rather than selecting or otherwise differentiating candidates
(cf. Hunt et al., 2004). However, steps can be taken to collect additional information
on candidates that may not only allow recruiters to sort candidates in a meaningful
manner in order to determine which candidates to pursue further, but to also provide
them with a means by which to evaluate thefr recruiting efforts. There have been calls
in the literature for such evaluation efforts (e.g., Carlson et al., 2002), and to the extent
that applicant prescreening systems can be refined so that they employ questions with

the greatest chance of being predictive of later selection stages (i.e., items that are
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more verifiable and job related but less susceptible to conscious applicant

dissimulation or less likely to elicit socially desirable responses), these outcomes can
begin to be realized.

Based on the results of the present study, one key recommendation for practice
is to develop prescreening questions using a content validity approach. A thorough job
analysis and identification of which KSAs are absolutely critical for employees to
have at the time of hire would aid in identifying the minimum qualifications for the
position and would justify the designation of certain response options as knockouts in
terms of the scoring of these questions. In addition, based on the results from the
present study, efforts should be made to ensure that the prescreening questions
developed for a given job are not only clearly job-related, but that they are also highly
objective in nature and the responses provided by applicants are verifiable. This
approach to item development should not only increase legal defensibility of
prescreening, it should also minimize the potential for applicants to engage in
successfully faking their responses.

Moreover, unlike the present study which scored many of the prescreening
item response options along a continuum, scoring of prescreens could be informed by
SME:s in the form of a criticality survey or an Angoft-like approach, whereby
responses expected of a minimally qualified applicant could be identified. Scoring
could also be developed and/or refined through use of an empirical keying approach,
similar to what has typically been done in the biodata arena. Finally, based on the lack

of strong criterion relationships obtained in the present study, as well as the potential
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that applicant faking may inflate candidate scores (assuming that, in the development

of the prescreening protocol, questions with great susceptibility to applicant
dissimulation were not removed) it may be advisable to interpret the scores from a
prescreen along broad categories as opposed to taking a strict top-down approach. This
could be accomplished either through a banding technique or through simple score
categories, similar to what is sometimes done in T&E evaluations.

Ultimately, the results of this study contribute to the body of literature on so-
called alternative selection procedures by underscoring the importance of developing
content based on job requirements, and developing scoring systems based on input
from job incumbents and others familiar with the position. Prescreening scoring
systems should not be recruiter-driven, as is marketed by several prescreening
vendors. Instead, other well-established methods such as content validity-oriented and
empirical keying approaches (as are often used in the development of biodata
inventories) may result in better-quality prescreening protocols. It remains to be seen
to what level of detail these brief questionnaires can differentiate candidates, and,
based on the present study, whether prescreening can reliably predict candidate
success, either in later selection stages or in terms of job performance.

Potential Limitations

The present study suffers from several potential limitations. First, the applicant
prescreening scores suffered both in terms of lack of variance in the question
responses themselves (a reflection of the fact that candidates were not administered

the entire screening protocol if they selected a knockout response) and in terms of the
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breadth of questions. That is, due to the fact that most if not all the online screening

questions contained no variance, the entire script of questions investigated in the
present study was halved. Having the full range of applicant scores across the entire
prescreening protocol and larger question sets would have allowed for a more
thorough investigation of the relatioﬁships explored in the present study, as well as
avoiding the removal of large numbers of candidates. However, steps were taken to
ensure that the candidate data used in the study were as complete as possible, and, in
terms of the number of questions, the CSR sample was not as affected by the online
prescreen truncation, compared to the other two jobs investigated. More complete data
would have allowed for better tests of the distributional analyses, particularly those
involving high- and low-scoring candidates, as these could not be tested in the manner
originally proposed, and, in the CSR and GSR samples, these tests could not be
conducted at all because all of the questions differentiated the two applicant groups.
However, it is likely that this approach is not uncommon to screening systems. That is,
it is fair to assume that most organizations would not want to spend additional
resources on screening candidates who they have already determined have not met the
minimum requirements outlined for the position.

A second limitation of the present study concerns the expert sample rating the
prescreening items. Specifically, given the small sample size, tests of the hypotheses
were limited to a series of #-tests. If the sample had been larger, this would have
allowed for a more robust test of prescreening item differences across the 13

dimensions investigated (e.g., via MANOVA). This limitation was addressed by
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employing a more stringent test of significant mean differences. In spite of this

limitation, there were some patterns found in the results, particularly across the UW
and CSR samples in terms of prescreening item validity and the characteristics of
these items, which helps to temper this concern. Moreover, past studies have also
employed rather small rater samples, and in one case (Becker & Colquitt, 1992), a
relatively small sample of naive raters was used. Nevertheless, the relationships found
in the present study should be tested again in future studies, using a larger SME pool,
if possible, to rate the item dimensions.

Finally, another concern and potential limitation relative to the graduate
student SME sample involved the poor reliabilities obtained for some of the ratings of
prescreening item dimensions, although this occurred rarely. This further suggests that
refinements need to be made to the way in which the dimensions are assessed and/or
defined, and larger samples of raters could likewise alleviate this problem. Even in
light of these limitations, however, patterns of significant results were obtained, and
the use of more reliable ratings in a future study should only strengthen and potentially
broaden the nature of the relationships obtained in the present study. In addition, the
use of graduate students with an /O background may not have been as significant a
limitation as it may initially appear. Previous research in the area of assessment
centers has found that psychologists are better raters than those intimately familiar

with the focal position (i.e., job incumbents and managers; Woehr & Arthur, 2003).
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Future Research

Some potential avenues for future research have been alluded to above. First,
future research should continue to refine the measurement of Mael’s (1991) biodata
dimensions. In particular, it is important to determine whether measurement via
Likert-type scales or binary classifications produces more consistent and meaningful
results. Future research could either explore items at the factor level (the three higher-
order constructs identified by Mael, namely, verifiability, historical, and ethical/legal),
or, if the binary classification technique is used, items should be “clustered” along
multiple dimensions. This may allow a clearer picture to emerge in terms of what the
best item “profiles” are. One of the drawbacks of the present study is that if valid
items differ from non-valid items along a particular dimension, for example,
verifiability, and if both items are rated below the midpoint of a scale, one cannot
conclude definitively that items that are higher on verifiability are more valid.

Another potential avenue for future research would be to take the examination
of prescreening into the lab setting, allowing for more control over the way in which
prescreening data are collected, as well as allowing for the manipulation of the way in
which items are presented to participants (e.g., two items could be constructed for}the
same work-related construct, with one being high on the desirable characteristics, and
the other being low on those characteristics). However, the drawback of such an
approach is the potential lack of generalizability of the results.

Future research should also investigate whether ratings of Mael’s dimensions

vary based on the level of expertise of those providing the ratings. Some past studies
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have used modest samples of naive undergraduate students, some have used extremely

small samples of experts with PhDs in Industrial/Organizational psychology, and, as in
the present study, a slightly larger sample of graduate students with coursework and
research experience in personnel psychology was used. If the definitions of the
taxonomy dimensions can be standardized and refined, this may allow for non-experts
to provide ratings, which would allow for a more robust dataset. Ultimately, the
tradeoffs in this are of research may be between complete agreement in a small set of
raters (e.g., Lefkowitz et al., 1999) and stability of mean rating estimates for use in
statistical tests (using a larger number of less-knowledgeable raters; e.g., Becker &
Colquitt, 1992).

In a related vein to the previous recommendation, the examination of
prescreening should be taken to the lab setting, using an undergraduate student
sample, which would allow for greater control as well as the ability to collect complete
screening data as well as later “selection” stage data such as employment test scores
and/or interview data on all participants. One study that examined [VR as a screening
tool 1n relation to applicant reactions employed such a study design (i.e., Bauer et al.,
2004). Although the benefits of added control and the elimination of severe range
restriction as experienced in the present study would be removed in the lab, the
greatest challenge would be to create sufficient motivation in a lab study with students
who have little to nothing at stake. Consequently, the generalizability of the results
from such a study to a real-world selection context may be dubious at best, depending

upon the level of motivation investigators are able to generate in the student sample.
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Finally, assuming the measurement of the item taxonomy dimensions can be

perfected, and more complete prescreening data on actual applicants or study
participants can be collected, future research should also attempt to link item
characteristics to applicant reactions. Although it would seem logical that items high
on the taxonomy dimensions of job-relatedness and noninvasiveness should be
received more favorably by applicants, demonstrating these links, as well as
identifying which dimensions are related to negative applicant reactions, could
potentially allow for a reduction and consolidation of Mael’s original model.
Moreover, given that prescreening is one of the first, if not the first interaction an
applicant has with a hiring organization, understanding and maximizing positive
applicant reactions is crucial. Applicant reactions to prescreening assessments has not

received extensive scrutiny in the literature (cf. Hausknecht, Day, & Thomas, 2004).
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CHAPTER VIII: STUDY 2 METHOD

Study 2: Résumé Lab Study

Participants

Two recruiters from the same public utility company from which data were
acquired for the physical and customer service positions examined in Study 1 served
as participants in identifying critical résumé elements in Study 2. A matched sample of
graduate and advanced undergraduate students (repeated measures design) in
industrial/organizational psychology (N = 12) served as participants in the portion of
the study exploring the role of résumé evaluation in the overall screening process
through evaluating actual applicant résumés under two separate rating conditions:
structured and unstructured evaluation. The details of each rating condition will be
outlined in greater detail below. The student SMEs were evenly split in terms of
gender, with a mean age of 26.83 (SD = 7.80). The majority of the students (75.0%)
were Caucasian, with the remainder identifying themselves as Asian/Pacific Islander
(16.7%) or “Other” (8.3%). Three-fourths of the participants had at least one year of
graduate school experience, and 25% indicated they had previous work-related résumé
evaluation experience.
Materials

Job description. A detailed job description as it would appear to applicants on
the company website was provided to participants in the résumé review portion of the
study. The research questions in Study 2 were tested on a professional job: Business

Account Representative. Broadly speaking, this position involves effective use of
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consultative sales skills and interpersonal skills, and the ability to interact with small-

and mid-size business customers to sell them energy-related products and services.
Business Account Representatives are also expected to provide customers with
effective energy solutions and to advocate process improvements that better meet
customer needs. This job description was provided to participants across both
evaluation conditions. (See Appendix B.) They could refer to the job description at
any time during the résumé evaluation process.

Critical résumé elements summary. The student SMEs were provided with a
summary document outlining critical résumé elements as identified by the two

- company recruiters familiar with the Business Account Representative job. A list of
résumé evaluation “best practices” in the organization in general was likewise
provided to student SMEs. In total, nine critical résumé elements were delineated,
along with descriptions of what to look for in candidates’ résumés for each of the
dimensions as described by the recruiters. This document was provided to student
SMEs across both résumé evaluation conditions. (See Appendix C.)

Résumé evaluation surveys. Two different versions of the résumé evaluation
survey were created for use in the study, which varied in the level of structure
associated with the rating task (rating detail that was asked of participants). In the
unstructured condition, a single, “global” rating scale was presented at the top of each
candidate résumé, followed by the résumé content. In the structured condition, a
candidate résumé was presented, followed by a detailed résumé rating sheet containing

the nine critical résumé dimensions as outlined in the critical résumé elements
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summary sheet, as well as an overall rating, similar to the “global” rating in the

unstructured condition. (See Appendix D for initial invitation to graduate students to
participate in the study, and Appendices E and F for a sample cover letter and
unstructured and structured résumé evaluation surveys, respectively.)

Procedure

Applicant résumés from actual job applicants submitted for the Business
Account Representative position were utilized in Study 2. The application process for
this position differed from the physical and customer service positions described in
Study 1 (See Figure 1). Similar to the application processes in Study 1, professional
job opportunities are posted on the organization’s website and interested candidates
apply for these positions by providing some basic information abouf themselves (e.g.,
name, contact information) and uploading their résumés. Unlike the selection process
described in Study 1, candidates for professional positions in the organization do not
undergo online prescreening (although candidates with competitive résumés are phone
screened by recruiters). Thus, the preliminary applicant screen for professional jobs in
the organization is a review of their résumés by a recruiter.

Identification of critical résumé elements. An interview was conducted with a
recruiter from the organization who had experience reviewing résumés for the focal
position and the manager of recruitment for professional positions within the
organization. Given the small recruiter staff and lack of resources (i.e., recruiter time),
a detailed focus group interview was not feasible. Instead, these two SMEs were asked

to review a relatively small number of résumés of varying quality which were
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identified and selected by the recruiter through an examination of archival résumé data

in the staffing department’s résumé database. The SMEs were asked to discuss how
they reviewed résumés and to indicate which elements of each résumé contributed to
their designation of them as high- or low quality. A brief interview protocol was
developed and provided ahead of time to guide the discussion (See Appendix G). This
information was recorded as an initial insight into recruiters’ decision-making
processes. The outcome of the interviews was a detailed list of critical résumé
elements, including broad descriptions of any relevant education, experience, skills,
and other applicant characteristics of interest, as well as other key substantive or
stylistic considerations for use in the résumé evaluation study. In addition, these
interviews provided a general understanding of how recruiters at this organization
determined the quality of applicant résumés. This process aided in identifying the
number and types of résumé information that were viewed as most critical to the
résumé evaluation process (e.g., minimum requirements, candidate desirables).
Based on the results from SME interviews, a list of applicant desirables (in
terms of applicant experience and qualifications) was compiled and the list was
presented to the recruiter to determine the importance of each of the résumé elements
identified by the initial recruiter and recruiting supervisor interviews and résumé
review. The recruiter was asked to review the list to verify that each of the elements
identified in the initial interview had been accurately captured, making any necessary
edits, as well as providing short descriptions of eaéh dimension, including general

guidelines regarding what to look for to determine whether a candidate has met the
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acceptability threshold for that dimension. The outcome of this process was a final

résumé review guide used in the study. The 9 résumé dimensions identified by the
staffing SMEs were (1) statement of objective; (2) summary of relevant skills; (3)
current employment status; (4) work history; (5) advancement; (6) education,
experience, or compensatory training; (7) continuing education; (8) volunteerism; and
(9) résumé format. The detailed descriptions provided by the SMEs for each of the 9
résumé evaluation dimensions appear in Appendix C.

Selection of focal job and résumés. One requisition for the high-volume
Business Account Representative professional job was selected by the professional
recruitment SMEs to test the effectiveness of the two résumé screening methods
investigated in Study 2. Résumés posted for the focal job were culled from the
organization’s résumé database by the recruiting department SMEs. A total of 50
résumeés was identified, which reflected a recent population of applicants for the
Business Account Representative position. This was considered a typical number of
applicant résumés that recruiters would be expected to examine in order to determine
which candidates they would pursue further. Of these, a sub-sample was selected for
the purpose of data collection for the present study, given that the amount of time that
would be required for the graduate student participants to evaluate 50 résumés was
considered too time-intensive, especially in light of the repeated measures design. The
20 résumés chosen for the study were selected based upon a review of all the résumés
by the investigator, who made attempts to select résumés that varied sufficiently in

quality and were proportionate to the total sample of 50 résumés in terms of whether
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the candidates—in the actual selection process—were considered to have “passed” or

“failed” the résumé screen. In the actual selection context, 18 applicants (36%)
“passed” and the remaining 32 applicants (64%) “failed” the initial screen. In an effort
to reflect, proportionately, the outcomes from the actual selection context, 7 of the
“pass” résumés (35%) and 13 of the “fail” résumés (65%) were selected for inclusion
in this study. Given that résumé quality might be associated with résumé length, the
average word counts of the “pass” and “fail” résumés selected for the study were
compared using a z-test. Results of the #-test failed to show a statistically significant
difference in the average length of “pass” and “fail” résumés, #(18) = 1.37, ns (Mpuss =
301.71; Mgy = 255.62).

Study design. As previously noted, this study employed a repeated measures
design, with participants completing the résumé evaluation exercise under two
different conditions. In terms of the presentation of résumés and ordering of
conditions, each was randomized in the following ways. First, evaluation condition
was counterbalanced such that approximately half the participants (41.7%) completed
the structured résumé evaluation first and the global evaluation second, while the other
half (58.3%) of the participants completed both evaluation conditions in the reverse
order. The order in which participants completed each of the two conditions was
completely random. Second, a random number generator was used to randomly order
the presentation of the résumés within each résumé packet, such that no participant
evaluated the résumés in exactly the same order, either within or across conditions.

Moreover, to further counteract any potential order or memory effects, conditions
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were spaced approximately 4 to 6 weeks apart. The first administration was conducted

in person, allowing participants to ask the investigator any questions they may have
had about the process or what they were being asked to do. The second administration
was administered via US mail, with participants completing the second condition
independently and sending their completed résumé evaluation packets back to the
investigator using a pre-addressed, postage-paid envelope. In the event that
participants had questions as they completed the second portion of the study, they
were provided with the researcher’s contact information. Each of the résumé
evaluation conditions is outlined in detail, below.

Unstructured résumé evaluation. In this condition, considered to be the control
condition because in many respects it mirrored standard résumé evaluation practices,
graduate students in industrial/organizational psychology and advanced or recently-
graduated undergraduates with relevant research and/or coursework experience were
presented with the job description for the Business Account Representative position as
it appears on the organization’s website in order to familiarize them with the nature of
the job for which they would be evaluating the résumés. They were also provided with
descriptions of critical résumé elements as identified by the recruiter SMEs as a
separate handout in evaluating each résumé (the 9 dimensions discussed earlier), to
which they could refer at any time during the evaluation exercise. Student SMEs
reviewed each of the résumés and provided one overall rating for each applicant’s
résumé using a 3-point scale (1 = Does Not Meet Requirements; 2 = Meets

Requirements; 3 = Exceeds Requirements; see Appendix E). This “tiered” approach
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was commonly used in the organization from which the résumés in the present study

originated, based on the initial interviews with recruiter SMEs. Given potential issues
with individuals outside of the organization viewing sensitive applicant information,
potential candidate identifiers were removed from the résumés. This condition was
considered to be unstructured because, although the participants received descriptions
of each of the 9 résumé evaluation dimensions described previously, they were not
explicitly instructed to consider these dimensions in their rating process, nor did they
make ratings on each of the dimensions separately. In other words, the participants
were asked to consider each résumé in its entirety and make a single, global rating of
the candidate’s résumé quality in relation to the Business Account Representative
position.

Structured résumé evaluation. In similar fashion to the previous condition, the
same student SMEs were presented with the same job description, 20 candidate
résumés, and descriptions of the 9 recruiter-identified relevant aspects of the résumé to
evaluate. As in the previous condition, participants could refer to any of these
materials at any time during the evaluation process. The participants rated all résumés
on the relevant attributes as they appeared in the rating form for each résumé, using
the same 3-point rating scale as in the unstructured evaluation condition. (The wording
of each anchor on the rating scale differed slightly, given that the participants were
considering résumé dimensions as opposed to the entire résumé; see Appendix F.) In
addition to rating the résumés on the 9 critical dimensions, graduate student SMEs

were also asked to provide a tenth, overall rating of each résumé¢, which appeared at
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the end of each résumé evaluation sheet. (The evaluation sheets appeared on the page

immediately following each candidate résumé; see Appendix F for an example.) In
this condition, the ratings corresponded to the recruiter-identified résumé dimensions,
except for the overall rating, which referenced the candidate’s qualifications overall,
similar to the unstructured evaluation condition. Across the two résumé evaluation
conditions, the only aspect of the exercise which differed was the level of detail at
which the résumé evaluations were made.
Data Preparation

Missing values. A substantial proportion of rating dimensions in the structured
résumé rating condition contained missing values, making rating reliability analyses
problematic. To address this issue, the missing values were investigated to determine
whether they were systematically related to specific rating dimensions. Preliminary
investigations of the missing data by participant demonstrated that 58.3% of the
participants in the structured résumé evaluation condition had at least one missing
value. Thus, removal of participants with missing data was not feasible, as this would
result in retention of only 5 of the 12 matched participants. Moreover, the percentage
of missing values out of the total number of 180 dimension ratings (9 dimensions each
for 20 résumés; the overall rating did not contain any missing values across
participants and was thus excluded from the missing data analysis) did not exceed
10% for any participant. (The highest percentage for any participant was 9.4%.)

A closer inspection of the missing data at the résumé dimension level

suggested that there was a systematic association between certain résumé dimensions
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and a larger proportion of missing data. Specifically, for 35% (7) of the résumés, 25%

(3) of the participants failed to provide a rating on the Objective dimension (i.e., a
rating of the candidates’ stated résumé objective). A smaller proportion of participants
failed to provide a rating on the Volunteerism dimension (55%, or 11, of the résumés
had at least 1 missing value on this dimension).

Proposed solution. As indicated above, missing data were not so pervasive that
they warranted removal of résumés or participants. Nevertheless, it was enough of a
concern that the following steps were taken to address the issue. First, each
participant’s résumé dimension missing value was replaced with the mean for that
rating dimension (for that particular candidate’s résumé, as opposed to the mean rating
on that dimension across all résumés). The resulting value was used to replace any
missing values on that dimension for that candidate résumé. Thus, if Participant 6 had
a missing value for the Work Experience dimension on Résumé A, and the mean value
on that dimension was 1.76 across the participants who provided a rating of Work
Experience for Résumé A, the missing Work Experience data point for Participant 6
on Résumé A was replaced with this value. This mean replacement procedure was
used to replace all missing values for each dimension within a candidate résumé (i.e.,
grand means across résumés for each dimension or means across all dimensions for a
particular résumé were not used).
Analyses

Research Question 3 (What is the extent of the overlap between the results

from an unstructured vs. a structured résumé evaluation system?) was explored
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through an examination of the cross-condition rating correlations. Hypothesis 3a

(Evaluation of résumés using a structured scoring system will result in greater
interrater agreement compared to résumé evaluation using an unstructured scoring
system.) was explored through examining the correlations across the two conditions.
To examine Hypothesis 3 (Reliability of a structured résumé evaluation system
will be greater than the reliability of an unstructured résumé evaluation system.),
intraclass correlations (ICCs) using the consistency model were computed within each
résumé evaluation method. These were compared to determine which of the two
evaluation methods resulted in greater consistency of applicant evaluation across
different evaluators. Both the overall ICC estimate across all raters within condition as
well as the estimate for a single rater within condition were examined. Because of the
small sample of raters, the 95% confidence intervals for each estimate were compared

across the two résumé evaluation conditions.
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CHAPTER IX: STUDY 2 RESULTS

Study 2: Résumé Study

Means, standard deviations, intercorrelations, and intraclass correlations
(ICCs) are reported in Table 28 across all 20 résumé targets. These descriptive
statistics are also reported broken down by whether the résumé target was deemed to
have “passed” (Table 29) or “failed” (Table 30) the résumé screen in the actual
selection context in order to examine whether the relationships change as résumés go
from lower to higher quality. In general, dimension ratings in the structured résumé
evaluation condition exhibited strong interrelationships. Interestingly, the Format
dimension, which included things such having an organized chronology, proper
spelling, grammar, and punctuation, and consistency in terms of presentation style
(e.g., consistent use of italics, capitalization, etc.), demonstrated the most consistent
set of relationships in the matrix, being strongly associated with ratings of Skills (» =
.81, p <.01), Employment Status (» = .72, p <.01), Work Experience (» = .69, p <
.01), Education/Compensatory Experience (» = .84, p < .01), and Continuing
Education (r = .52, p <.10). Considering the aforementioned résumé components
would appear, intuitively, to be the most significant in rendering a decision on whether
to pursue a candidate further, the way in which this information is presented by a
candidate—and how conscientiously the information is reviewed by the candidate for
accurate spelling, punctuation, and other typographical errors—is nearly as important
as the information itself. The relationship of Format to overall ratings of résumé

quality held across rating conditions as well as within the résumé “pass” and “fail”
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sub-samples. Thus, even among the top candidates, formatting played a role in the

evaluation of résumé quality. Work Experience, as would be expected, demonstrated
significant, positive relationships with ratings of résumé Objective (» = .65, p <.05),
Skills (» = .81, p <.01), Education/Compensatory Experience (» = .74, p < .01), and
the previously-discussed Format dimension.

Turning to the relationships among dimensional and composite or overall
ratings in the structured résumé evaluation condition, the composite structured rating
(a data-driven, unit-weighted average of the 9 résumé dimensional ratings) exhibited
different relationships to the dimensional ratings compared to the overall (global)
rating within the structured condition. Specifically, for 4 of the 9 résumé dimensions
(Employment Status, Advancement, Continuing Education, and Volunteerism), the
relationship between these dimensions and the composite rating was significant,
whereas the same relationship to the overall résumé rating made in the structured
condition was not. A similar phenomenon was also found in the pass/fail breakdown
(See Tables 29 and 30), albeit along somewhat different dimensions. In the case of the
subset of “pass” résumés, the composite structured rating correlated significantly with
each of the 9 dimensional ratings, whereas the overall structured rating did not
correlate significantly with the Education/Compensatory Expérience, Continuing
Education, and Volunteerism dimensions. In the subset of “fail”” résumes, the
composite structured rating again demonstrated significant relationships across each of

the 9 dimensions, whereas the overall rating in the structured condition did not
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demonstrate a significant relationship to ratings of Employment Status, Advancement,

Continuing Education, or Volunteerism.

It is likewise noteworthy that the overall rating in the unstructured condition
demonstrated several significant relationships to the dimensional ratings in the
structured evaluation condition. The unstructured condition (global) rating was
significantly related to ratings of Skills (» =.78, p <.01), Work Experience (r = .76, p
<.01), and Format (» = .55, p < .10) from the structured résumé evaluation condition.
In addition, the unstructured condition rating correlated significantly with the
corresponding overall rating made in the structured condition (» = .67, p < .05), as well
as with the structured evaluation condition unit-weighted composite rating (at the .10
alpha level; » = .55). However, in neither case did th_e shared variance between any of
these pairs of ratings exceed 45% across the 20 résumé targets (44.9% between the
overall ratings in each condition; the shared variance between overall résumé ratings
across conditions increased slightly to 53.3% when considering the “fail” résumés
only). This suggests that other factors are at play which may be influencing the overall
ratings. One possibility may be rating errors. Thus, the results suggest that the
evaluation process differs between unstructured and structured résumé evaluation.
That is, the evaluation criteria and/or the way in which they are evaluated and
“weighted” (e.g., configural cue processing; Hitt & Barr, 1989) vary based on the way

in which the résumé evaluation task is presented to raters.
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Exploring Résumé Rating Reliability

To examine the level of reliability associated with the structured and
unstructured résumé evaluation conditions, and how reliability may vary based on
evaluation condition (Hypothesis 3), ICCs were calculated across conditions. The ICC
statistic may be calculated in various ways, depending on the question asked.
Although a detailed exposition on interrater reliability and ICCs in particular is
beyond the scope of this dissertation, some discussion of the various ICC models and
the rationale behind the model used in the present study is warranted.

According to a seminal article on the topic of interrater reliability, Shrout and
Fleiss (1979) discuss six different ICC models which vary along two dimensions. The
first involves raters and targets. The three models vary on whether the targets are rated
by different judges (Model 1) or all the targets are rated by the same set of judges
(Models 2 and 3), and whether the judges are a random sample of possible judges
(Model 2) or whether they are the only judges of interest (Model 3‘). The second
dimension involves whether the ICC reflects the reliability associated with the entire
set of (k) judges or a single or subset of judges. Thus, if a researcher is interested in
generalizing the reliability derived from a sample of judges who rated all the targets of
interest to the broader population of potential raters, he or she would employ the ICC
(2, k) model. These models were further expounded upon by McGraw and Wong
(1996), with particular focus on agreement and consistency models, and statistical

tests of obtained p estimates.
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To explore Hypothesis 3, whether résumés are evaluated more reliably using a

structured or unstructured rating system, the ICC (3, k) and ICC (3, 1) models were
used, employing the model terminology from Shrout and Fleiss (1979). The rationale
and questions to be answered with this ICC model were as follows. First, these models
treat raters as fixed effects, and in the present study, raters were considered “experts”
and thus the only population of interest. Second, consistency as opposed to absolute
agreement was of primary interest, given that in an actual selection context, it would
be of greater importance that recruiters were consistent in how they evaluated
candidates as opposed to whether they agreed in an absolute sense (i.e., provided the
exact same rating of each candidate résumé), and given that scores are not typically
assigned to résumés, it was less critical to demonstrate that résumés received the same
“score” across evaluators than it was to demonstrate that they were ranked in the same
relative order. Although the ICC statistic is reported for both the entire set of raters as
well as for a single rater, in some ways, the single rater estimate is of greater relevance
in the present case since it is a closer reflection of how résumé evaluation is performed
in an actual selection context. That is, résumés are typically reviewed by a small
number of evaluators, and in some instances, may be reviewed by only one individual
in an organization who makes the decision whether to pursue the candidate further.
Results of the ICC analyses are presented in Table 31. In general, the ICC (3,
12) estimates across experimental conditions across the entire set of raters were
essentially identical. However, there were slight differences in terms of the results of

the single measures (1 rater) estimates. Although not statistically significant (as
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evidenced by the overlap in the 95% confidence intervals), the ICC (3, 1) estimates

were much higher for the unit-weighted composite score in the structured condition
(.60) compared to the unstructured condition (.46). Moreover, this estimate for the
structured global rating (.39) was similar to that found for the global rating in the
unstructured condition. This finding suggests the possibility that adding structure to
the résumé evaluation process results in greater rating consistency and thus fewer
raters would be needed to reliably evaluate candidate résumés, but only if the
dimensional ratings are combined mechanically. That is, providing dimensional rating
prior to making an overall (“clinical”) assessment of résumé quality does not result in
the same increase in reliability. Although the present study lacked the power necessary
to test this difference statistically (beyond examination of the confidence intervals of
the obtained estimates), such a large difference suggests that adding structure may
significantly improve the quality (consistency) of résumé evaluation. Thus, Hypothesis
3, which explored whether interrater reliability across résumé evaluation would vary
as a function of the level of structure employed, although not supported statistically in

the present study, may warrant further exploration.
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CHAPTER X: STUDY 2 DISCUSSION

Study 2 was an exploratory investigation into the effects of adding structure to
the résumé evaluation process. The results of the study suggest that structuring the
résumé evaluation process may have benefits, but future research is needed to identify
specifically what those benefits are, how they relate to decisions and meaningful
outcomes (e.g., hiring decisions, job performance), and how those effects may be
maximized.

Résumés were evaluated by graduate students in I/O psychology under two
conditions, structured and unstructured, in a repeated measures experimental,
counterbalanced design. Although there was a strong relationship between overall
résumé ratings produced across‘the two conditions, there was also an indication that
the evaluative process differed across the two conditions. The cross-condition
correlations between the unstructured overall résumé rating and the dimensional
ratings from the structured résumé rating condition demonstrated significant
relationships with three of the nine dimensions: skills, work experience, and format,
and the variance shared between the overall ratings across conditions was less than
50%. Within the dimensional ratings in the structured evaluation condition, résumé
format, skills, and continuing education/compensatory experience demonstrated the
strongest relationships to the other dimensions.

Given that there was no true criterion against which to “validate” the resulting
résumé scores across each rating condition, there was no realistic way in which to test

whether the potentially differing evaluative processes involved across the two rating
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conditions are truly meaningful. If the results of the two conditions were not expected

to differ, then the correlation between the overall ratings should have approached 1.00.
Although the correlation was rather high, it did not in any way approach unity (» = .67
between the overall rating in the structured condition and the unstructured condition
overall rating). In fact, the findings indicate that the two approaches share only about
45% of their variance. This suggests that infusing the evaluation process with structure
(or lacking structure in the evaluation process) is associated with differing rating
outcomes.

Nonetheless, there was no way in which to test the significance of these
differences against an external criterion. So the question remains as to whether these
differences are meaningful in some way. The only proxy available to explore this in
the present study is to look at the interrater reliability results écross the two conditions.
Although there was insufficient power in the sample used to evaluate the reliability of
résumeé ratings, some notable trends were observed. Adding structure to the résumé
evaluation process may result in more reliable ratings, defined in the present study as
relative agreement among a group of raters. The intraclass correlation coefficients
obtained in the present study showed that, across the entire set of 12 raters, reliability
was nearly identical between the structured and unstructured résumé evaluation
conditions. However, when examining the reliability obtained from each condition for
a single rater, the structured résumé evaluation condition composite rating, may be
more reliable than an unstructured (i.e., global) résumé rating. A global rating made

after providing dimensional ratings did not have the same effect. Unfortunately, the
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present study, given the small sample of expert raters employed, was unable to

demonstrate this effect statistically. The results of the present study also lend possible
credence to the finding from previous research that suggests mechanical (statistical)
decision-making models outperform clinical judgments (cf. Gatewood et al., 2007).
The reliability of the overall (global) résumé evaluation rating in the structured
evaluation condition single measures ICC analysis was essentially identical to the
same overall résumé evaluation rating from the unstructured condition. In contrast, as
mentioned, the single measures ICC result from the unit-weighted composite overall
rating was considerably higher.

The results of the single measures ICC analysis across conditions in many
ways is of greater importance than the results of the ICC analysis for the entire sample
of raters. First, it 1s highly unlikely in an actual organizational context that 12
individuals would review a résumé at the initial stages of the selection process, if ever.
Typically, in the early stages of the selection process, a single recruiter may be
responsible for filtering candidates down to the select few who will be pursued further.
Thus, if a reasonable amount of reliability can be obtained in rendering decisions
across many more candidate résumés than raters in the present study were asked to
evaluate, this would be an encouraging finding. Because of the nature of this task, the
brevity with which résumés are typically reviewed, and the sheer volume of résumés
that recruiters sift through in order to derive preliminary selection decisions, obtaining
a reliability coefficient above .60 would be a significant improvement. The typical

reliability of a résumé review process, where recruiters make overall
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acceptable/unacceptable judgments, most likely reflects, at best, that which was found

in the unstructured evaluation condition (.46). Assuming this estimate is a
representative one, it suggests that single-evaluator résumé reviews are rife with
inconsistencies and error. It is extremely disconcerting to think that a pervasive
selection tool such as the résumé would demonstrate such abysmal reliability.
Moreover, in the present study, the “control” condition included several evaluation
tools such as a job description and descriptions of the résumé evaluation dimensions
that were rated in the structured condition which ostensibly would have oriented the
student SMEs in their evaluation process, and yet the estimated single measures I[CC
was .46. And, given the fact this was an experiment, it is reasonable to assume that the
student SMEs were much more thorough in their review of the résumés than recruiters
would be in an actual selection context, and even in this context the reliability of .46 in
the unstructured résumé evaluation condition was surprisingly low. Given the fact that
research in the area of assessment centers has demonstrated that psychologists
typically make better raters (Woehr & Arthur, 2003), the ICC estimates obtained may
be an upper bound estimate.

Prior research in the résumé evaluation and interviewing literature provide
some insights. Although it was not tested in the present study, it is possible that in the
absence of structure one of two things may be occurring. First, previous research has
suggested that raters may engage in what 1s known as configural cue processing (Hitt
& Barr, 1989). In general, this refers to the possibility that decision-makers, faced with

a multitude of variables on which to focus in order to arrive at a final decision, may
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combine these variables (cues) in non-linear ways. According to the authors (Hitt &

Barr, 1989, p. 53), “When dealing with complex tasks involving uncertainty,
complexity, or ill-structured problems, such as selection decisions, people try to
simplify the decision process by developing and relying on heuristics.” The addition of
several interaction effects in the Hitt and Barr study explained variance in managerial
decision-making beyond that explained by the main effects. Although that study did
not focus on résumé reviews, but rather videotaped interviews with candidates for
upper level management positions, the results lend support to the notion that implicit
interactional models among job relevant—and in the Hitt and Barr (1989) study, job-
irrelevant—variables predicted managerial decisions better than a simple linear
combination of the variables. Future research in the area of applicant résumés should
explore the potential effects of interactional models.

Another potential explanation is that, in the absence of a structured process for
decision-makers to follow, they rely on their own implicit decision-making models.
However, this is not to say that effective decisions or evaluations of candidates cannot
be obtained from multiple decision-making approaches. There is research in the
context of interviewing that suggests decision-makers may employ disparate strategies
in arriving at their final selection decisions (Graves & Karren, 1992). In other words,
out of the multitude of job-relevant information available, decision-makers may rely
on a small subset of variables in arriving at their final decisions. These implicit models
vary in terms of their effectiveness depending on the choice of information and

awareness of its relevance and understanding of the decision strategy, itself. In the
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study, effective interviewers were more likely to emphasize job relevant criteria in

their decision-making process compared to ineffective interviewers. Moreover,
effective interviewers also had greater awareness and understanding of their decision-
making strategies than did ineffective interviewers. It is plausible to assume that a
similar phenomenon could exist in the résumé review process, which would lend
further support to adding some form of structure to the review process to increase
consistency of decision-making models and the evaluation process. The fact that the
reliability of the overall ratings in the structured condition were no better than the
reliability in the unstructured condition, suggests that these ratings are more
influenced by decision-makers’ implicit evaluation models. If this were not the case,
then the dimensional ratings made in the structured condition should have influenced
the overall résumé rating. Alternatively, it may be the case that evaluators, short of
calculating an average score themselves, are not able to synthesize their dimensional
ratings to arrive at an overall (clinical) rating, at least not as consistently as that which
can be obtained by taking a mechanical combination (arithmetic average) approach.
One additional notable finding from this study concerns the effects of résumé
format on the evaluation of résumé quality. Ratings of résumé format, that is, the
quality of the résumé in terms of its structure, organization, and use of proper spelling,
grammar, and punctuation, was strongly associated with overall ratings of résumé
quality. This was the case across both “pass” and “fail” résumés as well as across
experimental conditions (i.e., ratings of format from the structured condition

correlated with overall ratings in the unstructured condition). This finding raises some
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interesting questions regarding what drives the overall assessment of a candidate’s

résumé. Although there was no way in which to test this in the present study, there are
two possible explanations for this result. First, it could be the case that the quality of a
candidate’s résumé in terms of its formatting correlates with an overarching factor of
mental ability or extensive work experience (i.e., highly successful employees may be
better able to construct their résumés to highlight their qualifications and experience).
Over the entire set of candidate résumés, format was significantly related to the
assessment of candidates’ skills, employment status, work experience,
education/compensatory experience, and continuing education, lending some support
to the idea that there is an underlying general mental ability or “career success” factor
that is driving the significance of résumé formatting. Alternatively, format could be
related to self-presentation processes, such as impression management. In other words,
candidates who are savvier in terms of their ability to present themselves in a positive
light may be more adept at constructing their résumés in such a way as to make them
appear more desirable. Either they are better at presenting their job experience or
alternatively they may be better “embellishers” and have a better understanding of
what employers are looking for when they review candidate résumés. Given that there
was no criterion against which to “validate” the résumé scores, this could not be
tested. Based on the résumé rating correlations, it appears that the former explanation
of the effects of format is more plausible, although it is also possible that both general

mental ability and impression management explain this phenomenon.
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One additional potential explanation for the effect of format on résumé ratings

comes from the perspective of the evaluator. It is possible that the positive association
between ratings of résumé format and overall résumé quality ratings is driven by a
form of the halo effect. That is, because the résumé is well-constructed, is devoid of
typographical and grammatical errors, evaluators may evaluate the résumé more
favorably, even if the candidate may not be competitive for the position based on his
or her job-related qualifications. Positive associations between format and overall
ratings of résumé quality, whether this was operationalized as a global rating
(unstructured condition) or a mathematical average of the dimensional ratings
(structuréd condition), were found for both “pass” and “fail” résumés. Future research
should attempt to gain a better understanding of whether format’s relationship to
résumé quality ratings constitutes a halo effect or some sort of “career success” factor.
Conclusions

In general, the résumé is an imperfect instrument for selection decisions in that
it is inherently unstandardized, subjective, and rife with self-presentation effects on the
part of candidates, and therefore it potentially requires several inferences to be made
by those who seek to make decisions based on the information contained within them.
This is not to say that it cannot be a useful tool, especially during the preliminary
stages of the selection process, where the primary objective is to narrow the field
down to a manageable number of competitive candidates (i.e., the compatibility test;
Beach, 1990). However, to the extent that the process can be standardized and

simplified, the outcomes that result should improve. Standardization of the selection
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interview has demonstrated these effects, being a more valid and legally defensible

selection tool as a result (Campion et al., 1997; Pulakos & Schmidt, 1995; Williamson
et al., 1997). Previous research by Fritzsche and Brannick (2002) also suggests that
recruiters are able to evaluate résumé profiles more reliably than they were able to
evaluate actual résumés. A similar profile methodology was also employed in the
Graves and Karren (1992) study. Such profiles distill the information from résumés
into a more user-friendly format, allowing recruiters to quickly and more reliably
identify and evaluate relevant candidate qualifications. Even more cursory
standardization techniques, such as résumé checklist evaluation forms (similar to the
T&E method) may likewise provide sufficient standardization to improve the
decision-making process. The present study used a rather high-level, broad-based
evaluation form which measured a relatively small set of dimensions and yet produced
substantial improvement in rating consistency. It too